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Preface 

Artificial Intelligence has rapidly transformed the world of marketing. What once 

seemed futuristic — machines predicting customer behaviour, generating content, 

and interacting with consumers — has now become a part of everyday business 

practice. For students and professionals alike, understanding AI in marketing is 

no longer optional; it is essential. 

This book was written with a special focus on the Indian context. While many 

books discuss AI in marketing from a global perspective, Indian readers need 

examples and discussions that connect with local businesses, consumers, and 

regulations. India’s growing digital economy, start-up culture, and evolving data 

protection laws make this an important and timely subject. 

The chapters in this book cover the foundations of AI and digital marketing, 

followed by applications in content creation, social media, search marketing, 

customer relationship management, advertising, chatbots, and e-commerce. 

Ethical issues, future trends, and practical case studies are also included to 

provide a balanced understanding of the field. 

The language of the book has been kept simple and conversational. Real-world 

examples from Indian brands such as Flipkart, Zomato, Tata Neu, Reliance Jio, 

and Boat, along with global companies like Amazon and Netflix, have been used 

to make concepts easy to understand. No technical background is required — only 

curiosity and a willingness to learn. 

This book is designed for MBA students, marketing professionals, entrepreneurs, 

and anyone interested in the growing relationship between AI and modern 

marketing. It is my hope that these pages will help readers understand and 

confidently engage with one of the most important changes shaping the future of 

business. 
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CHAPTER 1 

Introduction to Artificial Intelligence in Marketing 

Pick up your smartphone, open any shopping app, and look at it closely for a 

moment. The first thing that appears on the screen is rarely random. The pair of 

shoes shown at the top, the discount banner that catches your eye, the small "you 

might also like" section sitting beside a product page — every one of these choices 

has been made by a system that quietly studies what you click, what you buy, and 

even how long you pause on a particular image. There is no human sitting on the 

other side picking products for you. An invisible decision-maker is at work. That 

decision-maker is artificial intelligence. 

Marketing today is no longer about shouting the loudest in a crowded market. It 

is about whispering the right message to the right person at the right moment. 

Achieving that level of precision, across millions of customers, is something no 

marketing team could ever do by hand. This is where AI steps in. It listens, learns, 

predicts, and acts — often within milliseconds, often without anyone noticing. 

This opening chapter sets the stage for everything that follows in this book. We 

will begin by understanding what artificial intelligence actually means, and how 

it grew from a curious idea in a small university meeting to a force that now shapes 

global business. From there, we will look at how AI has woven itself into the daily 

work of marketers, changing the way brands understand customers, design 

campaigns, and measure success. Finally, we will take an honest look at both sides 

of the story — the genuine benefits AI brings, and the real challenges companies 

face when they try to put it to work. 

By the end of this chapter, you should have a clear picture of why AI is not a 

passing fashion in marketing, but a deep and lasting shift in the way brands 

connect with the people they serve. 

1.1 Meaning and Evolution of AI 

What Artificial Intelligence Really Means 

The phrase "artificial intelligence" is thrown around so casually today that it has 

almost lost its meaning. Some people imagine talking robots. Others picture self-

driving cars or futuristic cities full of glowing screens. The truth is far simpler, 

and far more useful. 
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At its core, artificial intelligence is the ability of a machine to perform tasks that 

would normally require human thinking. Recognising a face in a photograph, 

understanding a spoken sentence, predicting what a customer might buy next 

month, writing a paragraph that reads naturally — these are all examples of 

intelligence in action. When a machine performs such tasks without being told 

step by step what to do, we call it artificial intelligence. 

A useful way to think about AI is to compare it with traditional computer 

programs. A regular program follows a fixed set of rules. If you tell it to add two 

numbers, it adds them. If a new situation appears that the programmer did not 

anticipate, the program fails. AI works differently. It looks at large amounts of 

data, finds patterns on its own, and improves its decisions over time. The more it 

sees, the better it gets — much like a child learning to recognise different breeds 

of dogs after seeing many of them. 

John McCarthy, the American computer scientist who first used the term in 1956, 

defined AI as the science and engineering of making intelligent machines. That 

definition has held up well over almost seven decades. Everything we call AI 

today, from spam filters in your email to the systems that decide which 

advertisement you see on Instagram, fits comfortably within it. 

A Short Journey Through History 

To understand where AI stands today, it helps to look back at how it grew. The 

story is more than seventy years old, and it has not been a smooth ride. There have 

been bright moments of excitement and long stretches when people almost gave 

up on the idea. 

The seeds of AI were planted long before the term itself existed. In 1943, two 

researchers named Warren McCulloch and Walter Pitts proposed a mathematical 

model of how brain cells, or neurons, might work. Their paper became the 

foundation of what we now call neural networks. A few years later, in 1950, the 

British mathematician Alan Turing asked a deceptively simple question: can 

machines think? He proposed a test, now famously called the Turing Test, in 

which a machine would be considered intelligent if a human could not tell whether 

they were chatting with a person or a computer. 

Then came the moment many consider the official birth of the field. In the summer 

of 1956, a small group of scientists gathered at Dartmouth College in the United 

States. It was there that John McCarthy first used the words "artificial 



3 
 

intelligence" in a research proposal. The Dartmouth Conference, as it is now 

known, marked the beginning of AI as a formal area of study. 

The decade that followed Dartmouth was full of optimism. Researchers built 

programs that could solve simple mathematical problems, play checkers, and even 

hold short conversations. In 1966, a program called ELIZA was created at MIT. It 

could mimic a psychotherapist by rephrasing what the user typed. People who 

interacted with ELIZA often forgot they were chatting with a machine, even 

though the program had no real understanding of language. 

But the early excitement could not last. By the mid-1970s, computers were still 

slow, data was scarce, and the grand promises of thinking machines remained 

unfulfilled. Funding dried up across universities and laboratories. This period of 

disappointment came to be called the AI Winter. 

AI made a quiet comeback in the 1980s through a new approach called expert 

systems. These were programs designed to copy the decision-making of human 

specialists in narrow fields, like diagnosing certain diseases or detecting faults in 

industrial machinery. Big companies began investing again, and AI found 

practical use in industries for the first time. But once again, the limits of the 

technology became clear. Expert systems were rigid. They could not handle 

situations they had not been carefully taught. A second AI winter followed in the 

late 1980s and early 1990s. 

Something interesting happened during the second winter. While the headlines 

lost interest in AI, researchers were quietly making breakthroughs in machine 

learning — the idea that machines could learn from data instead of being explicitly 

programmed. The internet was also growing rapidly, producing oceans of data that 

would soon become AI's most valuable food. 

In 1997, the world watched as IBM's chess-playing computer, Deep Blue, 

defeated the reigning world champion Garry Kasparov. It was a turning point. 

Even those who had dismissed AI began to take it seriously again. By the early 

2000s, companies like Google were using machine learning to improve search 

results. Amazon used it to suggest products. Netflix used it to recommend films. 

Most users had no idea that AI was working behind the scenes. They simply 

noticed that the services felt smarter. 

The real explosion came in the 2010s with a technique called deep learning. 

Powered by faster computers, cheaper storage, and huge datasets, deep learning 
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allowed machines to do things that had seemed impossible only a few years earlier 

— recognising images with near-human accuracy, translating between languages, 

and even generating realistic speech. A moment that captured public attention 

came in 2016, when Google's AlphaGo defeated Lee Sedol, one of the world's top 

players in the ancient board game Go. The game has more possible moves than 

there are atoms in the universe, and many experts had believed no machine could 

master it for decades to come. 

The most recent chapter in this story began around late 2022, when a tool called 

ChatGPT was released to the public. Within months, hundreds of millions of 

people were using it to write essays, plan trips, debug code, and brainstorm ideas. 

Suddenly, AI was no longer hidden behind the scenes. It became a tool people 

could talk to directly. This was the rise of generative AI — systems that do not 

just analyse data but create new content: text, images, music, even short videos. 

For marketers, this opened doors that had been firmly shut. A small business could 

now produce professional advertising copy in seconds. A designer could generate 

dozens of campaign visuals before lunch. The pace of marketing work changed 

almost overnight. 

 

Figure 1.1: Evolution of Artificial Intelligence Across Seven Decades 
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Different Types of AI 

AI is not one single technology. It comes in many forms, and understanding the 

basic categories helps marketers know what they are working with. 

Narrow AI is the kind we use every day. It is built to do one specific task very 

well — recognising faces in photos, recommending products, or filtering spam 

from your inbox. Every AI tool used in marketing today, including the well-known 

chatbots and image generators, falls under this category. They are powerful within 

their assigned task and helpless outside it. 

General AI is the kind seen in science fiction films. It would think, learn, and 

reason across any subject the way a human can. It does not exist yet, and most 

experts believe it is still many years away, if it ever arrives at all. 

Super AI is the imagined future stage where machines would surpass human 

intelligence in every area. It remains a subject of philosophy and debate rather 

than reality, but it shapes much of the public conversation around what AI might 

one day become. 

The Building Blocks Behind AI 

To understand AI in marketing, it helps to know the main techniques that power 

it. Four building blocks come up again and again. 

Machine learning is the engine. It allows machines to learn patterns from data 

without being told what to look for. When Netflix figures out that you tend to 

watch crime thrillers on weekend nights, machine learning is at work. 

Deep learning is a more advanced form of machine learning that uses layered 

networks of artificial neurons. It is what makes voice assistants understand your 

speech and self-driving cars recognise traffic signs in real time. 

Natural language processing, often shortened to NLP, deals with human language. 

It is what allows a chatbot to read what you typed and respond in a way that makes 

sense. NLP also helps brands analyse thousands of customer reviews to find out 

what people really feel about their products. 

Computer vision teaches machines to understand images and videos. In 

marketing, it is used in everything from analysing how customers walk through a 

physical store to checking whether a brand's logo appears in social media posts 

shared by users around the world. 
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Together, these four technologies form the toolbox that modern marketers now 

have at their disposal. The remaining chapters of this book will keep returning to 

them, showing how each one is used in real marketing situations. 

1.2 Role of AI in Modern Marketing 

A New Way of Thinking About the Customer 

For most of marketing's history, brands had to make peace with a hard truth — 

they did not really know their customers. They knew them as broad groups. Young 

men, working women, urban families, college students, senior citizens. 

Campaigns were built around these large categories, and success was measured in 

averages. If most people in the target group responded well, the campaign was 

considered a hit. 

AI has changed this completely. For the first time in history, a marketer can know 

not just who the customer is, but what mood they are in, what they searched 

yesterday, what they almost bought last week, and what they are likely to want 

next. Marketing has moved from shouting at a crowd to speaking to one person at 

a time — and doing it for millions of people at the same time. That kind of scale 

was simply impossible before AI made it possible. 

Customer Understanding 

The first and perhaps deepest change AI has brought is in how brands understand 

their customers. Every click on a website, every product viewed, every video 

paused, every comment left on social media — all of it forms a digital trail. AI 

tools can study these trails, group customers by behaviour patterns, and even 

predict what each person is most likely to do next. 

Consider how Flipkart works. The Indian e-commerce platform tracks how its 

users browse and shop. It uses AI to figure out which customers are likely to buy 

during the next big sale, which are casual window-shoppers, and which need a 

small push, like a personalised coupon, to complete the purchase. The same kind 

of analysis would be impossible for a team of human analysts even if they worked 

round the clock. 

Personalisation at Scale 

Personalisation is now the heart of digital marketing, and AI is what makes it 

possible. Open the YouTube homepage and look at the videos that appear. Now 

ask a friend to open theirs. The two screens will look almost entirely different. 
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Both of you are using the same platform, but YouTube's AI has built a separate 

version of the homepage for each viewer. 

The same idea is used by Spotify, which creates a unique weekly playlist for every 

listener. By Myntra, which shows different fashion items to different users based 

on what they have liked or wished for in the past. By Zomato, which arranges 

restaurant suggestions according to what each customer tends to order at different 

times of the day. The point is no longer to show the same thing to everyone. The 

point is to show each person exactly what feels relevant to them, in the moment. 

Content Creation 

Until recently, creating marketing content was slow and expensive. Writing blog 

articles, designing posters, producing videos — all of it needed teams of 

professionals working over days or weeks. Generative AI has changed this. Tools 

like ChatGPT can draft articles in minutes. Tools like Midjourney and DALL-E 

can generate visuals from a simple text instruction. Tools like Synthesia can create 

video content with realistic avatars speaking in any major language. 

This does not mean human marketers are no longer needed. The best creative work 

still requires human judgment, taste, and a sense of emotion. But the routine parts 

of content creation — the first drafts, the variations, the background visuals, the 

social media captions — can now be handled by AI, freeing up humans for the 

strategic and creative work that matters most. 

Predictive Marketing 

Perhaps the most powerful use of AI in marketing is its ability to look forward, 

not just backward. Traditional analytics tells you what happened — how many 

people visited the site, how many bought a product, which campaign performed 

best. Predictive analytics, powered by AI, tells you what is likely to happen next. 

A clothing brand can use AI to forecast which styles will sell well in the coming 

season, even before any orders arrive. A telecom company can predict which 

customers are likely to switch to a competitor in the next three months and reach 

out to them with a better offer. A car dealership can identify which website visitors 

are most likely to make a purchase within thirty days, and prioritise sales calls to 

them. In each of these cases, the brand is no longer reacting to events. It is 

preparing for them. 
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Advertising and Targeting 

AI now sits at the centre of digital advertising. Platforms like Google Ads and 

Meta Ads use machine learning to decide which ads to show to which user, at what 

time, and for what price. This is called programmatic advertising, and it happens 

in milliseconds, billions of times a day, across the world. 

A small business in Panipat selling handloom products can now run an ad 

campaign that reaches exactly the kind of buyer it wants — perhaps a woman aged 

thirty to forty-five, living in a tier-one Indian city, who has recently shown interest 

in traditional textiles or home décor. Twenty years ago, such precision was 

unthinkable. Today, it is the default. 

Customer Service Through Chatbots 

Walk into any large e-commerce site or banking app, and the first interaction is 

often with a chatbot. These small windows in the corner of the screen are powered 

by AI. They answer common questions, track orders, raise complaints, and pass 

complex queries to human agents. The best ones can hold a conversation that feels 

almost natural. 

For brands, chatbots solve a real problem. Customers want answers immediately, 

even at two in the morning. Human agents cannot work around the clock, but AI 

can. The result is faster service and lower cost, with human agents kept free for 

the situations that genuinely need them. 

Pricing Decisions 

AI also helps brands decide how much to charge. This is called dynamic pricing, 

and it is widely used by airlines, ride-hailing apps, hotel booking sites, and 

increasingly by e-commerce companies. Uber's prices rise when demand goes up. 

Amazon adjusts product prices several times a day based on competition, demand, 

and customer behaviour. MakeMyTrip and similar travel sites change hotel and 

flight prices according to how many people are searching for that route and how 

soon they want to travel. 

Done well, dynamic pricing helps brands earn more during high-demand periods 

and stay competitive during slow ones. Done badly, it can frustrate customers and 

damage trust — which is why human supervision still matters, even when the 

price tags are being set by a machine. 
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Brand Listening on Social Media 

AI tools today can scan millions of social media posts, comments, and reviews in 

different languages, identify what is being said about a brand, and even sense 

whether the tone is positive, negative, or neutral. This practice is called sentiment 

analysis. 

When a new product launches, marketing teams no longer have to wait for surveys 

or focus groups. Within hours, they know what customers love about the product 

and what they dislike. If a particular complaint starts spreading, the team can 

respond quickly, sometimes before the issue grows into a public crisis. 

 

Figure 1.2: Major Application Areas of AI in Modern Marketing 

From Tools to Strategy 

A common mistake is to think of AI as just another set of tools. It is much more 

than that. AI is changing the way marketing strategy itself is built. 

In the old model, a marketing team would create a campaign, launch it, wait for 

results, and adjust during the next cycle. The whole loop took weeks or months. 

With AI, the cycle is continuous. Data flows in constantly, the system learns in 

real time, and small adjustments happen automatically — to which ads are shown, 
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which emails are sent, which products are featured on the homepage. The job of 

the marketer is changing from running individual campaigns to designing systems 

that run themselves. 

This shift is just as important for small businesses as it is for large ones. A boutique 

store, a tutor, a local café — all of them can now use AI-powered tools that were 

once available only to multinational corporations. The playing field has not 

become completely level, but it is far more level than it has ever been. 

1.3 Benefits and Challenges of AI Adoption 

By now, the picture should be clear. AI is not just helpful in marketing — it has 

become almost essential. But like any powerful technology, it brings both 

advantages and difficulties. A serious student of marketing must understand both 

sides honestly, without exaggerating either. 

The Genuine Benefits 

Modern marketing produces a flood of data. Every click, every search, every 

purchase, every social media interaction adds to it. Without AI, most of this data 

simply sits unused. Human teams cannot read millions of customer records in any 

reasonable amount of time. AI can. It can find patterns, group customers, spot 

trends, and pull out insights that would otherwise stay hidden in the noise. 

A clothing brand might learn, through AI analysis, that customers who buy a 

particular kind of kurta are also likely to buy specific accessories within two 

weeks. With that single insight, the brand can design follow-up offers that feel 

useful rather than pushy. 

People often say they hate being marketed to, but the truth is more subtle. They 

hate being marketed to badly. When the message is relevant, helpful, and well-

timed, it feels less like advertising and more like a thoughtful recommendation 

from a friend. AI makes such personalisation possible. The customer sees products 

they actually care about, content they actually want to read, offers they actually 

find tempting. This is good for both sides. The customer enjoys a better 

experience. The brand earns more trust and, eventually, more sales. 

There is also the matter of time and money. A task that once took a team of ten 

people a week can sometimes be done by an AI tool in an afternoon. Drafting 

routine email campaigns, sorting customer queries, designing simple visuals, 

generating campaign reports — these are no longer demanding jobs. AI handles 
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them in the background, leaving the human team free to focus on creative 

thinking, relationship building, and high-level strategy. For small and medium 

businesses, the savings are particularly meaningful. AI gives them access to 

capabilities that were once locked behind expensive agencies. 

Marketing has always had a tension between art and science. The art is in the 

storytelling, the design, the emotion. The science is in measurement, testing, and 

learning from results. AI strengthens the science without taking anything away 

from the art. Decisions about which campaign to run, which audience to target, 

which channel to invest in — these can now be guided by evidence, not just by 

experience or gut feeling. 

Customers do not keep office hours. They search, browse, and shop at all times of 

the day and night. AI lets brands stay present and helpful at every hour. Chatbots 

answer questions at three in the morning. Recommendation systems update 

playlists overnight. Email systems send messages at the time each customer is 

most likely to open them. The brand is, in effect, always at work, even when its 

human employees are asleep. 

Finally, there is the benefit of speed. In traditional marketing, a campaign was 

launched, ran for some weeks, and was reviewed at the end. Mistakes were caught 

only after the damage was done. With AI, every interaction becomes a small 

lesson for the system. A campaign that is not working can be adjusted within 

hours. A targeting choice that is performing well can be expanded immediately. 

The whole marketing operation moves faster and gets smarter over time. 

The Real Challenges 

For many companies, especially smaller ones, the initial cost of adopting AI is the 

first wall they hit. Good AI tools may carry significant subscription fees. Training 

the team takes time. Building the underlying data infrastructure — clean 

databases, integrated systems, secure storage — can demand investment that 

smaller brands cannot easily afford. It is true that many basic AI tools are now 

available cheaply or even free. But getting real, organisation-wide value from AI 

usually requires more than a single subscription. It requires planning, patience, 

and budget. 

AI is only as good as the data it learns from. A brand that has messy records, 

missing entries, inaccurate customer information, or scattered databases will 

struggle to get good results from any AI tool. The phrase often used in this field 
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is "garbage in, garbage out" — feed bad data into a smart system, and you will get 

bad answers, no matter how advanced the underlying technology. Cleaning up 

data, integrating different sources, and setting up reliable systems for collecting 

accurate information is unglamorous work. But it is the foundation on which all 

useful AI is built. 

Even when the right tools and the right data are in place, there is the question of 

people. AI in marketing demands a new kind of professional — someone who 

understands both marketing and the basics of data and AI. Such people are still in 

short supply. Many marketing teams find themselves either having to train their 

existing staff or hire new specialists, both of which take time and money. 

Privacy is another area where the picture is becoming more complex. AI works 

best when it has access to large amounts of personal data. But customers have 

become increasingly cautious about how their information is collected and used. 

Laws like the European GDPR and India's Digital Personal Data Protection Act 

of 2023 give customers more rights and place strict duties on businesses. A brand 

that collects too much, stores it carelessly, or uses it in ways that customers find 

unsettling can lose trust very quickly. The challenge for marketers is to use AI's 

power without crossing the line into surveillance. Personalisation should feel 

helpful, not invasive. 

Bias is a quieter but equally serious problem. AI systems learn from past data, and 

past data often carries the biases of the society that produced it. If an algorithm is 

trained on years of records where certain groups were favoured, it may continue 

to favour those groups, even when no one intended that outcome. In marketing, 

similar problems can appear. An advertising system might end up showing better 

job opportunities to one group of users than another, simply because of patterns 

in old data. The consequences can be unfair to customers and damaging to brands 

that get publicly called out for it. 

Another quiet danger is over-dependence. When a system seems to make 

decisions accurately most of the time, teams may stop questioning it. They follow 

the AI's suggestions without thinking deeply. This is risky. AI is good at finding 

patterns in what has happened before, but it can struggle with situations that are 

genuinely new — a sudden change in customer mood, a cultural moment, a crisis. 

Human judgment is still needed, especially at the strategic level. A wise marketer 

treats AI as a sharp assistant, not as the final decision-maker. 
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Not everyone in a company welcomes AI either. Some employees worry about 

losing their jobs. Others feel uncomfortable working with new tools. Senior 

managers may be sceptical of investing in something they do not fully understand. 

These human concerns are real, and a company that ignores them will struggle to 

roll out AI successfully, no matter how good the technology is. Good change 

management — open communication, training, clear roles, and reassurance that 

AI is meant to support human work rather than replace it — matters as much as 

the technology itself. 

Finally, there is the practical headache of integration. Most companies do not start 

with a clean slate. They already have years of existing systems — CRM software, 

accounting platforms, websites, mobile apps. Bringing a new AI tool into this mix 

is rarely a simple plug-and-play job. Data has to flow between systems. Old 

software has to talk to new software. Bugs appear. Workarounds are needed. The 

process can take months and test the patience of even the most enthusiastic team.  

Table 1.1: Benefits and Challenges of AI Adoption — A Comparative View 

Benefits of AI Adoption Challenges of AI Adoption 

Better and faster use of large volumes 

of customer data 

High initial setup and subscription 

cost 

Personalisation of offers and content 

at a massive scale 

Poor or scattered data quality leading 

to weak results 

Time and cost savings on routine 

marketing tasks 

Shortage of trained professionals who 

understand both marketing and AI 

Decisions guided by measurable 

evidence, not just intuition 

Privacy concerns and tighter legal 

regulations 

Round-the-clock customer 

engagement through chatbots and 

automation 

Hidden biases inherited from old data 
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Benefits of AI Adoption Challenges of AI Adoption 

Continuous learning and faster 

campaign improvement 

Over-reliance on machines and loss 

of human judgment 

Predictive insights into future 

customer behaviour 

Difficulty integrating AI tools with 

existing systems 

Striking the Right Balance 

The path forward for any business is neither to rush into AI nor to avoid it. It is to 

take a thoughtful approach. Start small. Pick one or two areas where AI can clearly 

add value — perhaps a chatbot for customer queries or a recommendation feature 

on the website. Measure the results honestly. Train the team. Build trust slowly. 

Address privacy concerns from the very beginning, not as an afterthought. 

The brands that succeed with AI are usually not the ones with the biggest budgets 

or the fanciest tools. They are the ones with the clearest thinking. They use AI 

where it makes sense, keep humans in the loop where judgment matters, and never 

forget that the whole point of marketing — even in the age of intelligent machines 

— is to serve people well. 

Chapter Summary 

• Artificial intelligence is the ability of a machine to perform tasks that 

normally require human thinking, such as recognising images, 

understanding language, and predicting future behaviour. 

• AI as a field began at the Dartmouth Conference of 1956 and has passed 

through periods of excitement and disappointment, including two AI 

winters, before reaching its current era of generative AI. 

• Four core technologies power most marketing AI today: machine learning, 

deep learning, natural language processing, and computer vision. 

• AI has transformed marketing from broad group-based campaigns to one-

to-one personalised conversations with millions of customers at the same 

time. 
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• Major marketing areas now shaped by AI include customer understanding, 

personalisation, content creation, predictive analytics, programmatic 

advertising, chatbots, dynamic pricing, and social media sentiment 

analysis. 

• The benefits of AI include better use of data, deeper personalisation, time 

and cost savings, evidence-based decisions, round-the-clock engagement, 

and continuous learning. 

• The challenges include high setup cost, poor data quality, a shortage of 

trained professionals, privacy concerns, hidden bias, over-reliance on 

machines, employee resistance, and integration problems. 

• A balanced and thoughtful approach — starting small, measuring honestly, 

and keeping humans in the loop — is the most reliable path to long-term 

success with AI in marketing. 

Review Questions 

1. Define artificial intelligence in your own words. How does it differ from 

a traditional computer program? 

2. Trace the evolution of AI from the 1950s to the present day. Highlight the 

key turning points that shaped the field. 

3. Explain the difference between narrow AI, general AI, and super AI with 

suitable examples. 

4. Discuss the role of AI in customer understanding and personalisation. 

Support your answer with at least two real-world examples. 

5. How does predictive marketing differ from traditional marketing 

analytics? Give an example from any Indian company. 

6. List and explain any five major benefits of adopting AI in marketing. 

7. What are the main challenges faced by businesses while adopting AI in 

marketing? How can these challenges be addressed? 

8. "AI will replace marketers in the near future." Critically examine this 

statement. 
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Looking Ahead 

Now that we have understood what AI means and how it has reshaped marketing 

as a whole, the next step is to look at the ground on which AI builds — digital 

marketing itself. Chapter 2 will take us through the core concepts of digital 

marketing, compare it with traditional methods, and examine how AI fits naturally 

into modern marketing processes. The chapters that follow will then go deeper 

into each area, one at a time. 
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CHAPTER 2 

Fundamentals of Digital Marketing 

Think about the last time you needed to buy something. Maybe it was a pair of 

headphones, a new mobile phone, or even something small like a face wash. 

Where did you begin your search? For most of us, the answer is the same — a 

Google search, a quick scroll through Instagram, a glance at Amazon or Flipkart, 

perhaps a YouTube review or two. We rarely walk into a store first and ask the 

salesperson for advice. The store visit, if it happens at all, comes much later. Many 

times it does not happen at all, because we end up buying directly from a screen. 

That simple shift in how we shop is the entire reason digital marketing exists. 

The customer's journey now begins, runs, and often ends on a screen. Brands that 

understood this early built whole empires online. Brands that ignored it spent 

years wondering why their old methods stopped working. 

In Chapter 1, we looked at AI in marketing from a wide angle. Before we go 

deeper into how AI fits into specific marketing activities, we need to understand 

the digital marketing landscape itself. After all, AI is most powerful when it is 

built on top of digital channels — websites, apps, emails, search engines, social 

platforms. Without the digital part, there would be no data for AI to feed on, and 

no real-time channels for AI to act through. 

This chapter has three goals. First, we will lay out the core building blocks of 

digital marketing — what it is, what its main channels are, and how they work 

together. Second, we will compare digital marketing with traditional marketing, 

looking honestly at where each has the upper hand. Third, we will explore how AI 

integrates into modern marketing processes, turning simple online activities into 

smart, self-improving systems. 

2.1 Core Concepts of Digital Marketing 

What Digital Marketing Really Means 

Digital marketing, in plain language, is any marketing activity that uses electronic 

devices and the internet to reach customers. A search ad on Google, a sponsored 

post on Instagram, an email newsletter, a video on YouTube, a WhatsApp message 

from a clothing store, a notification from a food delivery app — all of these are 

forms of digital marketing. The common thread is that the customer is reached 
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through a digital screen rather than a physical surface like a billboard or a 

newspaper page. 

But this definition, though correct, is too narrow if we stop there. Digital 

marketing is more than just moving advertisements online. It is a fundamentally 

different way of thinking about how brands and customers interact. Traditional 

marketing was largely one-way — the brand spoke, the customer listened. Digital 

marketing is two-way — the brand speaks, the customer responds, clicks, 

comments, shares, complains, recommends. The conversation never really stops. 

The Main Channels of Digital Marketing 

To make sense of this large field, it helps to break it down into its main channels. 

Each channel has its own logic, its own audience habits, and its own role in the 

larger picture. 

Search engine marketing covers both the paid ads that appear at the top of 

search results and the broader practice of getting a website to rank well in those 

results. A bakery in Hisar that comes up first when someone searches for "best 

birthday cake near me" is doing search engine marketing. So is the coaching 

institute that appears at the top when a student types "best CA classes online". 

When someone is searching, they are usually close to a decision, which makes 

this channel one of the most valuable for conversions. 

Social media marketing uses platforms like Instagram, Facebook, YouTube, 

LinkedIn, X, and increasingly Threads. Each platform attracts a different kind of 

user and rewards a different kind of content. A fashion brand may put most of its 

energy into Instagram Reels. A B2B software company may focus on LinkedIn 

posts. A snack brand might bank on short viral videos. Social media marketing is 

not just about posting. It is about being part of conversations and cultural 

moments. 

Content marketing is the practice of attracting customers through useful, 

interesting, or entertaining content rather than direct advertisements. A travel 

website that publishes detailed guides to lesser-known destinations is doing 

content marketing. A skincare brand that runs a blog explaining different 

ingredients and skin types is doing content marketing. The bet is simple — give 

value first, and customers will eventually trust the brand enough to buy from it. 

Email marketing, often dismissed as outdated, remains one of the most reliable 

digital channels. It is direct, personal, and largely under the brand's control. 

Newsletter subscriptions, abandoned cart reminders, festive offers, course updates 
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— all of these flow through email. Unlike social media, where algorithms decide 

who sees what, email delivers the message straight to the customer's inbox. 

Affiliate and influencer marketing involves paying others to promote the 

brand's products. Affiliates earn a commission on every sale generated through 

their unique link. Influencers, who have built audiences on social platforms, are 

paid to feature a product naturally within their content. A YouTube tech reviewer 

recommending a smartphone, or an Instagram fashion creator showing off a new 

clothing line, are both examples of this channel. The honesty and authenticity of 

such endorsements matter greatly, and audiences have become quick to spot when 

something feels forced. 

Mobile and app marketing has become its own field because so much of 

internet usage now happens on phones. Push notifications, in-app advertisements, 

SMS campaigns, WhatsApp Business messages — these touchpoints reach the 

customer directly in their pocket. Food delivery apps, ride-hailing services, and 

shopping apps live and die by how well they use these channels. 

Display and video advertising covers the banner ads on websites, the pre-roll 

ads before YouTube videos, and the small advertisements that appear while 

reading a news article. Display and video ads are often used for brand awareness 

— placing a name in front of the customer's eyes repeatedly until it becomes 

familiar. 

The 5 Ds of Digital Marketing 

A well-known framework helps us understand digital marketing more clearly. It 

calls out five elements, each beginning with the letter D. 

Digital devices are the screens through which customers connect with brands: 

smartphones, laptops, tablets, smart televisions, and increasingly smart speakers 

and wearable devices like smartwatches and fitness bands. 

Digital platforms are the services and websites where most digital interactions 

happen — Google, YouTube, Facebook, Instagram, Amazon, LinkedIn, and many 

others. Each platform has its own audience and its own rules of engagement. 

Digital media are the formats used to share marketing messages. They include 

paid media like ads, owned media like a brand's own website and app, and earned 

media like positive customer reviews and organic shares. 
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Digital data is the information collected from each interaction: clicks, time 

spent, products viewed, purchases made, customer queries asked. This data is the 

fuel that powers everything else. 

Digital technology refers to the tools and software used to run all of this — 

analytics platforms, customer relationship management systems, automation 

tools, content management systems, and increasingly, artificial intelligence. 

 

Figure 2.1: Major Channels and Components of Digital Marketing 

The Customer Journey in the Digital World 

One of the most useful ideas in digital marketing is the customer journey. It 

describes the path a person takes from first hearing about a brand to becoming a 

loyal supporter. This journey is usually broken into five stages. 

Awareness is the stage where the customer first becomes aware that the brand 

exists. This might happen through an advertisement, a social media post, a 

recommendation from a friend, or a search result. 

Consideration is the stage where the customer is interested but not yet ready 

to buy. They are comparing options, reading reviews, watching videos, and asking 

questions on forums. 

Decision is the moment of purchase. The customer chooses one brand over its 

competitors and completes the transaction. 



21 
 

Retention is the period after the first purchase. The brand's job here is to ensure 

the customer is happy and to encourage them to come back for more. 

Advocacy is the final stage, where satisfied customers recommend the brand 

to others, leaving positive reviews, telling friends, and sharing on social media. 

Each stage requires different marketing activities. Display ads and social 

media posts work well for awareness. Reviews, comparison articles, and detailed 

product pages help during consideration. Special offers and an easy checkout flow 

help at the decision stage. Personalised emails, loyalty programmes, and good 

customer service support retention. Engaging content and community-building 

activities encourage advocacy. 

Understanding this journey is essential because digital marketing is rarely 

about a single touchpoint. A customer who eventually buys a laptop may have first 

seen the brand in an Instagram ad, then read a review on YouTube, then searched 

for the product on Google, then visited the brand's website three times before 

finally buying it. Each of those touchpoints played a role. 

Key Metrics That Drive Digital Marketing 

Because everything in digital marketing can be measured, a whole vocabulary of 

metrics has grown up around it. A serious student of the field should be 

comfortable with the most important ones. 

Reach is the number of unique people who saw a piece of content. 

Impressions, by contrast, count every appearance, even when the same person sees 

it more than once. 

Click-through rate, or CTR, is the percentage of people who clicked on an ad 

or link out of those who saw it. A higher CTR usually means the ad is more 

relevant or attractive to the audience. 

Cost per click (CPC) is the average amount the advertiser pays for each click 

on the ad. Cost per mille (CPM) is the amount paid for every thousand 

impressions. Cost per acquisition (CPA) is the amount spent to gain one paying 

customer. 

Conversion rate is the percentage of visitors who complete a desired action — 

making a purchase, filling out a form, subscribing to a newsletter. Even a small 

improvement in conversion rate, from say two percent to three percent, can 

translate into a fifty percent rise in business. 
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Bounce rate measures how many visitors leave a website after viewing only 

one page. A high bounce rate often signals a mismatch between what the visitor 

expected and what the page delivered. 

Return on ad spend (ROAS) is the revenue earned for every rupee spent on 

advertising. A ROAS of four to one means four rupees of revenue for every rupee 

of ad budget. Customer acquisition cost (CAC) and customer lifetime value (CLV) 

are studied together — the second should always be higher than the first if the 

business is to remain healthy. 

Engagement rate, mostly used on social media, captures the share of an 

audience that actively interacts with content through likes, comments, shares, or 

saves. Engagement is often a better signal of true interest than mere views. 

Pull, Push, Inbound, and Outbound 

Two pairs of terms often come up in discussions of digital marketing strategy. 

Push marketing pushes a message out to the customer — advertisements, 

promotional emails, sponsored content. The brand is the active party. Pull 

marketing pulls customers in by creating content they actively look for — useful 

articles, helpful videos, popular podcasts. The customer is the active party. 

Inbound marketing, closely related to pull, focuses on attracting customers 

through valuable content and a strong online presence rather than chasing them 

with ads. Outbound marketing covers the more traditional advertising approach in 

its digital form — display ads, cold emails, banner placements, and the like. Most 

strong brands today use a careful blend of both. 

2.2 Traditional vs Digital Marketing 

A Long History Behind Us 

Before we examine the differences, it is worth remembering that traditional 

marketing built the world we live in. The reason most of us know names like 

Coca-Cola, Tata, Surf Excel, Maggi, or LIC is because of decades of careful 

traditional marketing — print advertisements, television commercials, radio 

jingles, billboards in city centres, and sponsorships of cricket matches. These 

methods were not wrong. They worked beautifully for their time. The world they 

were built for, however, has changed. 
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What Traditional Marketing Looks Like 

Traditional marketing refers to marketing carried out through non-digital 

channels. These include print media like newspapers and magazines, broadcast 

media like television and radio, outdoor advertising like billboards and bus stops, 

direct mail, telephone calls, and physical events like exhibitions and trade fairs. 

For most of the twentieth century, this was simply called marketing. The 

traditional label only came into use after digital methods began to dominate. The 

strength of traditional channels lay in their ability to reach large numbers of people 

at once and to build deep brand familiarity over time. A thirty-second TV 

commercial during the final of a major cricket tournament could reach hundreds 

of millions of viewers in a single evening — something digital still finds hard to 

match in a single moment. 

What Digital Marketing Brought That Was New 

Digital marketing did not just offer the same thing in a new form. It changed 

several fundamental things about how marketing could be done. 

Measurement became precise. With traditional advertising, brands often did 

not know exactly how well an ad worked. They knew sales went up after a 

campaign, but they could not say for certain how many of those sales came from 

the TV ad versus the newspaper ad versus word of mouth. Digital marketing 

changed this. Every click, every view, every conversion can be measured. A brand 

can know that a particular Instagram ad led to exactly fifty-seven sales in a week. 

Targeting became sharp. Traditional advertising is broadcast in nature. A TV 

ad goes out to everyone watching at that moment, whether or not they are likely 

customers. Digital marketing allows brands to choose their audience with great 

precision — by age, location, interest, behaviour, and even recent searches. A new 

electric scooter brand can show its ads only to people in cities where electric 

vehicles are popular, who follow eco-friendly accounts, and who have shown 

interest in two-wheelers recently. 

Two-way communication became possible. Television and newspapers do not 

respond. Social media does. Customers can comment on a brand's post, send direct 

messages, leave reviews, and share their experiences publicly. This conversation, 

when handled well, builds trust quickly. When handled badly, it can damage a 

brand within hours. 

Costs became flexible. A small business can run a digital ad campaign starting 

at a few hundred rupees. A traditional television campaign needs lakhs at the 
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minimum. This change opened up marketing to small and medium businesses in 

a way that was unthinkable a generation ago. 

Speed became remarkable. A traditional campaign can take weeks of planning, 

shooting, printing, and distribution. A digital campaign can be designed in the 

morning and running by evening, with results visible the next day. 

Where Traditional Marketing Still Holds Strong 

Despite all this, traditional marketing has not disappeared. There are situations 

where it still works better than digital. 

Brand prestige is one such area. A full-page advertisement in a major 

newspaper or a beautifully shot television commercial during a popular show still 

carries a certain weight that a digital banner cannot match. Premium watch brands, 

luxury cars, and certain financial services continue to invest heavily in traditional 

channels for exactly this reason. 

Reaching audiences without strong internet habits is another area. Older 

customers, customers in remote areas, customers with limited internet access — 

for these groups, television, radio, and newspapers remain the dominant ways to 

be reached. 

Local and event-based marketing is a third area where traditional remains 

powerful. A wedding planning service in a small town often gets more from a stall 

at a wedding fair than from any online campaign. A coaching institute in a 

residential colony gains more from posters near the local school than from 

Instagram ads. 

Trust and credibility from print is yet another factor. Studies still show that 

many readers consider information printed in a newspaper or magazine more 

credible than the same information shared in a social media post. 

The Sensible Approach: Integration 

The wise approach today is not to choose between traditional and digital 

marketing but to combine them. This is often called integrated marketing 

communication. A car launch may begin with a television commercial during a 

cricket match for mass awareness, then move to influencer videos on Instagram 

for detailed reviews, followed by search ads on Google for people actively 

comparing models, and finally personalised emails to those who took a test drive 

but did not buy. 
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Each channel does what it does best. Traditional channels build broad 

familiarity and brand stature. Digital channels handle precise targeting, 

measurement, conversion, and ongoing engagement. A campaign that uses both 

wisely usually performs far better than one that depends on either alone. 

Table 2.1: Traditional Marketing vs Digital Marketing — A Comparative View 

Basis of 

Comparison 

Traditional Marketing Digital Marketing 

Medium Television, radio, 

newspapers, magazines, 

billboards 

Websites, apps, social 

media, email, search 

engines 

Communication 

Style 

Mostly one-way; the brand 

speaks to the audience 

Two-way; brands and 

customers interact in real 

time 

Targeting Broad; based on rough 

audience profile 

Precise; based on 

behaviour, interest, and 

intent 

Measurement Limited and indirect; sales 

figures and surveys 

Direct and detailed; every 

click and view tracked 

Cost High entry cost; suited to 

larger budgets 

Flexible; campaigns 

possible at any budget 

level 

Speed of 

Execution 

Slow; planning, 

production, and 

scheduling take weeks 

Fast; a campaign can go 

live within hours 

Personalisation Difficult; the same 

message reaches everyone 

Possible at individual level 

using data and AI 
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Basis of 

Comparison 

Traditional Marketing Digital Marketing 

Best Suited For Mass awareness, brand 

prestige, less connected 

audiences 

Targeted reach, 

conversion, engagement, 

and retention 

 

Figure 2.2: Customer Journey Across Traditional and Digital Channels 

2.3 Integration of AI in Marketing Processes 

Why AI Belongs Inside the Process, Not Beside It 

A common mistake when companies first start using AI is to treat it as a separate 

activity. They buy a new tool, set it up in one corner of the office, and ask the 

marketing team to use it whenever they get the time. The results are usually 

disappointing. 

AI works best when it is built into the normal marketing process, not as a side 

experiment but as part of how the work gets done every day. A useful way to think 

about it is this: in a properly AI-integrated marketing operation, you cannot easily 

tell where human work ends and machine work begins. Both are constantly 

feeding into each other. 
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Stage One: Market Research and Audience Discovery 

The first job of any marketing effort is to understand the market and the people in 

it. Traditionally, this took months — surveys, focus groups, analysis of sales 

records, study of competitors. AI compresses this. Tools can scan thousands of 

social media posts, online reviews, and news articles to detect what people think 

about a category, what problems they face, and what trends are growing. 

A skincare brand can find out within days what the most-discussed concerns 

are among twenty-somethings in metropolitan India — perhaps acne caused by 

pollution, or sensitivity to fragranced products — and shape its messaging 

accordingly. What once required dozens of researchers can now be done by a small 

team using the right tools. 

Stage Two: Strategy and Planning 

Once the market is understood, decisions have to be made about which audience 

to focus on, which channels to use, and how much budget to put where. AI assists 

by analysing past campaign data to suggest which combinations have worked best. 

It can also model different budget allocations and predict the likely outcomes. The 

marketer still makes the final call, but the call is informed by evidence rather than 

guesswork. 

Stage Three: Content Creation 

Generative AI tools now produce a large share of routine marketing content. Copy 

for product descriptions, social media posts, headline variations, blog drafts, 

image variations for ads — all can be created quickly with AI. The human team's 

role shifts from producing every piece of content to curating, refining, and 

approving what the AI generates. The creative team becomes more like an editor 

and director than a labourer. 

Stage Four: Audience Targeting and Segmentation 

This is where AI is at its most powerful. By studying behaviour patterns, AI can 

group customers into very fine segments — sometimes called micro-segments — 

that go far beyond simple categories like age and gender. A grocery delivery app 

might discover, through AI analysis, a segment of customers who order groceries 

on Sunday evenings, prefer organic vegetables, and respond well to recipe-based 

content. That single segment, once identified and targeted accurately, can drive a 

measurable share of the company's revenue. 
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Stage Five: Campaign Delivery 

Once a campaign goes live, AI manages much of the moment-to-moment work. It 

decides which ad to show to which user, at what time, on which platform, at what 

bid price. It adjusts continuously based on what is working. A marketer who runs 

a Google Ads or Meta Ads campaign today spends much less time tweaking bids 

and audiences manually than a marketer did even five years ago, because the 

platform's AI handles most of that work in the background. 

Stage Six: Customer Engagement 

While campaigns are running, customers begin to respond. They visit the website, 

ask questions through chatbots, click on emails, abandon their shopping carts, and 

leave reviews. AI handles a large part of this engagement automatically. Chatbots 

answer common questions. Email systems send reminders to customers who left 

items in their cart. Recommendation engines show related products. All of this 

happens in real time, without anyone in the marketing team needing to act. 

Stage Seven: Measurement and Optimisation 

At the end — or rather, throughout — every campaign, performance has to be 

measured. AI tools generate dashboards that show what worked, what did not, and 

why. More importantly, they suggest what to change for the next cycle. Some 

platforms now perform this optimisation automatically, killing underperforming 

ads and shifting budget toward the better ones without waiting for human 

approval. 

 

Figure 2.3: AI Integration Across the Marketing Workflow 
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The Hybrid Marketer 

All of this raises an important question. What does the marketer's job look like in 

this new setup? 

The answer is not what some feared a few years ago. Marketers have not been 

replaced. But the marketer's role has clearly changed. The marketer of today is a 

hybrid professional — part strategist, part creative, part analyst, part technologist. 

The work has shifted from doing every task by hand to designing systems and 

supervising machines. 

A good marketer today understands the customer deeply, knows which AI 

tools to use for which job, can read data without getting lost in it, and still keeps 

a sharp creative instinct. The technology takes care of execution at speed and 

scale. The marketer takes care of judgment, taste, ethics, and vision. 

Common AI Tools Used in Marketing Today 

It is worth knowing some of the AI-powered tools that marketing teams have 

started to rely on. For content creation, ChatGPT, Claude, Jasper, and Copy.ai 

assist with copy, drafts, and ideation. For visuals, Canva's AI features, 

Midjourney, DALL-E, and Adobe Firefly help generate and adapt images at speed. 

For analytics, Google Analytics 4 now includes machine-learning-based 

predictive metrics, while platforms like Mixpanel and Amplitude offer their own 

intelligent dashboards. 

On the customer engagement side, HubSpot, Salesforce Einstein, and Zoho 

SalesIQ bring AI into customer relationship management. Specialised platforms 

like Drift and Intercom power conversational chatbots. For advertising, Meta 

Advantage and Google Performance Max use AI to optimise campaigns 

automatically with minimal manual input. Indian platforms like Haptik, Yellow.ai, 

and Freshworks are doing equally serious work, particularly in regional language 

support and voice-based interactions. 

New tools appear almost every month, and the list changes faster than any 

textbook can keep up with. What matters more than the specific tool is the 

underlying capability — content generation, prediction, personalisation, 

automation. A marketer who understands these capabilities can quickly learn 

whatever new tool comes along. 
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A Word of Caution 

Integration of AI into marketing processes is powerful, but it is not magic. A brand 

that integrates AI without first cleaning its data, training its people, and clarifying 

its goals will only automate its existing problems faster. The smartest companies 

introduce AI in stages — one process at a time, with clear measures of success, 

and with strong human oversight at every step. Over time, as confidence and 

capability grow, AI moves from being an experiment to being the spine of how 

marketing gets done. 

Chapter Summary 

• Digital marketing is any marketing activity carried out through electronic 

devices and the internet, but more deeply, it represents a shift from one-

way to two-way brand-customer communication. 

• The main channels of digital marketing include search engine marketing, 

social media, content, email, affiliate and influencer, mobile, and display 

and video. 

• The 5 Ds framework — digital devices, digital platforms, digital media, 

digital data, and digital technology — captures the building blocks of the 

digital marketing ecosystem. 

• The customer journey moves through five stages: awareness, 

consideration, decision, retention, and advocacy, and each stage calls for 

different marketing activities. 

• Traditional marketing remains valuable for brand prestige, mass 

awareness, less connected audiences, and local events. Digital marketing 

offers precise targeting, measurement, two-way communication, lower 

costs, and speed. 

• The most successful brands today use integrated marketing 

communication that combines traditional and digital channels rather than 

choosing one over the other. 

• AI integrates into the marketing workflow across all stages: research, 

strategy, content creation, targeting, campaign delivery, customer 

engagement, and measurement. 

• The role of the modern marketer has evolved into a hybrid one that 

combines strategy, creativity, analysis, and technology skills. 
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Review Questions 

1. Define digital marketing and explain how it differs in nature from simply 

moving traditional advertising to digital channels. 

2. Describe any five major channels of digital marketing with suitable 

examples from the Indian market. 

3. Explain the 5 Ds framework of digital marketing in detail. 

4. Walk through the five stages of the customer journey, explaining the 

marketing activities suited to each stage. 

5. Compare and contrast traditional and digital marketing, highlighting the 

strengths and limitations of each. 

6. What is integrated marketing communication, and why is it considered the 

most sensible approach today? 

7. Explain how AI integrates into the seven stages of the modern marketing 

workflow. 

8. "AI will not replace marketers, but it will reshape what marketers do." 

Discuss this statement with examples. 

Looking Ahead 

A great deal of what we have discussed in this chapter — measurement, targeting, 

personalisation, and AI integration — depends on something that flows quietly 

through the entire digital marketing ecosystem: data. Without good data, none of 

these activities would work as well as they do. Chapter 3 will examine the 

importance of marketing data, the analysis of customer behaviour, and the 

powerful field of predictive analytics that turns past data into a forward-looking 

advantage. 
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CHAPTER 3 

Data Analytics and Consumer Insights 

Imagine standing in a busy market in any Indian city — Connaught Place in Delhi, 

Linking Road in Mumbai, or Brigade Road in Bangalore. Thousands of people 

walk past every hour. Some glance at the shops. Some stop briefly. A few step 

inside. Even fewer buy something. Now imagine that you had to figure out which 

shops these people visited, what they touched, what they almost bought but did 

not, and what they finally took home — by simply standing on the footpath and 

watching. It would be hopeless. 

This was, in a sense, the world of marketing before the digital revolution. 

Brands had a vague idea of who their customers were, but everything in between 

— what people considered, what made them hesitate, what almost made them buy 

— was a mystery. 

Today's digital world has changed that completely. Every action a customer 

takes on a website, an app, or a social platform leaves a trace. Multiply that by 

millions of customers and billions of actions per day, and you have what we now 

call marketing data. Hidden within it are answers to questions that brands have 

wanted to answer for a century. Why do people buy what they buy? When do they 

buy it? What stops them from buying more? What kind of message moves them 

to act? 

To extract those answers, brands rely on data analytics — the practice of 

studying data to find patterns and insights. And the deepest of those insights, when 

they touch the heart of why customers behave the way they do, are called 

consumer insights. 

This chapter explores all three pieces of that story. We begin with the 

importance of marketing data — what kinds of data exist, where they come from, 

and why they matter. We then move to customer behaviour analysis, the field that 

turns raw data into a real understanding of how customers think and act. Finally, 

we look at predictive analytics — the most exciting branch of all, which uses past 

data to forecast what customers are likely to do next. 
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3.1 Importance of Marketing Data 

What Marketing Data Actually Is 

Marketing data is any information a brand collects about its customers, its market, 

and the performance of its own activities. It includes details as basic as a 

customer's name and email and as advanced as the exact sequence of taps and 

swipes they made on a mobile app before deciding not to buy. 

A useful way to think about marketing data is to split it into three categories. 

The first is customer data — information about the people who buy from the 

brand or might buy from it. This covers their identity (name, age, location), their 

preferences (favourite categories, sizes, colours), their behaviour (what they 

browse, click, save, share, and buy), and their relationship history with the brand 

(past purchases, complaints, and feedback). 

The second is market data — information about the wider environment in 

which the brand operates. This includes details about competitors, industry trends, 

economic conditions, and broader cultural shifts. 

The third is performance data — information about how the brand's own 

marketing activities are doing. Which campaigns brought in how many customers, 

which website pages converted well, which emails were opened, which ads were 

clicked. 

Each kind of data answers a different question. Customer data answers who 

and why. Market data answers what is happening around us. Performance data 

answers what is and is not working. 

Where the Data Comes From 

Modern brands draw data from many sources, and the lines between sources are 

often blurred. The main ones are worth listing. 

Website analytics tracks every interaction on a brand's website — pages 

visited, time spent, clicks, scrolls, and conversions. Tools like Google Analytics, 

Adobe Analytics, and Mixpanel are well-known names in this space. 

Mobile app analytics captures the same kind of information for app users, 

including details specific to apps such as the installation source, the flow between 

screens, and in-app actions like adding to cart or sharing a product. 
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Customer relationship management systems, often called CRMs, store details 

of customers a brand has had direct contact with — leads, prospects, paying 

customers, and lost customers. Salesforce, HubSpot, and Zoho are common 

platforms in this category. 

Social media analytics track engagement on platforms like Instagram, 

Facebook, LinkedIn, and YouTube — likes, shares, comments, follower growth, 

and the broader sentiment around the brand. 

Transactional data comes from point-of-sale systems, online checkout 

systems, and payment platforms. This is the most direct evidence of what 

customers actually buy and how often. 

Surveys and feedback forms collect what customers explicitly tell the brand. 

While less rich than behavioural data, this kind of direct input is valuable because 

it captures opinions and intentions that pure behavioural traces cannot reveal. 

Third-party data comes from external providers who sell information about 

markets, audiences, and behaviours. With privacy laws tightening, this source is 

becoming more regulated and harder to rely on. 

Public data sources include government statistics, industry reports, news 

archives, and similar materials that brands study to understand the wider context 

in which they operate. 

First-Party, Second-Party, and Third-Party Data 

A distinction worth knowing is how data is classified by its origin. 

First-party data is data a brand collects directly from its own customers. A 

clothing retailer's purchase history of its registered users is first-party data. This 

is the most reliable and the most valuable kind of data a brand can own. 

Second-party data is essentially another company's first-party data, shared 

through a direct agreement. A travel website, for example, might share its booking 

data with a hotel chain through a formal partnership. 

Third-party data is bought from external aggregators who collect and resell 

data from various sources. It is broader in coverage but less precise and 

increasingly restricted by privacy laws. In the years ahead, first-party data is 

expected to become even more important as third-party tracking becomes harder 

due to platform changes and stricter regulations. 
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Why Data Has Become So Important 

Several reasons stand out for why data sits at the heart of modern marketing. 

First, data turns guesses into decisions. Marketers used to make many choices 

based on instinct — which campaign to run, which audience to target, which 

products to push. With good data, those choices become evidence-backed. The 

instinct does not disappear, but it is now supported by facts. 

Second, data enables personalisation. Without data, every customer must be 

treated the same way. With data, each customer can be served exactly what they 

need. As we saw in Chapter 1, this kind of personalisation is one of the biggest 

shifts AI has brought to marketing. 

Third, data allows precise measurement. A campaign's success can be tracked 

exactly — how many people saw it, clicked on it, bought from it, and came back 

later. This precision lets brands stop spending on what does not work and double 

down on what does. 

Fourth, data creates competitive advantage. A brand that knows its customers 

better than its competitors do can serve them better, retain them longer, and grow 

faster. Some of the most valuable companies in the world today — Google, Meta, 

Amazon, Flipkart — are essentially data businesses dressed up in different forms. 

Fifth, data supports innovation. Patterns in customer behaviour often point to 

unmet needs and new opportunities. Many product features and even entirely new 

products have been born from someone studying what users were trying to do and 

where they were getting stuck. 

The Quality Question 

Having lots of data is not the same as having useful data. Data quality matters 

enormously. Good marketing data is accurate (free of errors), complete (no big 

gaps), timely (recent enough to be relevant), consistent (the same fact is recorded 

the same way everywhere), and relevant (related to questions the brand actually 

wants to answer). 

Many brands suffer from poor data quality without realising it. Customer 

records are duplicated across systems. Names are spelled differently in different 

places. Important fields are blank. Old information is mixed with new. The result 

is that when analysis is finally done, the answers are unreliable. The first job of 

any serious data-driven marketing programme is often, simply, to clean the data 

up. 
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Big Data and the Five V's 

Modern marketing data has grown so large and so varied that it is now often called 

big data. A widely used framework describes its character through five V's. 

Volume refers to the sheer quantity of data. A single large e-commerce 

platform may generate billions of events every day — page views, clicks, 

searches, scrolls, purchases. Storing and processing this volume needs special 

infrastructure. 

Velocity refers to the speed at which data arrives. Data does not come in once 

a month or once a week. It pours in continuously, second by second. Marketing 

systems must be able to receive, store, and respond to data at this pace. 

Variety refers to the different kinds of data being collected. Text from 

customer reviews. Images from product photos. Audio from voice search queries. 

Video from advertisements. Structured records from purchases. Unstructured 

social media posts. Each kind of data requires different handling. 

Veracity refers to the trustworthiness of the data. Some data is reliable. Some 

is incomplete. Some is misleading. Sorting good data from bad is one of the 

constant challenges of data-driven marketing. 

Value, the fifth V, is what ties it all together. Data has no point unless it can 

be turned into something useful. The best data programmes start from a question 

worth answering — improving customer retention, raising conversion rates, 

lowering acquisition cost — and work backwards to the data they need. 

Tools Marketers Use to Work With Data 

A short list of commonly used tools helps make this real. Google Analytics 4 is 

the most widely used website and app analytics platform, particularly for small 

and medium businesses. Adobe Analytics is its larger and more powerful cousin, 

often used by enterprise clients. Mixpanel and Amplitude focus on product and 

behavioural analytics, especially within mobile apps. 

For storing and processing large data sets, marketing teams now work with 

platforms like Google BigQuery, Amazon Redshift, and Snowflake. For 

visualisation and dashboards, Tableau, Power BI, and Looker are the most 

common choices. For more advanced analytics, programming languages like 

Python and R, along with libraries built for data work, allow analysts to go beyond 

standard reports and build custom models. Spreadsheets, often dismissed as basic, 
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remain a surprisingly important tool — even the largest organisations use Excel 

and Google Sheets for quick analysis and prototyping. 

 

Figure 3.1: Sources and Types of Marketing Data 

The Ethics Layer 

No discussion of marketing data can end without acknowledging the ethical side. 

Customers are increasingly aware that brands collect a great deal of information 

about them. Some of this collection is openly disclosed. Some of it happens 

quietly in the background. Laws like India's Digital Personal Data Protection Act 

of 2023, the European Union's GDPR, and similar rules in many other countries 

now require brands to take consent seriously, store data safely, and use it only for 

stated purposes. 

A brand that takes a careless approach to data is taking a serious legal and 

reputational risk. A brand that takes a careful, transparent approach is building the 

kind of trust that turns customers into long-term supporters. Strong marketing 

analytics and strong data ethics are not opposites. They are partners. 

3.2 Customer Behaviour Analysis 

What Customer Behaviour Analysis Is 

Customer behaviour analysis is the study of how customers act — what they buy, 

why they buy it, when they buy it, how they decide, and what they do after the 

purchase. It tries to answer a question that has fascinated marketers for a century: 

what really drives customer choices? 
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The classical view of consumer behaviour drew heavily from psychology and 

economics. It focused on attitudes, motivations, perceptions, and the rational 

weighing of options. That view has not disappeared. But digital marketing has 

added something powerful to it — actual behaviour data on a massive scale. 

Where earlier marketers had to ask customers what they thought, today's 

marketers can also see what they actually do. 

The Layers of Behaviour 

Customer behaviour can be studied at several layers, each more revealing than the 

last. 

The surface layer is the action itself. The customer added the product to the 

cart. The customer abandoned the cart. The customer searched for a competing 

product. The customer made the purchase. These are facts that can be counted and 

tracked. 

Below that is the pattern layer. Does the customer always abandon carts late 

at night? Do they buy more during salary week? Do they switch between similar 

brands often, or stick to favourites? Do they respond to discounts, or to new 

arrivals? Patterns reveal habits. 

Deeper still is the motivation layer. Why does the customer do what they do? 

Is the late-night browsing about price-checking, or about leisure? Is the brand-

switching about price, or about novelty? Motivation cannot always be measured 

directly, but it can often be inferred by combining behavioural data with surveys, 

reviews, and qualitative research. 

The deepest layer is the influence layer. What outside factors are shaping these 

motivations? Cultural shifts, family circumstances, peer behaviour, social media 

trends, economic mood. The deeper the analysis goes, the closer it gets to the real 

story behind a purchase. 

Common Methods Used 

Several methods help marketers analyse customer behaviour. 

Descriptive analysis simply describes what happened — how many customers 

bought, what they bought, when, and where. This is the most basic level and forms 

the starting point for everything else. 
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Diagnostic analysis goes one step further to ask why something happened. If 

sales dropped last month, was it because of a price increase, a competitor's 

campaign, a stockout, or something else? 

Cohort analysis groups customers by a shared characteristic — for example, 

all customers who first bought in January 2025 — and tracks their behaviour over 

time. This helps identify whether new customers are behaving better or worse than 

older ones. 

Funnel analysis tracks customers through the steps of a journey, identifying 

where they drop off. If only twenty percent of people who add a product to the 

cart actually complete the purchase, where exactly are the other eighty percent 

leaving, and why? 

RFM analysis — short for Recency, Frequency, and Monetary value — scores 

each customer on three dimensions: how recently they bought, how often they 

buy, and how much they spend. It is a simple but powerful way to identify the 

most valuable customers and the ones at risk of slipping away. 

Sentiment analysis, mentioned in Chapter 1, studies the emotional tone of 

what customers say about the brand. This adds an emotional dimension to the 

otherwise rational picture that behavioural data provides. 

Customer journey mapping puts everything together by visualising the entire 

experience a customer has with the brand, across all channels and touchpoints. 

Segmentation: Cutting the Customer Base Into Useful Groups 

A major outcome of customer behaviour analysis is segmentation — grouping 

customers into segments that share similar characteristics or behaviours. 

Traditional segmentation used to be based on simple criteria. Demographic 

segmentation looked at age, gender, income, and education. Geographic 

segmentation looked at location. Psychographic segmentation considered 

lifestyle, values, and interests. 

Modern behavioural segmentation goes much deeper. It groups customers 

based on what they actually do — purchase frequency, average order value, brand 

loyalty, response to promotions, channel preferences, and content engagement 

patterns. A streaming platform might identify segments like "regular weekend 

bingers", "occasional documentary viewers", and "kids' content households". A 

food delivery app might find segments like "office lunch orderers", "weekend 

dinner planners", and "late-night snackers". 
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The advantage of behavioural segments over traditional ones is that they 

correspond to how customers really differ in their relationship with the brand, not 

just how they differ in their basic profile. 

Examples From the Indian Market 

A few examples from the Indian market make this concrete. 

Swiggy and Zomato analyse what each customer typically orders, at what 

times, and on which days. They use this to build segments and to personalise the 

homepage of the app. A user who often orders from biryani restaurants will see 

biryani options higher up. A user who orders dosa for breakfast on weekends will 

receive timely reminders. 

Tata Cliq, AJIO, and other fashion retailers study browsing and purchase 

behaviour to understand each customer's style preferences. They then curate the 

catalogue accordingly — minimalist styles for some users, vibrant traditional 

designs for others. 

Cred, the credit card payment app, analyses payment behaviour to identify 

which users are at risk of missing payments and which are reliable spenders. The 

differences shape how the app communicates with each group. 

PolicyBazaar studies customer queries and form-fills to understand which 

kinds of insurance products different segments are likely to buy and at what stage 

of life. 

In each case, customer behaviour analysis is the engine. Without it, the 

personalisation that we now take for granted would simply not be possible. 

 

Figure 3.2: Customer Behaviour Analysis Framework 
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The Human Side of Behaviour Analysis 

A word of caution before we move on. Customer behaviour analysis can become 

so technical that it loses sight of the human at the centre. Numbers are useful, but 

customers are not numbers. They are people with moods, circumstances, and 

contradictions. The most thoughtful marketers combine quantitative analysis with 

qualitative insight — actually talking to customers, reading their feedback 

carefully, and observing them when possible. 

A customer who abandons a cart might be doing so because the price is too 

high, or because their bank's payment gateway is slow, or because they were 

interrupted by a phone call, or because they were just window-shopping. The data 

shows the abandonment. Only deeper inquiry can reveal which of these 

possibilities is true. Good behaviour analysis respects both the numbers and the 

story behind them. 

3.3 Predictive Analytics in Marketing 

Looking Forward Instead of Looking Back 

Most analytics, at its core, looks at the past. It tells you what customers have done. 

Predictive analytics flips that around. It uses past data to make educated guesses 

about what customers will do next. 

This may sound modest, but its impact is enormous. A brand that can predict 

which customers are likely to buy in the next thirty days can focus its sales effort 

on them. A brand that can predict which customers are likely to stop using its 

service can intervene before they leave. A brand that can predict which products 

will sell well in the coming season can stock accordingly and avoid both stockouts 

and excess inventory. 

How Predictive Analytics Works 

At a high level, predictive analytics uses statistical models and machine learning 

algorithms to find patterns in historical data and then apply those patterns to 

current data to make forecasts. 

The process usually involves a few steps. First, the marketer or analyst defines 

the prediction they want to make — for example, which customers are most likely 

to make a purchase in the next two weeks. Second, they gather historical data that 

includes both the customer features they want to use and the outcome they want 
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to predict. Third, they train a model on this data so that it learns the relationship 

between features and outcomes. Fourth, they apply the trained model to current 

customers to generate predictions. Finally, they monitor the model's accuracy over 

time and update it as needed. 

Common Uses in Marketing 

Customer lifetime value prediction estimates how much profit a customer is likely 

to bring to the brand over the entire course of their relationship. Customers with 

high predicted lifetime value get extra attention — special offers, priority support, 

and loyalty rewards. Customers with low predicted lifetime value are served 

efficiently but without disproportionate investment. 

Churn prediction identifies customers who are likely to stop using the brand's 

product or service in the near future. A telecom operator might predict that certain 

users will switch to a competitor in the next three months. A subscription service 

like Netflix might predict which users will cancel. Once such customers are 

identified, the brand can take steps to retain them through better offers, personal 

outreach, or improvements in service. 

Next-purchase prediction forecasts what a customer is likely to buy next. An 

online grocery store might predict that a particular customer will need to refill 

their detergent in about two weeks and send a timely reminder. A clothing retailer 

might predict that a customer who bought a kurta will be in the market for 

matching accessories soon. 

Demand forecasting predicts how much of a product will be sold in a given 

period, often broken down by region, channel, or customer segment. This helps 

with inventory planning, pricing decisions, and supply chain management. 

Lead scoring is widely used in business-to-business marketing. Predictive 

analytics scores each potential customer based on how likely they are to convert 

into a paying client. Sales teams then focus on the highest-scoring leads first, 

instead of spreading their effort thinly across everyone. 

Campaign response prediction estimates which customers are most likely to 

respond to a marketing campaign before it is sent. This allows the brand to target 

only those customers, saving money and reducing irritation to others. 

Price sensitivity prediction estimates how each customer responds to price 

changes. Some customers are highly sensitive — a small discount sways them. 

Others are insensitive — they buy at full price without much complaint. 
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Personalised pricing strategies, where ethically and legally acceptable, can be 

designed accordingly. 

Examples From Indian Companies 

Indian companies have been applying predictive analytics in interesting ways. 

HDFC Bank and other major banks use predictive models to identify 

customers likely to default on loans, to detect potentially fraudulent transactions, 

and to recommend financial products that fit each customer's life stage. 

Reliance Jio uses predictive analytics to estimate which customers are likely 

to upgrade their plans, which are at risk of switching to a competitor, and which 

areas need extra network investment based on usage trends. 

Ola and Uber predict where and when demand for rides will spike, allowing 

them to adjust pricing and inform drivers in advance. Their fleet positioning is 

largely guided by these predictions. 

BigBasket and other online grocery platforms predict household-level 

consumption patterns to suggest reorder dates and to bundle products into ready-

to-go shopping lists. 

Bajaj Finserv and similar lenders use predictive scoring to decide instantly 

whether to approve a small consumer loan, what interest rate to offer, and what 

credit limit to set. 

In all these examples, the common theme is the use of past data to make 

decisions about an unknown future — quickly, at scale, and with reasonable 

accuracy. 

 

Figure 3.3: Common Applications of Predictive Analytics in Marketing 
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Limits to Keep in Mind 

Predictive analytics is powerful, but it is not infallible. A few cautions are worth 

remembering. 

Predictions are probabilities, not certainties. A model that says a customer has 

a seventy percent chance of buying does not mean they will buy. It only means 

that out of similar customers in similar conditions in the past, seventy percent 

bought. The individual still has free will and life circumstances that no model fully 

captures. 

Models go stale. A predictive model trained on data from two years ago may 

no longer be accurate today. Customer behaviour changes. Markets change. 

Pandemics, recessions, viral trends — all can shift the patterns the model was built 

on. Regular re-training and monitoring are essential. 

The phrase "garbage in, garbage out" applies here too. A predictive model 

built on poor data will produce poor predictions, even if the math behind it is 

sophisticated. The data foundation matters more than the algorithm. 

Predictions can become self-fulfilling, or self-defeating, in ways that affect 

fairness. If a model predicts that certain customers will not respond to premium 

offers, those offers will stop being sent to them, and the prediction will appear 

correct simply because no one tested the alternative. Thoughtful marketers 

occasionally challenge their models with deliberate experiments to avoid this trap. 

From Description to Prescription 

Most discussions of analytics divide it into four levels. 

Descriptive analytics asks what happened. Diagnostic analytics asks why it 

happened. Predictive analytics asks what is likely to happen. Prescriptive analytics 

asks what we should do about it. 

This chapter has dwelt mostly on the first three. The fourth — prescriptive 

analytics — is where AI moves from being a guide to being a decision-maker. It 

does not just predict that a customer is likely to churn. It recommends, or even 

directly takes, the action most likely to keep that customer. Many of the AI 

applications in the chapters that follow operate at this level. 
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Table 3.1: The Four Levels of Analytics in Marketing 

Level Question 

Answered 

Marketing 

Example 

Difficulty 

Descriptive What happened? Last month, 

12,000 customers 

visited the site and 

480 made a 

purchase 

Low 

Diagnostic Why did it 

happen? 

Conversions 

dropped because 

the checkout page 

took too long to 

load 

Medium 

Predictive What is likely to 

happen? 

These 2,300 

customers have a 

high chance of 

buying again 

within 30 days 

High 

Prescriptive What should we 

do? 

Send a 

personalised 10 

percent off coupon 

to these 2,300 

customers 

Very High 

Building a Data-Driven Marketing Culture 

Tools and techniques are only half the picture. The other half is culture. A brand 

can spend lakhs on analytics platforms and still fail to gain real insight if its people 

do not work in a data-aware way. 

A genuine data-driven culture has a few visible signs. Decisions are routinely 

supported by evidence rather than seniority or volume of opinion. Teams know 

which numbers matter and review them regularly. When numbers disagree with 

someone's intuition, the disagreement is treated as interesting, not as something 
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to be argued away. Failures are studied honestly to learn what went wrong, instead 

of being hidden or blamed on outside factors. 

Building such a culture takes time. It requires leaders who ask data-led 

questions in every meeting. It requires training so that team members at every 

level can read a basic dashboard. It requires making data easy to access and easy 

to understand, not locked away in technical reports that only specialists can read. 

And it requires patience, because the rewards of a data-driven approach show up 

slowly but compound powerfully over the years. 

Chapter Summary 

• Marketing data comes in three broad categories — customer data, market 

data, and performance data — and flows in from sources such as websites, 

apps, CRMs, social platforms, transactions, surveys, and third-party 

providers. 

• Data is also classified by origin into first-party (collected directly), 

second-party (shared by partners), and third-party (bought from external 

aggregators). First-party data is becoming the most valuable as privacy 

rules tighten. 

• The five qualities of useful data are accuracy, completeness, timeliness, 

consistency, and relevance. Quantity without quality leads to unreliable 

insights. 

• Customer behaviour analysis works across four layers: surface actions, 

patterns, motivations, and outside influences. Together they reveal not just 

what customers do but why. 

• Common methods include descriptive, diagnostic, cohort, funnel, RFM, 

and sentiment analysis, along with customer journey mapping. 

• Modern behavioural segmentation cuts the customer base into fine groups 

based on actual behaviour, going far beyond simple demographic 

categories. 

• Predictive analytics uses past data and machine learning to forecast future 

behaviour — lifetime value, churn risk, next purchase, demand, lead 

quality, and price sensitivity. 

• Predictive models work in probabilities, must be retrained regularly, and 

should be challenged with experiments to stay accurate and fair. 
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• Analytics progresses through four stages — descriptive, diagnostic, 

predictive, and prescriptive — with each stage demanding more 

sophistication and offering more value. 

Review Questions 

1. Explain the three broad categories of marketing data with examples of 

each. 

2. Distinguish between first-party, second-party, and third-party data. Why 

is first-party data becoming more important today? 

3. What are the five qualities that make marketing data useful? Explain each 

briefly. 

4. Describe any four methods commonly used in customer behaviour 

analysis. 

5. How does behavioural segmentation differ from traditional demographic 

segmentation? Support your answer with examples. 

6. Explain the term predictive analytics and list any four ways it is used in 

modern marketing. 

7. Discuss the main limitations of predictive analytics. How can marketers 

reduce the impact of these limitations? 

8. Differentiate between descriptive, diagnostic, predictive, and prescriptive 

analytics with one marketing example for each. 

9. Why is data ethics important in the context of marketing analytics? Refer 

to relevant Indian and global regulations in your answer. 

Looking Ahead 

With a clear understanding of marketing data and the analytics that turn it into 

insight, we are now ready to look at the engine that has powered most of these 

advances — machine learning. Chapter 4 will explain the basics of machine 

learning in a marketer-friendly way, and then move into two of its most widely 

used applications: recommendation systems and customer segmentation 

techniques. 
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CHAPTER 4 

Machine Learning in Marketing 

A pizza delivery app on your phone learns over time. The first few times you 

order, it shows you the standard menu — popular pizzas at the top, generic 

recommendations, the same kind of options that every new user sees. But after a 

month of orders, something quietly shifts. The app seems to know that you prefer 

thin crust over thick. It remembers that you usually order on Friday evenings. It 

knows that you always add extra cheese. It even starts suggesting a salad on those 

days when you have been ordering pizza too often. 

None of this was programmed by a human in the traditional sense. There is no 

rule somewhere that says "if user is X, show option Y." Instead, the app has been 

learning from your behaviour, from the behaviour of millions of other users, and 

adjusting itself accordingly. This kind of silent, ongoing learning is what we mean 

when we talk about machine learning. 

Machine learning is one of the most useful branches of artificial intelligence, 

and almost certainly the one that has had the biggest practical impact on marketing 

so far. In Chapter 3, we saw how data analytics turns raw information into insights, 

and how predictive analytics uses patterns from the past to forecast the future. 

Behind most modern predictive analytics, and behind almost every 

personalisation system you encounter daily, sits a layer of machine learning. It is 

the engine that takes the data we collect and turns it into systems that can act 

intelligently at scale. 

This chapter has three parts. First, we will look at the basics of machine 

learning — what it is, what its main types are, and how a machine actually learns. 

Second, we will study recommendation systems, one of the most visible and 

valuable uses of machine learning in marketing. Third, we will explore customer 

segmentation techniques powered by machine learning, which go far beyond what 

traditional methods can achieve. 
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4.1 Basics of Machine Learning 

What Machine Learning Is, and Is Not 

Machine learning is the branch of artificial intelligence in which computer 

systems improve their performance on a task by studying data, rather than by 

following step-by-step instructions written by a human programmer. 

A simple way to understand the difference is this. In traditional programming, 

a developer writes the rules and the computer follows them to produce results. If 

you want a program that identifies spam emails, you write rules like "if the email 

contains the phrase win a million dollars, mark it as spam." This works for simple 

cases but breaks down quickly. Spammers change their phrases. They use new 

languages. They imitate legitimate emails. Writing rules for every possible 

variation becomes impossible. 

In machine learning, the developer does not write the rules at all. The 

developer shows the computer thousands or millions of emails that have already 

been labelled as spam or not spam, and lets the computer figure out for itself what 

patterns distinguish the two. The computer learns the rules from the data. 

This shift sounds small but has enormous consequences. Once a system can 

learn from data, it can handle problems that would be impossible to solve by 

writing rules — recognising faces in photos, translating between languages, 

recommending products to customers with different tastes, even predicting which 

patient will respond to which treatment. 

The Three Main Types of Machine Learning 

Most discussions of machine learning split it into three broad types, based on how 

the system learns. 

Supervised learning is the most common type used in marketing today. In 

supervised learning, the system is shown examples that come with the correct 

answer attached. A spam detection system is shown emails labelled as spam or 

not spam. A churn prediction model is shown customer records labelled as 

churned or stayed. A price prediction model is shown product features along with 

the actual prices. From these labelled examples, the system learns the relationship 

between inputs and outputs. Once trained, the system can take a new input — a 

fresh email, a current customer, a new product — and predict the output. The word 
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supervised refers to the fact that during training, a human provides the correct 

answers that guide the system's learning. 

Unsupervised learning, in contrast, works on unlabelled data. The system is 

given a large set of examples without any correct answers, and is asked to find 

patterns or structure on its own. A common use of unsupervised learning is 

clustering — automatically grouping customers, products, or behaviours into 

categories that share something in common. A clothing retailer might give an 

unsupervised learning system the records of two million customers, with no labels 

at all, and ask it to find natural groupings. The system might come back with eight 

or nine clusters — perhaps "frequent fashion buyers in metro cities", "occasional 

festive buyers in tier-two towns", "young men who buy mainly in winter". The 

marketer did not pre-define these groups. The system discovered them in the data. 

Reinforcement learning is the third type and works differently from both. In 

reinforcement learning, the system learns by trial and error, receiving rewards 

when it does the right thing and penalties when it does the wrong thing. Over 

many repetitions, it figures out which actions tend to lead to rewards. This is the 

kind of learning that powers game-playing systems, robot navigation, and many 

self-driving features. In marketing, it is used in some advanced ad bidding 

systems, where the system continuously experiments with bid amounts, ad 

placements, and audience selections, and learns over time which combinations 

bring the best results. 

Table 4.1: The Three Main Types of Machine Learning in Marketing 

Type of 

Learning 

How It Learns Marketing 

Example 

Data Needed 

Supervised Learns from 

labelled examples 

with known 

answers 

Predicting which 

customers will 

churn next month 

Labelled 

historical data 

Unsupervised Finds patterns and 

structure in 

unlabelled data 

Discovering 

natural customer 

segments in a 

database 

Raw data 

without labels 
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Type of 

Learning 

How It Learns Marketing 

Example 

Data Needed 

Reinforcement Learns by trial and 

error using rewards 

and penalties 

Adjusting ad bids 

in real time to 

maximise return 

Action-

feedback 

environment 

How a Machine Learning System Actually Learns 

Without getting lost in the mathematics, it helps to understand the basic mechanics 

of how machine learning works. 

The system starts with a model — a mathematical structure that takes inputs 

and produces an output. At the beginning, the model is essentially guessing. Its 

predictions are no better than random chance. 

Features and Labels 

Two terms come up constantly in machine learning. A feature is one of the input 

variables — one of the pieces of information used to make a prediction. For a 

customer, features might include age, location, past purchase frequency, last login 

date, number of items in cart, and many others. A label is the output the system is 

trying to predict — in supervised learning, it is the correct answer that the model 

is being trained to reproduce. 

 

Figure 4.1: Major Types of Machine Learning and Their Marketing 

Applications 
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Common Algorithms Used in Marketing 

Several specific algorithms appear again and again in marketing applications. A 

short tour is worth taking. 

Linear regression is one of the simplest and oldest methods. It predicts a 

numerical value, like expected sales, based on a straight-line relationship between 

inputs and the output. Logistic regression, despite its name, is used for 

classification — predicting whether something belongs to one category or 

another, such as whether a customer will buy or not. 

Decision trees split data into branches based on rules learned from examples. 

They are easy to understand and explain, which makes them popular when 

transparency matters. Random forests combine many decision trees together and 

take the average of their predictions, usually producing more accurate results than 

any single tree. 

Gradient boosting is a more sophisticated method that builds models in 

sequence, with each new model focusing on the errors of the previous ones. 

Methods like XGBoost and LightGBM are common in modern marketing 

analytics. Neural networks, especially deep neural networks, mimic the layered 

structure of the human brain and are powerful for complex tasks like image 

recognition and natural language understanding. Clustering algorithms, including 

the popular K-means method, group similar items together in unsupervised 

learning. 

Each algorithm has its strengths and weaknesses. The art of machine learning 

lies partly in choosing the right algorithm for the problem at hand. 

Why Machine Learning Matters in Marketing 

To wrap up this section, a few reasons why machine learning has become so 

central to marketing. 

Machine learning can find patterns in data that humans would never notice. A 

skilled marketer might detect five or ten useful patterns by studying reports. A 

machine learning model can find hundreds, often involving subtle combinations 

of features that no human eye would catch. 

Machine learning scales. A single marketer can personalise messages for 

perhaps a few dozen key customers. A machine learning system can personalise 

messages for millions of customers simultaneously, with each customer receiving 

content that fits them. 
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Machine learning improves over time. As more data is collected, models 

become more accurate. This is in contrast to fixed rules, which stay the same until 

someone manually updates them. A well-built machine learning system becomes 

more valuable the longer it runs. 

Finally, machine learning automates decisions that previously required human 

judgment. Should we offer this discount to this customer? Should we show this 

ad now or wait? Which version of the email should this person receive? Decisions 

like these can now be made automatically, in real time, at massive scale. 

4.2 Recommendation Systems 

Why Recommendations Matter So Much 

Open any major app today. Netflix shows you a wall of titles it thinks you will 

like. Amazon greets you with products picked just for you. YouTube suggests the 

next video before the current one ends. Spotify builds you a personalised playlist  

every Monday. Flipkart's homepage looks different for every shopper. 

All of these are recommendation systems at work. They are perhaps the most 

visible application of machine learning in everyday digital life, and certainly one 

of the most valuable to the businesses that use them. Industry estimates put the 

share of Amazon's sales that come from its recommendations at over a third. For 

Netflix, recommendations are reported to drive more than three-quarters of all 

watched content. 

The reason recommendations matter so much is simple. Customers facing too 

many choices often choose nothing at all. A recommendation system narrows the 

field, surfaces what the customer is most likely to want, and turns confusion into 

action. 

How Recommendation Systems Work 

There are three main approaches that recommendation systems use, often 

combined. 

Collaborative filtering is the most well-known approach. It works on a simple 

idea — if two people have liked similar things in the past, they will probably like 

similar things in the future. If user A and user B have both liked films one through 

five, and user A also liked film six, then film six is probably a good 

recommendation for user B. Collaborative filtering does not need to know 
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anything about the films themselves — their genre, their stars, their plots. It just 

needs the pattern of who liked what. This makes it powerful, but it also has 

weaknesses. It struggles with new users (who have not liked enough things yet) 

and new items (which have not been liked by enough people yet). This problem 

is known as the cold start problem. 

Content-based filtering takes the opposite approach. It looks at the 

characteristics of the items themselves and recommends things similar to what the 

user has liked before. If a user has watched several historical dramas, the system 

recommends more historical dramas. If a user has bought several books by Indian 

authors, the system recommends more books by Indian authors. Content-based 

filtering handles cold starts better — it can recommend things to new users based 

on a few stated preferences, and it can include new items as soon as their 

characteristics are known. But it tends to produce narrow recommendations that 

look too much like what the user has already seen. 

Hybrid recommendation systems combine both approaches. Most modern 

systems are hybrid in some form. Netflix and Amazon, for instance, use a complex 

mix of collaborative filtering, content-based filtering, popularity signals, 

contextual information (time of day, device used, recent searches), and several 

other techniques layered together. The result is usually more accurate and more 

interesting than any single approach alone. 

Newer Approaches: Deep Learning and Reinforcement Learning 

In the past few years, recommendation systems have grown more sophisticated. 

Deep learning models can capture complex patterns that earlier methods missed. 

They can recognise, for example, that a user's recent interest has shifted from 

action films to thrillers, and adjust their recommendations accordingly. They can 

also incorporate information from images, text descriptions, and even audio to 

make better matches. 

Reinforcement learning is also being used. The system treats every 

recommendation as an experiment. When the user clicks or buys, it learns that the 

recommendation was good. When they ignore it, it learns the opposite. Over many 

rounds, the system fine-tunes its strategy to maximise the long-term satisfaction 

of each user. 

Indian Examples 

Several Indian platforms have built impressive recommendation systems. 
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Flipkart's recommendations are visible across the app — related products on 

the product page, suggested items in your cart, personalised collections on the 

homepage. The system blends what the user has browsed, what others with similar 

tastes have bought, and what is currently trending. 

Myntra's recommendations focus on visual similarity in addition to behaviour. 

If you have liked a particular kurta, the system can find similar kurtas based not 

just on labels and tags but on how they actually look. This is powered by computer 

vision applied to product images. 

Hotstar and JioCinema personalise the home screen based on what each 

viewer has watched, what is popular in their region, and what is currently trending. 

A cricket fan and a movie enthusiast may open the same app and see almost 

completely different first screens. 

Zomato and Swiggy recommend restaurants and dishes based on a customer's 

past orders, the time of day, the weather, and the location. A user who often orders 

biryani for Friday dinner will see biryani options highlighted as Friday evening 

approaches. 

Spotify, while not Indian, deserves a mention because its Discover Weekly 

playlist — generated every Monday for hundreds of millions of users — has 

become a celebrated example of how powerful recommendations can be when 

they work well. 

 

Figure 4.2: How a Recommendation System Works 
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Measuring a Recommendation System 

A natural question is how do we know if a recommendation system is working 

well. Several metrics are commonly used. 

Click-through rate measures how often users click on recommended items. 

Conversion rate measures how often clicks lead to actual purchases or 

completions. Coverage measures what share of all items the system actually 

recommends to at least some users — a system that only ever recommends the top 

hundred products has low coverage, even if it gets high clicks. Diversity measures 

how varied the recommendations are within a single user's list. Serendipity 

measures how often the system surprises users with unexpected but enjoyable 

suggestions. 

A good recommendation system balances these metrics. It is easy to maximise 

one at the cost of the others, and the best systems find a thoughtful balance. A 

system that only recommends what the user has already bought may have high 

precision but low usefulness. A system that recommends random items may have 

high diversity but low conversion. 

Challenges and Risks 

Recommendation systems are powerful, but they also bring risks worth thinking 

about. 

The filter bubble problem is well known. If a system only recommends what 

fits a user's past preferences, the user is gradually closed off from anything 

different. Over time, their view of the world narrows. This has been studied 

especially in news and content recommendations, where filter bubbles can shape 

political and social opinions in worrying ways. 

The popularity bias is another issue. Systems often favour items that are 

already popular, making them even more popular while smaller items struggle to 

be discovered. This is good for short-term metrics but bad for the long-term health 

of the catalogue. 

Privacy concerns are also real. To make good recommendations, systems 

collect detailed data about user behaviour. Customers are increasingly aware of 

this and may resist being tracked too closely. 

Manipulation is a less-discussed problem. A recommendation system can be 

used not just to serve the customer but to push the products that are most profitable 

for the platform. The line between helpful suggestion and subtle steering can 
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become thin. The best companies treat these risks seriously, building in diversity 

controls, supporting smaller items deliberately, respecting privacy boundaries, 

and being transparent about how their recommendations work. 

4.3 Customer Segmentation Techniques 

From Old Segmentation to New 

In Chapter 3, we briefly touched on customer segmentation. We saw that modern 

segmentation goes beyond demographic categories like age and income, and 

groups customers based on their actual behaviour. In this section, we go deeper 

into the techniques that make this possible. 

Traditional segmentation methods relied on a few simple variables that 

marketers chose in advance. The variables were obvious and the segments were 

broad. Today, with the help of machine learning, segmentation can use dozens or 

even hundreds of variables and discover segments that no human would have 

thought to define. 

Why Segmentation Matters 

Before we look at techniques, let us be clear on why segmentation matters at all. 

In a perfect world, every customer would receive an experience tailored 

exactly to them. In practice, this is not always possible. A brand may have millions 

of customers, and it cannot design a different campaign for each one. The next 

best thing is to group customers into segments that are large enough to be practical 

but small enough to be specific. Each segment then gets its own messaging, its 

own offers, and its own product mix. 

Good segmentation makes marketing more efficient. The right message 

reaches the right people. Wasteful spending is reduced. Conversion rates rise. And 

customers feel more understood, which improves their long-term relationship with 

the brand. 

The Main Machine Learning Techniques 

Several machine learning techniques are used for segmentation. Each works 

differently. 

K-means clustering is perhaps the most common. The marketer decides in 

advance how many segments to create — say, six. The algorithm then divides the 
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customers into six groups in such a way that customers within each group are as 

similar as possible to each other, and as different as possible from customers in 

other groups. The marketer studies the segments after the fact to understand what 

makes each one distinctive. 

Hierarchical clustering builds a tree of segments, starting with each customer 

as their own group and gradually merging the most similar groups together. The 

marketer can then choose at what level to stop, depending on how broad or fine 

they want the segments to be. 

DBSCAN, short for density-based spatial clustering, identifies clusters as 

dense regions of customers in the feature space and labels everything else as noise. 

It is useful when segments are not necessarily of equal size and when some 

customers may not fit neatly into any group. 

Gaussian mixture models allow customers to belong partially to multiple 

segments rather than just one. This reflects reality — a single customer may be a 

fashion buyer some of the time and a kitchen-goods buyer at other times. 

Self-organising maps are a kind of neural network that arranges segments in a 

two-dimensional layout, making it easy to visualise how different groups relate to 

each other. 

Deep clustering uses neural networks to find structure in very high-

dimensional or unstructured data, like images, text, or long sequences of 

behaviour. This is helpful when the relevant patterns are too complex for 

traditional methods. 

What Makes a Good Segment 

Not every segment a model produces is useful. A few qualities make a segment 

worth acting on. 

A useful segment is large enough to matter. A segment of fifty customers in a 

database of two million is unlikely to justify a separate marketing strategy. 

It is also distinct. The customers in the segment differ meaningfully from those 

outside it. If a segment is statistically distinct but its members behave just like 

everyone else, the segment has no practical value. 

A good segment is actionable. The brand can do something specific for it. A 

segment of "customers who like the colour blue" may be technically valid but not 

actionable unless the catalogue has obvious blue items to push. 
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A good segment is stable over time. Customers do not jump between segments 

every week. If they did, segment-based marketing would be useless because by 

the time a campaign was designed, the segments would have changed. 

Finally, a good segment is interpretable. The marketer can explain what makes 

the segment what it is. Segments that emerge from machine learning are 

sometimes hard to interpret — they capture real patterns, but in ways that are not 

easy to put into words. The most valuable segments are both real and explainable. 

Indian Examples 

A few Indian examples bring these ideas to life. 

Asian Paints uses segmentation to identify different customer types — urban 

renovators, traditional homeowners, contractors, first-time home buyers — and 

creates different campaigns, retail experiences, and product mixes for each. 

Tata Cliq segments shoppers by category interest, price sensitivity, brand 

affinity, and shopping frequency. A premium watch buyer sees one homepage; a 

budget-conscious electronics shopper sees a quite different one. 

PolicyBazaar segments visitors not just by demographics but by stage of life 

event — newly married, expecting parents, near retirement — and shows different 

products and explanations accordingly. 

ICICI Bank uses segmentation in its app to identify which customers are most 

likely to be interested in a particular financial product. A young professional sees 

credit card offers. A retired customer sees fixed deposit and pension product 

recommendations. 

Hindustan Unilever does serious segmentation work for its many brands, 

identifying micro-segments within categories like skincare and personal care, and 

tailoring product variants and marketing accordingly. 

Segmentation Meets Personalisation 

A useful way to think about this is to see segmentation as the bridge to 

personalisation. Segmentation groups customers into manageable categories. 

Personalisation goes further and tailors the experience to the individual. 

In practice, most modern marketing uses both. Segmentation creates the broad 

strategy — which kinds of customers to target with which kinds of offers. 

Personalisation handles the fine tuning — which exact product, which exact 
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message, which exact time, for this specific person. The two work together. A 

good segmentation strategy gives personalisation its structure. Personalisation, in 

turn, adds the precision that makes segmentation truly powerful. 

A Note on Ethics 

Like everything in machine learning, segmentation comes with ethical 

responsibilities. Segments built on sensitive characteristics — religion, caste, 

political views — can lead to discrimination, even unintentionally. Segmentation 

can also create echo chambers, where customers only ever see options designed 

for "people like them" and never see anything that might broaden their world. 

Thoughtful brands review their segments not just for business value but for 

fairness. They ask whether any segment is being treated worse than others without 

good reason. They make sure that their segmentation respects local laws and 

cultural expectations. And they remember that behind every segment label is a 

real human being who deserves to be treated with care. 

Chapter Summary 

• Machine learning is the branch of AI in which systems improve from data 

rather than from explicit instructions written by a human programmer. 

• The three main types are supervised learning (labelled data), unsupervised 

learning (unlabelled data), and reinforcement learning (trial and error with 

rewards). 

• ML models learn through training on examples, where inputs are called 

features and target outputs are called labels. Feature engineering is often 

the most important part of the work. 

• Common algorithms include linear and logistic regression, decision trees, 

random forests, gradient boosting (XGBoost, LightGBM), neural 

networks, and clustering methods like K-means. 

• Recommendation systems are among the most visible applications of 

machine learning, using collaborative filtering, content-based filtering, 

and hybrid approaches. 

• Indian platforms like Flipkart, Myntra, Hotstar, Zomato, and Swiggy use 

sophisticated recommendation systems that blend behaviour, visual 

similarity, context, and popularity. 
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• Machine-learning-based segmentation uses methods like K-means, 

hierarchical clustering, DBSCAN, Gaussian mixture models, self-

organising maps, and deep clustering. 

• A useful segment is large, distinct, actionable, stable over time, and 

interpretable to the marketer. 

• Both recommendations and segmentation carry real ethical risks — filter 

bubbles, popularity bias, privacy concerns, and the potential for 

discrimination — that thoughtful brands actively manage. 

Review Questions 

1. Define machine learning and distinguish it clearly from traditional rule-

based programming. 

2. Explain the three main types of machine learning with one marketing 

example for each. 

3. What are features and labels in machine learning? Why is feature 

engineering considered so important? 

4. Compare and contrast collaborative filtering with content-based filtering 

in recommendation systems. 

5. What is the cold start problem in recommendation systems? How do 

modern systems work around it? 

6. Discuss any four machine learning techniques used for customer 

segmentation. 

7. What are the five qualities of a useful customer segment? Explain each 

with an example. 

8. Discuss the ethical risks of recommendation systems and segmentation in 

marketing, and suggest ways to address them. 

Looking Ahead 

Having understood machine learning and two of its biggest marketing 

applications, we now turn to one of the most rapidly changing areas in modern 

marketing — content. Chapter 5 will explore how AI is reshaping the world of 

content marketing, from automated content creation to deeply personalised 

content strategies, and the AI tools that help brands measure, optimise, and refine 

their content over time. 
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CHAPTER 5 

AI-Powered Content Marketing 

Think about the amount of content the average internet user is exposed to on a 

regular day. Hundreds of social media posts in the morning scroll. Push 

notifications throughout the day from news apps, e-commerce sites, and food 

delivery apps. Email newsletters waiting in the inbox. YouTube thumbnails on 

every break. Banner ads on every news article. WhatsApp forwards from friends 

and family. By the end of the day, a single person may have been exposed to 

thousands of pieces of content from hundreds of different brands. 

In this storm of content, attention has become the rarest commodity in 

marketing. The brands that thrive are not necessarily those that produce the most 

content. They are the ones whose content actually connects with the reader, whose 

words and images land at the right moment with the right message. 

For most of marketing's history, producing this kind of resonant content was 

a slow craft. A small team of writers, designers, and editors worked carefully on 

each piece. Volume was limited. Personalisation at scale was barely possible. 

Artificial intelligence has changed this completely. Today, content can be 

produced, personalised, and optimised at a scale that was unimaginable even five 

years ago. A small marketing team can now run content operations that would 

once have required a department. 

In Chapter 4, we examined machine learning — the engine behind much of 

modern marketing automation. In this chapter, we turn to one of the most exciting 

and rapidly changing fields it has opened up — content marketing powered by AI. 

We will look at three aspects. First, automated content creation, where AI 

generates copy, images, video, and audio. Second, personalised content strategies, 

where content is adapted to individual readers and their context. Third, AI tools 

for content optimisation, which help brands measure, improve, and refine their 

content over time. 
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5.1 Automated Content Creation 

What Automated Content Creation Means 

Automated content creation refers to the use of artificial intelligence to generate 

marketing content — text, images, videos, and audio — with minimal direct 

human authoring. The human still provides direction, sets goals, reviews the 

output, and gives final approval, but the actual production work is done largely by 

the machine. 

This does not mean replacing creativity. It means freeing creative people from 

the routine work of producing many variations, allowing them to focus on 

direction, judgment, and the work that genuinely requires a human mind. 

The Tools That Made This Possible 

The big shift came with the rise of large language models and image generation 

models. Large language models like the ones behind ChatGPT, Claude, and 

Gemini can produce written content that, in many cases, is hard to tell apart from 

content written by a person. Image generation models like Midjourney, DALL-E, 

Adobe Firefly, and Stable Diffusion can create images from text descriptions in 

seconds. More recently, video generation models like Sora and Runway have 

begun to do similar things for video, though the technology is still maturing 

rapidly. 

For marketers, the practical effect has been startling. Tasks that used to take 

hours can now be done in minutes. A blog post can be drafted in five minutes. A 

product description can be written in ten seconds. A social media image can be 

designed in less than a minute. A video version of a blog post can be produced in 

an afternoon. The time savings, when multiplied across thousands of pieces of 

content, change what a team is capable of producing. 

What AI Can Produce in Marketing 

Let us look at the main types of content AI now produces regularly. 

Written copy is the most mature area. AI tools draft blog posts, social media 

captions, email subject lines, product descriptions, advertisement headlines, 

landing page content, and even press releases. They can also rewrite the same 

content in different tones — more formal, more playful, more urgent — to suit 

different audiences and platforms. 
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Images and visual content come next. AI tools can generate product photos, 

banner ads, social media graphics, infographics, and illustrations. They can adapt 

existing images to different formats — resizing, recolouring, restyling — which 

used to require manual design work for each variation. 

Video content is the newest frontier. AI tools can now generate short videos 

from text descriptions, animate static images, create voiceover narrations, and 

produce avatar-led talking-head videos in multiple languages, all without a 

camera ever being used. 

Audio content includes voiceovers, podcast intros, and even music. AI-

generated voices have become realistic enough that many brands now use them 

for advertising and corporate communications, blurring the line between human-

recorded and machine-generated speech. 

Data-driven content is another category. AI can take a sales report and turn it 

into a written summary. It can take a stock chart and produce a paragraph 

explaining what it shows. It can take a pile of customer feedback and write a digest 

of the main themes within minutes. 

The Workflow of AI-Assisted Content Creation 

In a typical workflow today, the process goes something like this. 

A marketer or content strategist decides what content is needed — a blog post 

on a particular topic, a social media campaign for a launch, an email sequence for 

new subscribers. The marketer creates a brief, often with the help of AI itself, that 

defines the goal, the audience, the key messages, the tone, and any required 

keywords. 

The AI generates a first draft. This usually takes seconds or minutes. The 

human reviews the draft, edits it for accuracy, voice, and judgment, and adds the 

touches that only a human can provide — cultural references, deep insight, 

emotional weight. The content is then localised, adapted to different platforms, 

and scheduled for publication. Once published, performance is tracked, and the 

data feeds back into future content decisions. 

The whole workflow takes a fraction of the time it used to. A team that once 

produced three blog posts a month can now produce thirty, often with comparable 

or better quality if the process is handled well. 
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Figure 5.1: The AI-Assisted Content Creation Workflow 

Indian Examples 

Several Indian companies have adopted AI for content creation in interesting 

ways. 

Cult.fit uses AI to generate personalised workout content and wellness tips for 

its users, adapting messages based on each user's fitness level and stated goals. 

CRED creates much of its visually distinctive content with the help of AI 

tools, blending machine-generated material with strong human creative direction 

to maintain its sharp aesthetic. 

Tata 1mg and PharmEasy use AI to generate health-related content, including 

condition explainers and product information, with medical experts in the loop to 

ensure factual accuracy. 

Indian news platforms like Inshorts have long used AI-powered 

summarisation to condense full-length news articles into short reads, originally 

helping power their famous sixty-word summary format. 

Edtech companies like Byju's, Unacademy, and Vedantu use AI to generate 

practice questions, summaries, and personalised study materials at scale, allowing 

them to serve millions of students with content tailored to each one's level. 

Multilingual Content for the Indian Market 

One area where AI has been particularly transformative for Indian brands is 

multilingual content. India has twenty-two scheduled languages and hundreds of 

dialects. Until recently, producing content in many languages was expensive and 

slow. 
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AI translation and generation tools now allow brands to produce content in 

Hindi, Tamil, Telugu, Bengali, Marathi, Gujarati, Kannada, Malayalam, Punjabi, 

and other languages with much less effort. The quality is not yet perfect, 

particularly for nuanced or culturally specific content, but it has improved 

dramatically and continues to do so. For routine product descriptions, customer 

service responses, and educational content, AI-generated regional language 

content is now serviceable and often quite good. 

This has enormous implications for reaching customers beyond the English-

speaking metropolitan audience. Brands that once focused on a small slice of 

urban India can now realistically address the much larger non-English-speaking 

market that lives outside the metros. 

The Limits and Cautions 

For all its power, automated content creation has clear limits. 

AI does not actually understand what it is producing. It generates text and 

images that look right because they statistically resemble training data, but it can 

produce factual errors, logical inconsistencies, and culturally tone-deaf content. 

Brands that use AI without careful human review have publicly embarrassed 

themselves with mistakes that a careful editor would have caught. 

AI content can also start to feel generic if not managed carefully. When 

everyone is using similar tools with similar prompts, the resulting content begins 

to sound the same. The brands that stand out are the ones that train AI on their 

own voice, give it specific creative direction, and use human judgment to add 

originality on top. 

There are also legal and ethical considerations. The training data behind AI 

models often includes copyrighted works, raising questions about ownership and 

attribution. AI-generated content involving real people can create issues if used 

without permission. Disclosure — telling readers when content was created with 

AI assistance — is increasingly expected, even where not yet legally required. 

The best practice today is to treat AI as a powerful collaborator, not a replacement. 

The marketer remains responsible for what is published in the brand's name. 

A final concern worth raising is the risk of over-production. Just because AI 

makes it easy to publish thirty pieces a week instead of three, it does not always 

mean the brand should. Audiences quickly tire of brands that flood their feeds 

with mediocre content. The best operators use AI to raise quality and relevance, 
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not just to multiply volume. A small number of strong pieces will almost always 

outperform a large number of forgettable ones. 

5.2 Personalised Content Strategies 

What Personalised Content Means 

Personalised content is content that is adapted to the specific person consuming 

it. Rather than every visitor seeing the same homepage, the same email, or the 

same product page, each visitor sees a version tailored to who they are, what they 

have done before, and what they are likely to want now. 

Personalisation can range from simple to deep. At the simplest level, it might 

mean using a customer's name in an email greeting. At the deepest, it can mean 

dynamically generating the entire content of a webpage based on the visitor's 

profile, behaviour history, and current context. 

Why Personalisation Has Become So Important 

There are several reasons personalisation has become a central strategy in modern 

marketing. 

Customer expectations have changed. Customers who experience Netflix, 

Spotify, and Amazon now expect every brand they interact with to know them 

and to deliver experiences that feel relevant. Brands that send generic mass 

communications feel old-fashioned and lazy by comparison. 

Conversion improves significantly. Personalised emails get higher open and 

click rates than generic ones. Personalised product recommendations drive more 

purchases. Personalised landing pages convert better than one-size-fits-all pages, 

often by a wide margin. 

Retention improves too. Customers who feel understood by a brand stay 

longer and spend more over their lifetime. Personalisation builds a relationship in 

a way that generic marketing cannot. 

Costs drop in the long run. Although personalisation requires investment in 

data and systems upfront, it leads to less wasted advertising and more efficient 

marketing over time. 

The Layers of Personalisation 

Personalisation can be thought of in layers, from shallow to deep. 
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The most basic layer is using known facts. Greeting a customer by name, 

referencing their past purchases, acknowledging their location or language — 

these small touches make communications feel personal even when they are 

largely automated. 

The next layer is segmentation-based personalisation. Different segments of 

customers get different versions of the content. New customers see introductory 

messages, while loyal customers see thank-you notes and exclusive offers. Buyers 

in different cities see local references and locally available products. 

A deeper layer is behavioural personalisation. The content adapts based on 

what the customer has done recently. A customer who has just browsed running 

shoes sees running-related content; a customer who has just searched for kitchen 

products sees recipes and kitchen accessories. 

The deepest layer is real-time, individual personalisation. Every piece of 

content is dynamically generated for the specific individual at that exact moment, 

taking into account everything known about them and the current context. This 

level requires sophisticated infrastructure but produces remarkable results. 

Table 5.1: The Four Layers of Personalised Content 

Layer What It Does Example Complexity 

Known Facts Uses basic customer 

information 

"Hi Riya, your 

order has 

shipped" 

Low 

Segment-Based Adapts content for 

groups of similar 

customers 

New users see 

onboarding tips; 

loyal users see 

VIP offers 

Medium 

Behavioural Adapts content 

based on recent 

actions 

Customer who 

browsed shoes 

sees more shoe 

content 

High 

Real-Time 

Individual 

Generates unique 

content for each 

A homepage built  

dynamically for 

Very High 
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Layer What It Does Example Complexity 

person in the 

moment 

the specific 

visitor 

Common Personalisation Strategies in Practice 

Several specific strategies are common across industries. 

Personalised email is probably the most widely used. The subject line, the 

body content, the recommended products, and even the send time can all be 

personalised to each recipient. 

Dynamic web content adjusts the homepage, product pages, and category 

pages based on who is visiting. A returning customer sees different content from 

a first-time visitor. A customer browsing from Bangalore may see different 

products from one browsing from Lucknow. 

Personalised push notifications time and tailor messages to each user. A food 

delivery app might send dinner suggestions to a frequent dinner orderer at 7:30 

pm, while sending breakfast options at 8 am to morning users. 

Personalised search results rank items differently for different users, based on 

their preferences and history. The same query may show quite different products 

to different shoppers. 

Personalised advertising shows different ads to different audiences. The same 

advertising budget can support several creative versions, each targeted to a 

specific segment. 

Adaptive customer journeys map out different paths for different customers, 

with messages and offers triggered by behaviour rather than fixed calendar dates. 

How AI Powers Personalisation 

The mechanism behind modern personalisation is machine learning. Customer 

data is gathered from many sources — browsing behaviour, purchase history, app 

usage, email responses, customer service interactions. Models are trained to 

predict each customer's preferences, likely actions, and best-suited content. These 

models then drive what each customer sees. 

Generative AI takes personalisation further by producing content on the fly. 

Instead of choosing from a fixed library of pre-written messages, the system can 
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generate a fresh message for each customer that fits their specific situation. This 

is particularly useful for customer service, where every conversation is different, 

and for one-to-one email marketing where each recipient is unique. 

 

Figure 5.2: Layers of Personalised Content Strategy 

Brand Voice Training in AI 

A common worry when starting with AI-driven personalisation is that the content 

might lose the brand's voice. If every brand uses similar AI tools, would every 

brand sound the same? 

The answer is — only if you let it. Modern AI tools can be trained or instructed 

in a brand's specific tone, style, and vocabulary. Some platforms allow brands to 

upload examples of their best content and then generate new content in the same 

voice. Others let brands define their style guide in detail — which words to use, 

which to avoid, what level of formality is appropriate, what cultural references 

work. 

A few simple steps make a real difference. Define the brand voice clearly in 

writing, with examples of what does and does not fit. Train the team in how to 

prompt AI to produce content in that voice. Build a library of approved examples 

that can be referenced in future content. And review AI output not just for 

accuracy but for voice consistency before publishing. 
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Brands like Mamaearth, boAt, and Zomato are well-known examples of 

distinct brand voices in the Indian market. Their AI-generated content, when 

handled well, sounds unmistakably like them rather than like a faceless machine. 

Indian Examples of Personalisation in Action 

A few examples make this concrete. 

Myntra personalises everything from the homepage to the email 

recommendations based on each shopper's style profile, which is built up over 

time from their browsing and purchase behaviour. 

JioMart and BigBasket personalise the catalogue based on each household's 

shopping patterns. A family that orders organic vegetables sees those highlighted; 

a family that focuses on packaged goods sees a different mix at the top. 

CRED personalises its rewards, offers, and even its content tone based on the 

user's profile. The app feels subtly different for different users. 

HDFC Bank and other private banks personalise the mobile app interface, 

showing the most relevant products, alerts, and offers for each customer's life 

stage and financial behaviour. 

PolicyBazaar adapts its insurance recommendations and educational content 

based on the user's age, family situation, and stated needs, helping each visitor 

find the right product faster. 

A Word on Privacy 

Personalisation requires data. Data raises privacy concerns. The two cannot be 

separated. 

The thoughtful approach is transparency. Tell customers what data is being 

collected and why. Give them control over what is used and for what purposes. 

Respect opt-outs. Follow the law — in India, the Digital Personal Data Protection 

Act of 2023 sets clear expectations about consent, purpose limitation, and data 

minimisation. 

Customers do not resent personalisation as such. They resent feeling watched 

without consent, used without benefit, or manipulated against their interests. 

Brands that personalise honestly and add genuine value with the data they collect 

build loyalty. Brands that personalise creepily, using data customers did not 

realise they were giving, end up damaging the trust they have spent years building. 
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5.3 AI Tools for Content Optimisation 

What Content Optimisation Means 

Content optimisation is the practice of refining content so that it performs better 

against a defined goal. The goal might be more clicks, more time on page, more 

conversions, better search ranking, higher engagement, or some combination of 

these. 

In the past, optimisation was slow. A marketing team would publish content, 

wait for weeks, study the results, and then revise. Today, AI has shortened this 

loop dramatically. Optimisation happens continuously, often automatically, and 

improvements compound over time. 

The Main Areas Where AI Helps with Optimisation 

A few major areas stand out. 

Headline and subject line optimisation is one of the oldest applications. AI 

tools can generate dozens of headline variations and predict which is likely to 

perform best, based on patterns learned from millions of past examples. The tools 

can then run small live tests to confirm the prediction with real users. 

Content quality scoring is another. AI tools can analyse a draft and rate it for 

readability, clarity, tone, originality, and likely engagement. Some platforms even 

compare the draft to top-performing content in the same category and suggest 

specific improvements. 

SEO optimisation has become much more sophisticated. AI tools analyse the 

search intent behind keywords, study what competing pages cover, and suggest 

topics and structures that are likely to rank well. They also help with technical 

SEO concerns like meta descriptions, image alt text, and internal linking. 

Image and video optimisation includes selecting the best thumbnail, choosing 

the most attention-grabbing crop, generating multiple variations of a banner, and 

predicting which version will get the best response. 

Tone and sentiment adjustment uses AI to check whether the content matches 

the intended emotional register and to suggest changes that strengthen the effect. 

A/B testing automation lets AI run continuous experiments across many small 

content variations, learning which ones work best and gradually shifting the mix 

toward the winners without manual intervention. 
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Predictive performance analysis attempts to forecast how a piece of content 

will perform before it is published, based on its features and the performance of 

similar content in the past. While not perfect, these predictions help marketers 

make better decisions about what to publish and what to revise. 

Common AI Tools Used Today 

Many tools are in active use, and the list keeps growing. A short overview helps 

illustrate the variety. 

For writing and editing, Grammarly Business, Hemingway Editor, and 

Wordtune help refine drafts. For SEO content, Surfer SEO, Clearscope, and Frase 

analyse competition and suggest improvements. For headline testing, CoSchedule 

Headline Studio and Sharethrough Headline Analyzer score and refine headlines 

using past data. 

For visual optimisation, Canva's Magic features, Adobe Sensei, and similar 

built-in AI features within design platforms help create and adapt visuals quickly. 

For video, tools like Pictory, Synthesia, and Runway transform text into video and 

optimise existing videos for different platforms. 

For overall content strategy, platforms like HubSpot, Marketo, and Salesforce 

Marketing Cloud tie together analytics, generation, and optimisation into 

integrated workflows. For Indian regional languages, tools from Reverie, 

Vernacular.ai, and Haptik handle regional content optimisation, while platforms 

from Google and Meta have continued to improve their support for South Asian 

languages at speed. 

The Continuous Improvement Loop 

The real power of AI in content optimisation comes not from any single tool but 

from the loop they enable. 

Content is created with AI assistance. Performance is measured automatically 

across platforms. The data is fed back into the models. The next round of content 

is created with the lessons of the previous round already built in. Over weeks and 

months, this loop compounds. Content gets gradually better at engaging the target 

audience. Conversion rates rise. Wasteful content stops being produced. The 

team's intuition about what works gets sharper because it is fed by data, not 

guesswork. 
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Content Calendar Planning with AI 

One area worth highlighting separately is content calendar planning. A content 

calendar is the schedule that tells a marketing team what content goes out, when, 

on which platform, and for which audience. Building a good calendar used to be 

a long meeting full of guesswork. AI has made it considerably more disciplined. 

Modern AI tools can study past performance to suggest the best days and times 

to publish on each platform. They can identify content gaps — topics the audience 

seems interested in but the brand has not covered. They can flag upcoming events, 

festivals, and trends that the brand should plan around. For Indian brands, this is 

especially useful given the calendar of national, regional, and religious events that 

shape consumer attention through the year — from Diwali and Eid to regional 

new years, harvest festivals, and major cricket fixtures. 

A content calendar built with AI assistance is not just a list of dates. It is a 

living plan that adjusts as data comes in. If a topic suddenly trends, the calendar 

can shift to take advantage. If a campaign underperforms, follow-ups can be 

paused. The team spends less time arguing about what to post and more time 

making each post excellent. 

Content Authenticity and Disclosure 

A growing area of attention is content authenticity. As AI-generated content 

becomes more common, customers are starting to ask which content is human and 

which is machine-made. 

Some regulators are moving toward requiring disclosure. Some platforms are 

building tools that label AI-generated content automatically. Some brands are 

taking a clear stance, either committing to disclose all AI-generated content or 

committing to use AI only in certain contexts. 

The best practice is honesty. If AI was used to draft content, this can be noted 

in editorial guidelines, in author bylines, or in disclaimers where appropriate. 

Customers respect brands that are open about how their content is made. They do 

not appreciate being deceived, especially in areas where trust matters most — 

health information, financial advice, news, and the like. 

Combining Human Judgment with AI 

The thread running through this entire chapter is the partnership between human 

and machine. AI is exceptionally good at producing content quickly, finding 
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patterns, predicting performance, and personalising at scale. Humans are better at 

creative vision, emotional depth, ethical judgment, and final taste. 

The best content marketing today brings both together. AI handles the heavy 

lifting — drafts, variations, formatting, distribution. Humans provide the direction 

and the polish — the strategy, the cultural sensitivity, the originality, the human 

warmth that no algorithm can quite replicate. Neither alone is as effective as the 

two working together. The team that masters this partnership will produce more 

content, of better quality, more relevant to each customer, than any team relying 

only on humans or only on machines. 

Chapter Summary 

• Automated content creation uses AI to generate marketing content — text, 

images, video, and audio — at speeds and scales that were unimaginable 

until recently. 

• Large language models (ChatGPT, Claude, Gemini), image generators 

(Midjourney, DALL-E, Firefly), and emerging video and audio tools have 

together transformed what small teams can produce. 

• AI content workflows typically combine machine drafting with human 

review, editing, and approval, keeping creative judgment in human hands 

while shifting routine production to machines. 

• Multilingual content generation has been especially valuable for Indian 

brands looking to reach audiences in Hindi, Tamil, Telugu, Bengali, and 

other regional languages at affordable cost. 

• Personalised content can be designed in four layers — known facts, 

segment-based, behavioural, and real-time individual — each going 

deeper and requiring more sophisticated infrastructure. 

• Common personalisation strategies include personalised email, dynamic 

web content, personalised push notifications and search results, 

personalised advertising, and adaptive customer journeys. 

• AI tools support content optimisation across headlines, quality, SEO, 

visuals, tone, A/B testing, and predictive performance analysis, creating a 

continuous improvement loop. 
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• Brand voice training, content authenticity, disclosure of AI use, and strong 

respect for privacy and the DPDP Act 2023 are all essential pillars of 

responsible AI-driven content marketing. 

• The best content marketing combines AI's speed and scale with human 

creativity, judgment, and warmth — neither alone delivers the full result. 

Review Questions 

1. Define automated content creation and explain how it differs from 

traditional content production. 

2. Describe the main types of content AI can produce today, with examples 

of how each is used in marketing. 

3. Explain the typical workflow of AI-assisted content creation, identifying 

the role of the human at each stage. 

4. Why has multilingual AI content been particularly important for Indian 

brands? Discuss with examples. 

5. Describe the four layers of personalisation, from shallow to deep, with 

marketing examples for each. 

6. How does AI power modern personalisation? What role does generative 

AI play in this? 

7. Discuss any five areas where AI helps in content optimisation, naming 

relevant tools where possible. 

8. "AI is a powerful collaborator but cannot replace the human marketer." 

Discuss this statement with reference to content marketing. 

9. What are the main ethical concerns around AI-generated content, and how 

should brands address them? 

Looking Ahead 

With content marketing covered, we now move to the platforms where much of 

this content actually meets the customer — social media. Chapter 6 will explore 

how AI is used in social media marketing, covering social media analytics, AI-

based targeting, and the role of chatbots and other AI engagement tools in building 

meaningful conversations with audiences at scale.  
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CHAPTER 6 

Artificial Intelligence in Social Media Marketing 

Walk into any cafe in Bengaluru, any college canteen in Delhi, any waiting lounge 

at Mumbai airport — and look around. Almost every person you see has a phone 

in hand. And on most of those phones, at most of those moments, a social media 

app is open. Instagram. WhatsApp. YouTube. LinkedIn. X. Snapchat. Threads. 

The names change, the loyalties differ, but the behaviour is the same. 

For brands, this constant presence is both a gift and a challenge. The gift is 

obvious — never before has it been so easy to reach so many people, so often, so 

directly. The challenge is hidden but just as real — never before has it been so 

hard to actually catch someone's attention, hold it for more than a few seconds, 

and turn it into something useful. 

In Chapter 5, we looked at how AI is reshaping content marketing in general. 

Social media is where most of that content actually meets the audience. It is also 

where the most intense competition for attention happens. A brand that puts out 

an Instagram Reel today is competing not just with other brands but with friends, 

family, news, comedy, music, sports, and a thousand other forms of distraction. 

This chapter explores how AI helps brands make sense of, and succeed within, 

this crowded environment. We will look at three areas. First, social media 

analytics — the systems that turn massive amounts of platform data into 

meaningful insights. Second, AI-based audience targeting — the methods that 

allow brands to find and reach the right people with precision. Third, chatbots and 

customer engagement — the increasingly capable AI assistants that handle 

conversations with customers at scale. 

6.1 Social Media Analytics 

What Social Media Analytics Is 

Social media analytics is the practice of collecting, measuring, and analysing data 

from social media platforms to understand how content is performing, how 

audiences are engaging, and what customers are saying about the brand. 
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The data involved is enormous. A single popular Indian brand might be 

mentioned thousands of times a day across various platforms — some mentions 

in product reviews, some in customer complaints, some in playful jokes, some in 

comparisons with competitors. Add to this the data from the brand's own posts — 

every like, comment, share, save, and view on every post on every platform — 

and the volume becomes impossible to handle manually. 

This is where AI becomes essential. What no human team can read, an AI 

system can scan, classify, and summarise in minutes. 

Levels of Social Media Analytics 

Following the framework introduced in Chapter 3, social media analytics also 

operates at four levels. 

Descriptive analytics tells the brand what has happened. How many likes did 

the latest post get? How many new followers did the Instagram account gain this 

week? Which Reel had the highest reach last month? 

Diagnostic analytics digs into why. Why did one post get five times the 

engagement of another? Why did a particular campaign trend in some cities but 

flop in others? Why did followers drop after a specific announcement? 

Predictive analytics looks forward. Which kinds of posts are likely to perform 

well in the coming month? What topics are about to trend? Which influencer is 

most likely to deliver good results for an upcoming campaign? 

Prescriptive analytics suggests action. What should the brand post tomorrow, 

at what time, on which platform? Which negative comments should be responded 

to first? Which audience segment should be the focus of the next campaign? 

Key Metrics That Matter 

A few specific metrics come up repeatedly in social media analytics. 

Reach is the number of unique people who saw a piece of content. Impressions 

count the total views, including repeat views by the same person. The difference 

matters — a low reach with high impressions means a small audience is seeing 

the content many times, which is usually a sign of poor distribution. 

Engagement rate is the percentage of viewers who took some action — liked, 

commented, shared, saved, or clicked. A high engagement rate usually signals that 
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the content resonates with the audience and is being favoured by platform 

algorithms. 

Share of voice compares how often a brand is mentioned across social 

platforms relative to its competitors. A brand with high share of voice is 

dominating the conversation in its category, which often correlates with higher 

brand awareness and consideration. 

Sentiment score measures whether the conversation about a brand is positive, 

negative, or neutral. A sudden swing in sentiment often signals a crisis or a viral 

moment, depending on direction. 

Follower growth rate tracks how quickly the audience is expanding. Steady 

growth usually indicates healthy momentum; sudden spikes may signal viral 

content; sudden drops may signal a problem worth investigating. 

Click-through rate measures how often viewers click through from a social 

post to the brand's website or app. Saves and shares are increasingly important 

signals — they suggest the content was valuable enough that the viewer wanted 

to keep it or pass it on. Video metrics — watch time, completion rate, average 

view duration — have become especially important as short video has taken over 

platforms like Instagram, YouTube, and Snapchat. 

Table 6.1: Key Metrics in Social Media Analytics 

Metric What It Measures Why It Matters 

Reach Number of unique people 

who saw the content 

Shows how wide the 

audience footprint is 

Engagement 

Rate 

Percentage of viewers who 

liked, commented, shared, 

or saved 

Signals how much the 

content resonates with the 

audience 

Share of Voice Brand's share of mentions 

compared to competitors 

Shows whether the brand 

is dominating the 

conversation 

Sentiment Score Positive, negative, or 

neutral tone of mentions 

Flags reputation shifts and 

crises early 
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Metric What It Measures Why It Matters 

Follower Growth 

Rate 

Speed at which the 

audience is expanding 

Indicates long-term 

audience momentum 

Click-Through 

Rate 

Share of viewers who 

clicked through to the 

website or app 

Links social activity to off-

platform action 

Video 

Completion Rate 

Percentage of viewers who 

watched a video to the end 

Measures the quality of 

short and long video 

content 

How AI Powers Modern Analytics 

AI has expanded what social media analytics can do in several specific ways. 

Sentiment analysis at scale is now routine. A brand can monitor every mention 

of its name, products, or campaigns across all major platforms and have each one 

automatically classified as positive, negative, or neutral. Beyond simple 

sentiment, modern systems can detect specific emotions — frustration, 

excitement, confusion — and even sarcasm, which is notoriously hard for 

algorithms to spot. 

Image and video recognition lets brands track mentions even when their name 

is not written anywhere. A user might post a photo with a brand's product visible 

in the background. AI can spot the product and count the impression. This is 

especially valuable for visual-first brands in fashion, food, and lifestyle 

categories. 

Trend detection identifies emerging conversations and rising topics before 

they become mainstream. This gives brands a head start on creating content that 

rides the wave, rather than chasing trends only after they have peaked. 

Influencer discovery uses AI to identify creators whose audiences and content 

align well with a brand's goals — far more accurately than the old method of just 

looking at follower counts. AI can detect fake followers, fake engagement, and 

audience-mismatched creators that would once have wasted significant budgets. 

Competitor benchmarking compares a brand's performance against 

competitors automatically and continuously, surfacing where the brand is winning 

and where it is falling behind on each metric. 
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Tools Used Today 

Several tools dominate this space. Sprout Social, Hootsuite, and Buffer are 

popular among small and medium businesses. Brandwatch, Talkwalker, and 

Sprinklr are used by large enterprises with serious listening needs. Meta Business 

Suite provides built-in analytics for Facebook and Instagram. YouTube Studio 

does the same for YouTube. For Indian brands, platforms like Konnect Insights 

and Locobuzz offer strong regional language analytics, which matters greatly in a 

country with such linguistic diversity. 

 

Figure 6.1: Key Social Media Analytics Capabilities Powered by AI 

Indian Examples 

A few examples bring this to life. 

Zomato is famous for its witty social media presence, but behind the jokes lies 

serious analytics. The team studies which kinds of posts get shared, which 

references to current events land well with the audience, and which lines should 

not be crossed. 

Tata Group runs sophisticated social listening across all its brands, monitoring 

what customers say about everything from Tata Motors to Tata Salt to Tanishq, 

allowing the larger group to respond quickly to issues that affect reputation. 

Swiggy and Zomato track sentiment around delivery times, food quality, and 

customer service in real time. A sudden spike in complaints in a specific city can 

prompt operational changes within hours rather than weeks. 
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Mamaearth and similar direct-to-consumer brands use analytics to understand 

which ingredients and product claims are generating buzz, helping shape future 

product development decisions. 

ICICI Bank and other large banks monitor social media for service complaints 

and respond through their official handles, often resolving issues that would 

otherwise have generated calls to customer service centres. 

AI in Influencer Marketing 

One area worth highlighting separately is influencer marketing. Brands now spend 

significant budgets on creators across Instagram, YouTube, and other platforms, 

and AI has reshaped how these partnerships are managed. 

Identifying the right creator used to be guesswork. Brands chose influencers 

based on follower count, which often led to disappointing results because large 

follower counts say nothing about whether those followers actually engage or 

whether they overlap with the brand's target audience. AI-driven influencer 

platforms now analyse each creator's audience demographics, engagement 

quality, brand affinity, and historical campaign performance. The result is much 

more precise matching between brands and creators. 

Detecting fake followers and inflated engagement is another area where AI 

plays a major role. Sophisticated algorithms identify suspicious follower patterns, 

bot-driven likes, and engagement pods that artificially boost numbers. Indian 

platforms like Influencer.in and Plixxo, along with global tools like CreatorIQ and 

Aspire, all use AI to keep brands from wasting money on creators whose influence 

is not what it appears to be. 

Campaign measurement has also improved. AI now tracks not just direct 

engagement on sponsored posts but downstream effects — how brand mentions, 

search interest, and even purchase intent shift after an influencer campaign. This 

makes influencer marketing more accountable and easier to justify to finance 

teams. 

AI for Scheduling and Posting Optimisation 

Beyond analytics and targeting, AI helps with the practical question of when and 

what to post. Most major social media management tools now include AI-driven 

scheduling that studies past performance and recommends the best times to 

publish each kind of content. A B2B brand may find that LinkedIn posts perform 

best on Tuesday and Wednesday mornings. A fashion brand may find Instagram 
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engagement peaks on weekend evenings. AI surfaces these patterns automatically 

rather than leaving them buried in spreadsheets. 

AI also assists with content format choices. Should this announcement go out 

as a Reel, a carousel post, a Story, or a static image? Different formats reach 

different audiences and serve different goals. Platforms like Buffer and Sprout 

Social now suggest formats based on the topic and the brand's past performance 

with each format. 

The Rise of Social Commerce 

Social media is no longer just where customers discover brands — it is 

increasingly where they buy. Instagram Shops, Facebook Marketplace, WhatsApp 

catalogues, and Meesho's social-driven model in India have blurred the line 

between social platform and e-commerce store. 

AI sits in the middle of this shift. Product tagging in photos and videos is 

automated. Recommendations within social feeds are personalised. Live shopping 

events, where creators sell products in real time on Instagram or YouTube, are 

managed and measured with AI. Indian platforms like Meesho, GlowRoad, and 

Roposo Clout have built their businesses on this social commerce wave, and 

traditional retailers are scrambling to catch up. 

6.2 AI-Based Audience Targeting 

Why Targeting on Social Is So Powerful 

Social platforms know an enormous amount about their users. People declare their 

age, location, education, work, and relationship status. They tell platforms what 

they like through every follow, like, comment, and share. They reveal their 

behaviour through every scroll pause, video replay, and click. They expose their 

social graph through who they know and who they interact with. 

This depth of information is what makes social media advertising different 

from traditional advertising. Where a newspaper ad reaches everyone who reads 

that paper, a social media ad can reach just the specific people the brand wants — 

defined not by broad strokes but by very specific characteristics. 

The Three Data Sources 

A social platform's targeting capability is built on three layers of data. 
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Declared data is what users provide directly — age, gender, location, 

language, education, job, interests they have selected. This data is the cleanest but 

only covers what users choose to share. 

Behavioural data is what users do on the platform — what they like, comment 

on, share, watch, click, ignore. This data is far richer than declared data and 

reveals what users actually care about, as opposed to what they say they care 

about. 

Inferred data is what the platform's algorithms work out by combining 

declared and behavioural data with other signals. The platform might infer that a 

particular user is likely to be a parent of a toddler, or planning a wedding, or about 

to buy a car, even when the user has never directly said any of these things. 

Types of Targeting Available 

A few main types of targeting are common across major platforms. 

Demographic targeting is the most basic — age, gender, location, language, 

education. It is widely used because it is reliable and easy to understand. 

Interest-based targeting reaches users based on the topics, brands, and content 

they engage with. A travel brand might target users interested in travel content, 

fashion brands, and wanderlust-themed Instagram accounts. 

Behavioural targeting reaches users based on patterns of behaviour — 

frequent online shoppers, recent app installers, video watchers, users who have 

engaged with similar brands. This often performs better than interest targeting 

because actions are more reliable than stated interests. 

Lookalike audiences are one of the most powerful tools. The brand provides 

a list of its best customers, and the platform finds other users who resemble them 

in their digital behaviour. This is Meta's signature offering and is used by virtually 

every serious advertiser on the platform. 

Custom audiences are made up of users the brand already knows — past 

customers, website visitors, email subscribers — and allow the brand to retarget 

them on social platforms with relevant follow-up messages. 

Connection targeting reaches users based on their relationship to the brand's 

existing followers — friends of fans, for example — making it possible to use a 

brand's existing community as a doorway to new audiences. 
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How AI Has Transformed Targeting 

Targeting on social platforms used to involve manual setup of dozens of 

parameters. Today, AI has largely taken over this work. 

Automatic optimisation systems like Meta Advantage+ and Google 

Performance Max take a goal — say, conversions or leads — and figure out the 

best targeting, bidding, and creative combinations on their own. The advertiser 

provides the budget, the goal, and some creative options. The system handles the 

rest, often outperforming manually configured campaigns. 

Real-time bidding adjustments happen many times per second. The system 

decides how much to bid for each potential impression based on its estimate of 

how valuable that impression is, given the user, the context, and recent 

performance trends. 

Creative optimisation tests multiple versions of an ad in real time and shifts 

budget toward the versions that perform best, while still keeping enough variation 

to keep learning what works. 

Audience expansion lets the system go beyond the audience the advertiser 

initially defined, finding similar users who are likely to respond well even though 

they were not on the original list. 

The Indian Market Context 

Indian advertisers have adopted these tools widely. Flipkart, Amazon India, 

Myntra, and most e-commerce brands rely heavily on automatic targeting 

systems. Direct-to-consumer brands like Mamaearth, boAt, and Sugar have grown 

rapidly thanks to AI-driven advertising on Meta and Google. Educational brands 

like Byju's and Unacademy use lookalike audiences extensively to find students 

and parents who resemble their best converters. The level of sophistication has 

risen sharply over the past five years, and even small businesses now run AI-

driven campaigns that would once have required a specialist agency. 

Privacy and the Shift to Privacy-First Targeting 

A major shift is under way. Apple's App Tracking Transparency policy, Google's 

changes to third-party cookies, and laws like India's Digital Personal Data 

Protection Act of 2023 are all narrowing what platforms can track and share. 

In response, advertising is moving toward privacy-first methods. First-party 

data is becoming more important — the data a brand collects directly from its own 
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customers with their consent. Conversions API tools allow brands to share their 

own data with ad platforms securely, helping the platforms optimise without 

relying on third-party tracking. AI is taking on a larger role in working with 

smaller, cleaner datasets to deliver good results even with less raw information 

than was available a few years ago. 

 

Figure 6.2: AI-Driven Audience Targeting Layers 

6.3 Chatbots and Customer Engagement 

Why Chatbots Have Taken Off 

Customers expect quick responses. They do not want to wait on hold for fifteen 

minutes to ask a simple question about their order. They do not want to send an 

email and wait two days for a reply. They want answers in seconds, ideally 

without leaving the platform they are already on. 

Chatbots fill this gap. They handle the routine, repetitive questions — order 

status, return policy, store hours, basic product information — automatically and 

instantly, around the clock. They free up human customer service agents to handle 

the harder, more sensitive issues that truly require human judgment. 

On social media platforms, chatbots have become especially common. 

Facebook Messenger, Instagram DMs, and most importantly WhatsApp Business 

have all become major chatbot channels, particularly in India where WhatsApp is 

the dominant messaging app and where reaching customers there feels more 

natural than asking them to download yet another app. 
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Types of Chatbots 

Two broad types are worth distinguishing. 

Rule-based chatbots follow scripts. The user sees a menu of options, picks 

one, sees the next menu, picks again, and eventually reaches an answer. These 

bots are predictable but rigid — they only handle the situations they have been 

programmed for, and they break when the user goes off-script. 

AI-powered chatbots, particularly the new generation built on large language 

models, can understand free-form questions in natural language. The user can ask 

anything in their own words and the bot will try to understand and respond. These 

bots are far more flexible but also harder to control — they may produce wrong 

answers if not carefully managed. 

Most modern chatbots combine both approaches. They use rules and 

structured flows for predictable interactions like order tracking and AI to handle 

the unexpected questions that fall outside the script. 

What Chatbots Do in Marketing 

The range of uses is wide. 

Customer service is the most common application. Order tracking, returns, 

basic troubleshooting, account questions — chatbots handle these efficiently for 

millions of customers, often resolving issues entirely without human help. 

Product discovery is a growing use case. A chatbot can ask a few questions 

about the user's needs and suggest matching products. A skincare brand might ask 

about skin type and concerns, then recommend a routine. A travel brand might 

ask about destination preferences and budget, then suggest packages. 

Lead capture happens when a chatbot collects information from interested 

prospects who can then be followed up by a sales team. This is especially common 

in real estate, finance, and education, where the chatbot handles the initial 

qualification before passing warm leads to humans. 

Order placement is now common in many categories. Customers can browse 

and order products entirely within a WhatsApp conversation with a brand's 

chatbot, without ever needing to open a separate app or website. 

Appointment booking is widely used by clinics, salons, gyms, and similar 

service businesses where the customer needs to pick a specific time slot. 
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Indian Examples 

Indian companies have embraced chatbots enthusiastically. 

HDFC Bank's Eva and SBI's SIA are well-known examples of banking 

chatbots in India, handling millions of customer queries every month about 

balances, statements, transfers, and basic service requests. 

JioMart on WhatsApp lets users browse, add to cart, and place grocery orders 

within a chat conversation, demonstrating how an entire shopping experience can 

live inside a messaging app. 

MakeMyTrip's chatbot handles a large share of customer queries about 

bookings, cancellations, refunds, and itinerary changes, smoothing what used to 

be a phone-call-heavy customer service operation. 

Tata CLiQ and Myntra use chatbots for style advice, product 

recommendations, and order support across their apps. 

Haptik, Yellow.ai, and Verloop.io are Indian companies that build chatbot 

platforms used by brands across sectors. Their support for Indian languages — 

Hindi, Tamil, Telugu, Bengali, Marathi, and more — has been a key differentiator 

in a market where most customers prefer to interact in their own language rather 

than in English. 

Government departments and public services have also adopted chatbots. 

From the MyGov chatbot to various state-level service bots, public-facing 

services are increasingly accessible through familiar messaging platforms. 

The LLM Revolution and Beyond 

The rise of large language models has transformed what chatbots can do. Earlier 

chatbots could handle only the scenarios they were explicitly trained for. Modern 

LLM-powered bots can handle almost any question, generate fluent responses, 

and even adapt their tone to match the conversation. 

This is not without risks. LLM-based bots can produce wrong answers 

confidently. They can be manipulated through prompt injection. They can 

sometimes say things the brand would never approve of. Careful design — 

including safeguards, fallbacks to humans, and continuous monitoring — is 

essential. 

The frontier is moving beyond chatbots to richer AI-powered engagement. AI 

now manages comment moderation on busy social posts, flagging or hiding 
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inappropriate content automatically. It drafts replies to common comments for 

human approval. It identifies high-value users and routes them to special attention. 

It can even generate personalised video responses to specific customers in some 

advanced setups. 

Limitations and Best Practices 

For all their benefits, chatbots can also frustrate customers when poorly designed. 

A bot that fails to understand a simple question, that loops endlessly through 

menus, that refuses to escalate to a human when needed — these are common 

complaints. A bad chatbot can damage trust faster than no chatbot at all. 

Good chatbot design follows a few principles. Be clear about being a bot, not 

a human. Make escalation to a human easy and visible at every step. Handle the 

most common questions exceptionally well, rather than trying to do everything 

mediocrely. Use the conversation history — do not make customers repeat 

themselves. Sound natural and on-brand, not robotic. And measure outcomes — 

not just chat completion rates, but actual problem resolution and customer 

satisfaction. 

When chatbots are designed well, they make customers' lives easier and free 

human teams to focus on what humans do best. When designed poorly, they 

become one more obstacle between the customer and the answer they need. 

Chapter Summary 

• Social media analytics turns vast amounts of platform data into meaningful 

insights, operating at four levels — descriptive, diagnostic, predictive, and 

prescriptive. 

• Key metrics include reach, engagement rate, share of voice, sentiment, 

follower growth, click-through rate, and video completion rate. 

• AI powers sentiment analysis at scale, image and video recognition, trend 

detection, influencer discovery, and competitor benchmarking. 

• Common tools include Sprout Social, Hootsuite, Brandwatch, Talkwalker, 

Sprinklr, plus Indian platforms like Konnect Insights and Locobuzz. 

• Social platforms offer powerful targeting through three layers of data — 

declared, behavioural, and inferred. 
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• Main targeting types include demographic, interest-based, behavioural, 

lookalike audiences, custom audiences, and connection targeting. 

• AI has automated much of targeting through Meta Advantage+, Google 

Performance Max, and similar systems that handle bidding, audience 

selection, and creative optimisation. 

• Privacy laws (DPDP Act 2023, GDPR) and platform changes (Apple ATT, 

cookie deprecation) are pushing the industry toward privacy-first targeting 

that relies more on first-party data. 

• Chatbots have become essential for customer engagement, especially on 

WhatsApp Business, with use cases spanning customer service, product 

discovery, lead capture, order placement, and appointment booking. 

• Two main chatbot types — rule-based and AI-powered (LLM-based) — 

are usually combined in modern systems. Good design requires clarity, 

easy escalation, and continuous improvement. 

Review Questions 

1. Define social media analytics and explain the four levels at which it 

operates with examples. 

2. Describe any five key metrics in social media marketing and explain why 

each matters. 

3. How does AI power modern social media analytics? Discuss any four 

specific capabilities. 

4. Explain declared, behavioural, and inferred data in the context of social 

media targeting. 

5. Discuss any four types of audience targeting available on social platforms 

with examples. 

6. How is privacy regulation changing social media advertising? What is the 

industry's response? 

7. Distinguish between rule-based and AI-powered chatbots, with examples 

of each. 

8. Discuss the main uses of chatbots in marketing today, with Indian 

examples for each. 
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9. What are the principles of good chatbot design? Why can a poorly 

designed chatbot damage customer trust? 

Looking Ahead 

From social media we now turn to another vital battleground for brand attention 

— search engines. Chapter 7 will examine how artificial intelligence is reshaping 

search algorithms, keyword research, and the future of SEO. We will look at how 

Google and other search platforms have become semantic rather than syntactic, 

what zero-click searches mean for marketers, and how voice and multimodal 

search are changing the way customers find what they need. 
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CHAPTER 7 

Search Engine Optimization and AI 

Type any question into Google today, and watch what happens. Just a few years 

ago, you would have seen a clean list of ten blue links, each one taking you to a 

separate website to find your answer. Today, the experience is different. At the 

top of the page, an AI-generated summary often appears, drawing from many 

sources and presenting a direct answer to your question. The traditional links are 

still there, but lower down, and many users no longer scroll to them. 

This shift, gradual but unmistakable, is changing the entire field of search 

engine optimisation. The discipline that has guided how brands appear on Google 

for the past quarter-century is undergoing its biggest transformation since its birth. 

In Chapter 2, we mentioned search engine marketing as one of the major 

channels of digital marketing. We come back to it now with much more depth, 

because the world of search has been reshaped by artificial intelligence in ways 

that every marketer needs to understand. The old playbook of keyword stuffing, 

link building, and ranking tricks no longer works the way it once did. The new 

playbook is being written in real time. 

This chapter looks at three parts of that transformation. First, we will see how 

AI is reshaping search algorithms themselves — how Google, Bing, and newer 

search tools like Perplexity and ChatGPT understand and rank content. Second, 

we will explore keyword research and content optimisation in the AI era, where 

strategies that worked five years ago no longer suffice. Third, we will look at the 

future — voice search, multimodal search, AI agents, and the evolving role of 

SEO in a world where AI sits between every user and every website. 

7.1 AI in Search Algorithms 

A Brief History to Set the Stage 

For most of its history, Google's search algorithm was a sophisticated but largely 

rule-based system. It crawled the web, indexed pages, and ranked them based on 

hundreds of factors — keywords on the page, the number and quality of links 

pointing to it, page speed, mobile friendliness, and so on. Marketers learned these 

factors and optimised their pages to win higher rankings. 
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This worked, but it had a problem. Pages could be optimised for the rules even 

if they were not actually useful to readers. Keyword stuffing, link farms, and 

various tricks could push poor content to the top of search results. Google fought 

back with frequent algorithm updates that penalised bad practices, but the cat-and-

mouse game never really ended. 

The big shift came with the introduction of AI into the algorithm itself. Once 

Google's ranking system could learn from data — what users actually clicked on, 

what they stayed to read, what they searched for next — the old rule-bending 

tactics became less effective. AI did not need to be told what "useful" looked like. 

It could figure it out. 

The Major AI Milestones in Search 

A few milestones stand out in this evolution. 

RankBrain, introduced in 2015, was Google's first major use of machine 

learning in its core algorithm. It helped Google understand the meaning behind 

queries, especially queries it had never seen before. If someone searched for "best 

place to eat noodles near Connaught Place", RankBrain could connect "place to 

eat" with "restaurant", "noodles" with "Asian food", and figure out the intent even 

without an exact keyword match. 

BERT, introduced in 2019, took this further. BERT was a language model that 

helped Google understand the relationships between words in a query, including 

small words like "for" and "to" that change meaning significantly. For example, 

"can you get medicine for someone at a pharmacy" and "can you get medicine 

without a prescription" mean very different things, even though they share several 

words. BERT helped Google distinguish such cases reliably. 

MUM, introduced in 2021, was Google's most powerful search model yet. It 

could understand queries across languages, formats, and modalities. A user could 

ask a complex question — "I have hiked Mount Adams and want to hike Mount 

Fuji next fall, what should I do differently?" — and MUM could parse the 

comparison, draw from multilingual sources, and provide a useful answer. 

The Search Generative Experience, often called SGE, and the AI Overviews 

that followed, rolled out widely from 2024 onward, marked a new chapter. Now, 

instead of showing only links, Google's results often include a generated summary 

at the top, written by AI, drawing from multiple sources to directly answer the 

user's query. 
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Bing followed a similar path, integrating GPT-based search through its 

Copilot feature. Newer entrants like Perplexity, You.com, and ChatGPT's search 

capability have built their entire products around AI-generated answers rather than 

traditional link lists, redefining what a search engine looks like. 

 

Figure 7.1: Evolution of Search — From Keywords to AI-Generated Answers 

What This Means for Marketers 

The implications for marketers are significant. 

Search has become semantic rather than syntactic. Google does not just match 

keywords; it understands meaning. Content that is genuinely useful, that addresses 

the actual question behind the search, performs better than content that has the 

right keywords but says little of value. 

Search intent matters more than ever. A query like "Apple" might mean the 

fruit, the company, or something else entirely. AI-powered search reads context 

— recent searches, location, time of day — to figure out which meaning is 

intended, and shows results that match. 

E-E-A-T has become central to how Google judges content. The letters stand 

for Experience, Expertise, Authoritativeness, and Trustworthiness. Google has 

been explicit about looking for content that demonstrates each of these. Author 

credentials, citations, original research, and transparency about who is behind the 

content all matter more than they used to. 

The rise of zero-click searches is a critical change. When Google provides a 

direct AI-generated answer at the top of results, many users get what they need 

without clicking through to any website. This is great for users but challenging 

for content sites that depend on search traffic for revenue. 
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Brands that once optimised purely for clicks must now also optimise for 

visibility — appearing in the AI summary itself, being cited as a trusted source 

even if no click follows. This is sometimes called Generative Engine 

Optimisation, and it is becoming a discipline of its own. 

7.2 Keyword Research and Optimization 

What Keyword Research Means 

Keyword research is the practice of identifying the words and phrases that people 

actually use when searching for information related to a brand's products or 

services. It is the foundation of search marketing — get this wrong, and everything 

that follows is misdirected. 

Traditional keyword research relied on tools that showed search volumes, 

competition levels, and related terms. Marketers would identify high-volume 

keywords, optimise pages for them, and hope to rank. The approach worked, but 

it tended to produce shallow content and thin pages targeting overlapping 

keywords. 

The AI Shift in Keyword Research 

AI has changed the approach in several ways. 

AI tools now cluster related keywords automatically, grouping dozens or 

hundreds of variations into topic clusters. Instead of optimising one page for "best 

running shoes" and another for "top running shoes" and another for "running shoes 

review", marketers can create one comprehensive page that covers the whole 

cluster naturally. 

AI tools identify content gaps — topics related to a brand's offering that 

competitors are covering but the brand is not. They suggest specific topics likely 

to attract traffic. They predict ranking potential based on current authority and 

competitive density. They even draft outlines and starter content for new pages. 

Tools like SEMrush, Ahrefs, Moz, Surfer SEO, Frase, and Clearscope have 

all integrated AI features that go far beyond what traditional keyword tools used 

to do. Many marketing teams now use these tools daily for everything from 

strategy planning to individual article briefs. 
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Types of Keywords 

A useful classification helps focus the work. 

Head terms are short, high-volume keywords like "shoes" or "phones". They 

get massive search volume but are extremely competitive and often have 

ambiguous intent. Ranking for them is hard and the visitors who arrive may or 

may not be ready to act. 

Long-tail keywords are longer, more specific phrases like "best running shoes 

for flat feet under five thousand rupees". Individually, each long-tail keyword gets 

less traffic. Together, they often account for the majority of searches and convert 

better because intent is clearer. 

Question keywords are phrases that start with what, how, why, when, where, 

or who. They have exploded in volume as voice search has grown and as users 

have become more comfortable asking conversational questions of search 

engines. 

Local keywords include geographic modifiers — "cafe near me", "best dentist 

in Indiranagar", "Tata Cliq store in Delhi". Local intent is strong and often drives 

in-store visits or local service bookings within a short time of the search. 

Search Intent Classification 

Modern keyword research goes beyond just finding keywords to classifying them 

by intent. Four broad categories help. 

Informational intent — the user wants to learn something. They are not ready 

to buy. Content should educate. 

Navigational intent — the user wants to reach a specific website. They already 

know the brand. Content should make finding the right page easy. 

Transactional intent — the user wants to buy something or complete an action. 

Content should make conversion easy with clear calls to action. 

Commercial investigation — the user is researching before a future purchase. 

Content should compare options, review products, and build confidence. 

Different content suits different intents. Trying to rank a product page for an 

informational query rarely works, because the user is not yet ready to buy. 

Aligning content to the right intent is one of the most important shifts modern 

SEO has made. 
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Table 7.1: The Four Types of Search Intent 

Intent Type What the User Wants Example Query 

Informational To learn or understand 

something 

"How does machine learning 

work?" 

Navigational To reach a specific 

website or page 

"Flipkart customer care" 

Transactional To buy or complete an 

action now 

"Buy iPhone 16 online India" 

Commercial 

Investigation 

To research options 

before a future purchase 

"Best laptops under 60000 

rupees" 

Content Optimisation in the AI Era 

Once keywords are chosen, content has to be optimised. The basics remain — 

well-structured pages, clear titles and headings, useful meta descriptions, fast 

loading speeds, mobile responsiveness, internal linking, and schema markup that 

helps search engines understand what each page is about. 

What has changed is the quality bar. With AI generating so much content, 

search engines have become aggressive about rewarding originality, depth, and 

demonstrable expertise. A five-hundred-word blog post that summarises what is 

already widely available no longer ranks. A three-thousand-word original guide 

with unique insights, original data, and clear author credibility does much better. 

Topic clusters and pillar pages have become a popular structure. A pillar page 

covers a broad topic comprehensively. Cluster pages cover specific sub-topics in 

depth. All cluster pages link back to the pillar, and the pillar links to all clusters. 

This structure signals topical authority to search engines and provides a strong 

user experience for visitors who want to explore a subject thoroughly. 

The AI Content Dilemma 

A natural question — can brands use AI to write their SEO content? 

The answer is yes, but with care. Pure AI-generated content tends to be generic 

and rarely ranks well on its own. Google has stated that it does not penalise AI 
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content as such; what it penalises is low-quality, unhelpful content, whether 

produced by humans or machines. 

The successful pattern today is to use AI as a first-draft generator and then add 

what only humans can add — original research, expert commentary, real 

examples, genuine experience, and editorial polish. Content created this way often 

outperforms both pure AI content and pure human content, because it combines 

the speed of AI with the credibility of human expertise. 

Technical SEO in the AI Era 

Technical SEO is the layer that helps search engines crawl, understand, and index 

a website properly. Even with the rise of AI, this foundation still matters — 

perhaps more than ever, because AI systems depend on clean, well-structured data 

to make sense of pages. 

Core technical SEO elements include site speed, mobile responsiveness, 

secure HTTPS connections, clear URL structures, properly configured robots files 

and sitemaps, canonical tags to handle duplicate content, and schema markup that 

describes pages in machine-readable form. A site that fails on these basics rarely 

ranks well, no matter how good its content is. 

Schema markup has grown particularly important in the AI era. Schema is a 

vocabulary of tags that tell search engines what kind of content a page contains 

— a product, a recipe, an event, an article, a review, a frequently asked question. 

Pages with rich schema markup are more likely to appear as featured snippets, in 

AI Overviews, and in voice search results. For Indian e-commerce, recipe sites, 

news platforms, and service businesses, investing in schema can produce visible 

gains within weeks. 

Link Building and Authority in the AI Era 

Links from other websites have been a major ranking factor in Google's algorithm 

for over two decades, and they remain important today, although the way they are 

evaluated has changed. 

Pure link quantity matters far less than it used to. A hundred low-quality links 

from random directories will not move the needle. A handful of links from 

reputable sites in the same field can make a real difference. Google's AI is good 

at distinguishing genuine editorial mentions from artificially placed links, and 

brands that engage in manipulative link building risk penalties. 
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The modern approach to building authority focuses on earning mentions and 

citations through genuine value. Publishing original research that others want to 

cite. Building relationships with journalists, bloggers, and industry experts. 

Participating meaningfully in industry conversations. Creating tools, guides, and 

resources that naturally attract links. The pay-off is slower than the old shortcut 

methods, but it is also more lasting and far less risky. 

Optimising for AI Overviews and Direct Citations 

With AI Overviews now appearing on a growing share of search results, 

optimising specifically for inclusion in these summaries has become a discrete 

skill. 

Content most likely to be cited in AI Overviews tends to share a few 

characteristics. It answers questions directly and concisely, usually within the first 

paragraph. It provides clear, factual information with verifiable claims. It includes 

specific data, statistics, and examples rather than vague generalisations. It is well-

structured with clear headings, lists, and tables. It cites authoritative sources. And 

it comes from domains that have built up topical authority over time. 

For Indian brands, optimising for AI citations is especially important in 

categories like financial services, healthcare, education, and travel — where users 

frequently ask informational questions before making decisions. A brand that 

consistently appears in AI Overviews for relevant queries builds awareness even 

without traditional clicks. 

Indian SEO Examples 

A few examples from the Indian market make these ideas concrete. 

MakeMyTrip and Yatra invest heavily in SEO for travel-related queries — 

destinations, flight routes, hotel comparisons, holiday packages. Their content 

covers thousands of long-tail queries that users type when planning trips, and their 

pages are structured to win featured snippets for common questions about visas, 

baggage rules, and travel times. 

Zerodha's Varsity has become a model of educational SEO in the finance 

category. By producing genuinely deep, original content about stock markets, 

taxation, and investing — written by experts rather than by generic content 

factories — Zerodha has built a position where its pages rank for serious financial 

queries that drive real account openings. 
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BankBazaar, PolicyBazaar, and Paisabazaar dominate financial product 

comparison searches through carefully built topic clusters covering everything 

from credit cards to home loans to health insurance. Their structured comparison 

pages and detailed guides illustrate how a content cluster strategy can capture an 

entire category over time. 

Indian news publishers like The Hindu, Hindustan Times, and Times of India 

compete intensely for news-related searches. They use AI tools to spot trending 

topics, optimise headlines, and structure articles for search visibility, all while 

maintaining editorial standards. 

Tata 1mg, PharmEasy, and Apollo 24x7 have built strong rankings in health-

related searches by combining medically reviewed content with proper schema 

markup, author credentials, and clear citations. In a sensitive category where 

Google looks closely at expertise and trustworthiness, this approach pays off in 

steady, hard-to-displace rankings. 

7.3 Voice Search and Future Trends 

The Rise of Voice Search 

Voice search has grown alongside the spread of smart assistants. Amazon's Alexa, 

Apple's Siri, Google Assistant, and Samsung's Bixby have put voice-based search 

into hundreds of millions of homes and pockets worldwide. 

In India, voice search has special importance. Many users prefer speaking in 

Hindi or regional languages over typing in English, especially for queries that 

involve names, places, or specific words that are hard to spell. The growth of 

affordable smartphones and improved voice recognition for Indian languages has 

made voice search a daily habit for users who might never have used a search 

engine comfortably otherwise. 

The percentage of searches happening by voice has grown steadily, 

particularly among mobile users, in cars, and in homes with smart speakers. For 

some Indian user segments, voice may already be the dominant mode of search. 

How Voice Search Differs from Text Search 

A few differences matter for marketers. 
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Voice queries are longer and more conversational. A typed search might be 

"weather Delhi tomorrow". A voice search might be "what is the weather going 

to be like in Delhi tomorrow morning?" 

Voice queries are often question-based. "What is", "how do I", "where can I" 

are common openings. The framing is closer to how people speak with each other 

than how they type into a search box. 

Voice queries frequently have local intent. "Find a chai shop nearby." "Book 

a salon near me." "Open hours of the closest medical store." The user is often 

acting in the moment and wants something close by. 

Voice search results are usually a single spoken answer, not a list. If your 

content is not the one chosen, you may not be heard at all. The winner takes most 

of the value, making voice search even more competitive than text search. 

Voice Search Optimisation 

Optimising for voice search builds on the basics of SEO but emphasises a few 

things. 

Natural language content matters. Pages written in question-and-answer 

format, or in clearly structured FAQ sections, are more likely to be picked up by 

voice assistants. Writing the way people actually speak — and the way they 

actually ask — gives content a meaningful edge. 

Featured snippet optimisation is closely linked to voice search. Voice 

assistants often read out the featured snippet that appears at the top of Google's 

results. Getting your content into the featured snippet is one of the best ways to 

win voice queries in your category. 

Local SEO is especially important for voice. Claiming and optimising Google 

Business Profile listings, getting reviews, ensuring accurate hours and contact 

information — these all matter for being found by voice. A local business that 

ignores its online listings is invisible to voice search even if it has a thriving offline 

presence. 

Page speed and mobile experience continue to be ranking signals that affect 

voice search outcomes. For Indian brands, voice search optimisation in regional 

languages is a growing opportunity. Tools and platforms supporting Hindi, Tamil, 

Telugu, Bengali, Marathi, and others are improving rapidly, and brands that move 

early into multilingual voice search will have an advantage. 
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Multimodal and Visual Search 

Voice search is only one piece of a bigger shift. Several emerging trends point to 

where search is going. 

Multimodal search lets users combine different inputs in one query — text, 

image, voice, video. Google Lens already lets users point their camera at an object 

and search for it. Combining an image with a question — "what is this and where 

can I buy it cheaper?" — is becoming a common search pattern. 

Visual search has grown alongside this. Pinterest Lens, Amazon's image 

search, and similar tools let users search by photo. Shopping for clothes by 

snapping a photo of an outfit you saw on the street is now a real behaviour for 

many shoppers, especially younger users. 

For marketers, this means product images and visual content need to be 

optimised not just for human viewers but for machine vision. Clear photos, 

structured product feeds, alt text, and visual context all help AI understand what 

is in an image and match it to relevant searches. 

The Rise of AI Agents 

AI agents are the most disruptive trend on the horizon. Soon, users may simply 

tell an AI assistant what they want — "find me a hotel in Goa for next weekend 

within twenty thousand rupees, with a good pool, near the beach" — and the agent 

will do all the searching, comparing, and even booking on their behalf. The user 

may never directly visit any travel website. 

In this future, the question for marketers is not just how to rank in search but 

how to be the source the AI agent chooses. This may mean ensuring product feeds 

are clean and structured, API integrations are reliable, and brand information 

across the web is consistent and authoritative. 

The traditional SEO of ten blue links is fading. A new discipline — sometimes 

called Generative Engine Optimisation, or AI Search Optimisation — is emerging 

in its place. It involves optimising for citations within AI-generated answers, 

providing structured data that AI systems can parse confidently, and building the 

kind of credibility and consistency that makes a brand the natural choice for AI 

agents to reference and recommend. 
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What This Means for SEO Professionals 

For SEO professionals, the implications are profound. The traditional skills — 

keyword research, on-page optimisation, link building, technical SEO — are not 

going away, but their relative importance is shifting. 

New skills are emerging. Understanding how AI models rank and cite sources. 

Optimising for AI Overviews and direct citations. Working with structured data, 

knowledge graphs, and APIs. Building genuine authority and credibility that no 

algorithm trick can fake. 

The SEO professionals who thrive in this new environment will be those who 

treat AI not as a threat but as a new layer they need to understand and work with. 

The fundamentals — quality content, useful answers to real questions, strong 

technical foundations — remain. Everything else is changing, and changing fast. 

Local SEO in the Age of AI 

For businesses with a physical presence — shops, clinics, restaurants, salons, 

coaching centres — local SEO is often more valuable than general SEO. A search 

like "best dosa near me" or "laptop repair in Sector 17" produces results dominated 

by local listings, not by big national websites. 

AI has changed local SEO in several ways. Google's algorithm now reads 

contextual signals — the user's exact location, their search history, the time of 

day, current weather, even ongoing events — to decide which local results to 

show. A coffee shop that appears at the top for a morning search may not appear 

at all for an evening one. A restaurant near a stadium may rise sharply in rankings 

on match days. 

Optimising for local search now means more than just listing an address. It 

means actively managing the Google Business Profile, encouraging genuine 

customer reviews, responding to those reviews, posting photos and updates 

regularly, listing accurate business hours, and ensuring consistency of name, 

address, and phone number across the web. Local landing pages on the brand's 

website, written for each specific city or neighbourhood served, also help 

significantly. 

For Indian brands, local SEO has been a quiet success story. A small clinic in 

Pune, a salon in Lucknow, a coaching institute in Indore — all can now build a 

meaningful online presence through local SEO at a fraction of what traditional 

advertising would cost. AI-powered tools surface the specific actions that would 
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help each business most, levelling the playing field between small local operators 

and large national chains. 

Chapter Summary 

• AI has transformed search algorithms through milestones like RankBrain 

(2015), BERT (2019), MUM (2021), and AI Overviews (2024 onward). 

• Search has become semantic — engines now understand meaning and 

intent, not just keyword matches. 

• E-E-A-T (Experience, Expertise, Authoritativeness, Trustworthiness) is 

the central quality framework for modern SEO. 

• Zero-click searches are rising as AI gives direct answers in search results, 

challenging traditional traffic-based content strategies. 

• Keyword research has shifted toward topic clusters, content gaps, and 

intent classification (informational, navigational, transactional, 

commercial investigation). 

• Tools like SEMrush, Ahrefs, Moz, Surfer SEO, Frase, and Clearscope 

have integrated AI features for clustering, content gap analysis, and 

ranking prediction. 

• AI-generated content can succeed in search when combined with human 

expertise, original research, and editorial polish — pure AI content rarely 

ranks well. 

• Voice search has grown with smart assistants; queries are longer, more 

conversational, often local, and produce a single spoken answer. 

• Voice optimisation emphasises natural language, FAQ structures, featured 

snippets, and strong local SEO. 

• Multimodal and visual search are growing rapidly; AI agents will 

increasingly act as search intermediaries, choosing sources on behalf of 

users. 

• A new discipline — Generative Engine Optimisation — is emerging 

alongside traditional SEO, focused on being chosen and cited by AI 

systems. 
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Review Questions 

1. Briefly trace the major milestones in the use of AI in search algorithms, 

from RankBrain to AI Overviews. 

2. What is E-E-A-T and why has it become important in modern SEO? 

3. Explain the rise of zero-click searches and discuss their implications for 

content marketers. 

4. Distinguish between head terms, long-tail keywords, question keywords, 

and local keywords with examples. 

5. Explain the four types of search intent with one example query for each. 

6. How has AI changed keyword research and content optimisation? Discuss 

any four ways. 

7. How does voice search differ from text search? What practices help 

optimise content for voice? 

8. Discuss any three emerging trends in search — multimodal, visual, or 

agent-driven — and their implications for marketing. 

9. What is Generative Engine Optimisation, and how does it differ from 

traditional SEO? 

Looking Ahead 

From search engines, we now move to one of the most important topics in modern 

marketing — managing customer relationships at scale. Chapter 8 will examine 

how AI is reshaping customer relationship management, customer retention 

strategies, and the design of truly personalised customer experiences across the 

entire lifecycle of the relationship. 
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CHAPTER 8 

Customer Relationship Management with AI 

Think about your relationship with the bank where you have your salary account. 

The bank knows when your salary arrives. It knows your spending patterns. It 

knows which credit card you use most, which mutual funds you have invested in, 

which loan you took, and which insurance products you ignored. Now think about 

the bank you opened your first account with as a student — the one that handled 

the basics, gave you a passbook, and rarely talked to you again. The difference 

between these two relationships is what good CRM looks like. 

Or think about your favourite local restaurant — the one where the waiter 

remembers your usual order, asks about your family, knows you prefer the corner 

table. That intimacy, achieved naturally over years of personal contact, is what 

every brand wishes it could create with millions of customers at once. 

This is the promise of AI-powered customer relationship management. It is 

the attempt to give every customer, no matter how many there are, the feeling of 

being known and remembered. We have already seen pieces of this idea in earlier 

chapters — personalisation in Chapter 5, segmentation in Chapter 4, behaviour 

analysis in Chapter 3. Chapter 8 brings it all together under one roof: the systems 

and strategies that manage every customer relationship across its entire life. 

In this chapter we will look at three areas. First, AI in CRM systems — how 

customer relationship management software has evolved with artificial 

intelligence. Second, customer retention strategies — how AI helps brands keep 

the customers they already have, which is far more profitable than constantly 

finding new ones. Third, personalised customer experiences — the practical work 

of designing every customer touchpoint to feel relevant and tailored. 

8.1 AI in CRM Systems 

What CRM Is, and What It Has Become 

Customer relationship management, often called simply CRM, refers to both a 

philosophy and a set of technologies. The philosophy is straightforward — a brand 

should treat every customer as an individual worth understanding, building a long-

term relationship rather than treating each interaction as a one-time transaction. 
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The technology side is more concrete. A CRM system is software that stores 

everything a brand knows about each customer — contact details, past purchases, 

conversations with the sales team, support tickets, marketing campaigns received, 

and response patterns. The software helps the brand's teams act on this 

information consistently, no matter who in the company happens to be talking to 

the customer. 

CRM as a category has existed since the 1990s. Salesforce, founded in 1999, 

made cloud-based CRM mainstream. Microsoft, SAP, Oracle, HubSpot, Zoho, 

and many others have built large businesses in this space. For most of CRM's 

history, the systems were essentially structured databases with reporting features. 

The intelligence came from human users, not the software. 

The arrival of AI changed this. Modern CRM is no longer just storage. It is 

increasingly an active assistant that suggests what to do, predicts what will 

happen, and even acts on its own in many situations. 

How AI Has Transformed CRM 

Several specific shifts are worth understanding. 

Lead scoring used to be done by hand, with sales managers ranking prospects 

based on gut feel. Today, AI scores every lead automatically based on dozens of 

signals — company size, industry, behaviour on the website, response to past 

communications, similarity to past customers who converted. Sales teams focus 

their time on the high-scoring leads first. 

Next-best-action recommendations help sales and service teams decide what 

to do for each customer. The CRM analyses everything it knows about a customer 

and suggests the most useful action — a follow-up call, a particular offer, a 

relevant piece of content. The recommendations get better as the system learns 

from outcomes. 

Automated data entry has been a quiet revolution. Modern CRMs use AI to 

read emails, log calls, transcribe meetings, and update records automatically. 

Sales people spend less time typing and more time selling. 

Sentiment analysis of customer communications gives early warning of 

dissatisfaction. A customer whose recent emails have taken a sharper tone may 

need attention before they leave for a competitor. 
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Conversation intelligence analyses sales calls in real time, providing tips, 

identifying key moments, and helping sales managers coach their teams more 

effectively. 

Predictive forecasting estimates which deals are likely to close and when, 

allowing leadership to plan more reliably than the old method of asking each sales 

person for their gut estimate. 

Table 8.1: Common AI Features in Modern CRM Systems 

AI Feature What It Does Business Benefit 

Lead Scoring Ranks prospects by 

likelihood to convert based 

on dozens of signals 

Sales focus on the best 

leads first 

Next-Best-Action Suggests the most useful 

action for each customer in 

the moment 

Higher conversion and 

engagement rates 

Automated Data 

Entry 

Reads emails, logs calls, 

transcribes meetings, 

updates records 

Sales people spend 

more time selling, less 

typing 

Sentiment Analysis Detects shifts in tone in 

customer communications 

Early warning before 

customers leave 

Churn Prediction Identifies customers likely 

to stop using the product or 

service 

Targeted retention 

before customers churn 

Forecasting Predicts which deals will 

close and when 

More reliable planning 

for leadership 

Tools That Lead the Market 

A short list helps anchor the picture. 

Salesforce Einstein is Salesforce's AI layer, embedded across all its products. 

It handles lead scoring, opportunity prediction, recommended actions, and 

automated email replies for some of the world's largest sales organisations. 
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Microsoft Dynamics 365 with Copilot brings generative AI into CRM 

workflows. Sales people can ask Copilot to summarise an account, draft a follow-

up email, or prepare for a meeting in plain language. 

HubSpot's AI features are increasingly built into its marketing, sales, and 

service tools, making them accessible to small and mid-sized businesses without 

large IT teams. 

Zoho CRM with its AI assistant Zia is widely used by Indian businesses and 

offers strong AI features at a more affordable price point than Salesforce. Zoho is 

itself an Indian company headquartered in Chennai. 

Freshworks, another Indian company that has grown into a global CRM 

player, embeds AI in its Freshsales and Freshdesk products. Its appeal for Indian 

businesses is particularly strong because of its local sales and support presence. 

Specialised CRMs serve specific industries — banking, healthcare, real estate, 

education, hospitality — and add AI features tailored to those sectors. 

 

Figure 8.1: AI Capabilities Across the Modern CRM Stack 

Where the Value Comes From 

The business case for AI in CRM rests on several arguments. 
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Productivity rises. Sales people stop spending hours each week on data entry 

and routine follow-ups, and can focus instead on the harder work of building 

relationships and closing complex deals. 

Win rates improve. When the system surfaces the right lead at the right 

moment with the right message, conversion goes up across the funnel. 

Customer churn drops. Early warning signs of dissatisfaction get acted on 

before they turn into lost customers. 

Forecasting becomes more reliable. Leaders make better decisions when their 

predictions about future revenue are grounded in data rather than salesperson 

optimism. 

Coaching improves. Conversation intelligence and performance analytics help 

managers identify what the best sales people are doing differently and help others 

learn from them. 

The Indian CRM Landscape 

Indian businesses have adopted CRM at different paces. Large enterprises 

typically use Salesforce, Microsoft Dynamics, or SAP. Mid-sized companies 

often choose Zoho, HubSpot, or Freshworks. Smaller businesses range from 

spreadsheets to entry-level Zoho or HubSpot accounts. 

A few examples bring the picture to life. ICICI Bank, HDFC Bank, and Axis 

Bank use sophisticated CRM systems that draw on AI to recommend products and 

services to each customer based on their financial profile. Asian Paints uses CRM 

to manage its relationships with both end consumers and its enormous network of 

painters, dealers, and contractors. MakeMyTrip uses CRM to track each 

customer's travel preferences, past bookings, and price sensitivity to deliver 

tailored offers. Educational platforms like Byju's and Unacademy use CRM to 

manage student journeys from first enquiry through course completion. Even 

small Indian businesses have begun using CRM-like tools — often as light as 

WhatsApp Business with customer tagging, or as substantial as a full Zoho 

deployment — to track their customer relationships more deliberately. 

B2B and B2C CRM: Different Challenges, Same Foundation 

CRM looks different depending on whether the brand sells to other businesses 

(B2B) or to individual consumers (B2C). 
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B2B CRM tends to handle smaller numbers of customers with much higher 

individual value, longer sales cycles, and complex multi-person decision making. 

A software company selling to large enterprises may have only a few hundred 

named accounts, each worth crores. The CRM tracks dozens of contacts per 

account, multiple decision-makers, lengthy negotiation histories, and intricate 

renewal cycles. AI helps by predicting which accounts are expanding, which are 

at risk, and which prospects are showing intent to buy through signals like website 

visits, content downloads, and event attendance. 

B2C CRM, in contrast, deals with millions of customers, each typically worth 

a smaller amount, with shorter purchase cycles and more impulsive decisions. The 

CRM focuses on segmentation, automated communication at scale, and 

behavioural triggers. AI is critical here for handling volumes that no human team 

could manage manually. A retail brand may not know any individual customer 

well, but its CRM knows what each customer has bought and predicts what they 

might buy next. 

Both models benefit from AI, but in different ways. B2B CRM uses AI for 

depth — deeper understanding of fewer relationships. B2C CRM uses AI for 

breadth — light-touch personalisation across enormous customer bases. Modern 

platforms like Salesforce and HubSpot serve both kinds, with feature sets tuned 

accordingly. 

AI in Customer Service 

Customer service has become one of the most visible areas where AI inside CRM 

systems delivers value. The traditional customer service operation, with rows of 

agents answering phones and emails, has been transformed. 

AI now routes incoming queries to the right agent or chatbot automatically. It 

suggests responses based on past tickets with similar problems. It summarises 

long conversation histories so an agent jumping in can get up to speed in seconds. 

It detects when a customer is becoming frustrated and escalates the case to a senior 

agent. It generates first drafts of email responses that the agent only needs to 

review and adjust before sending. 

Indian customer service operations — from large banks to small e-commerce 

brands — have adopted these capabilities widely. Freshdesk and Zoho Desk are 

popular among Indian businesses, both integrating AI features for ticket routing, 

response suggestions, and quality monitoring. Larger enterprises often run 

Salesforce Service Cloud or ServiceNow with Einstein or similar AI layers. The 
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result is that customers get faster, more accurate responses, while agent 

productivity rises significantly. 

There is a cultural element worth flagging. Indian customers, in many 

categories, value personal contact more than fully automated interactions. The 

smartest brands use AI to make agents more effective rather than to replace them 

entirely. The agent who answers the phone is still human; AI just makes sure they 

have the right information and the right suggested response ready in front of them. 

8.2 Customer Retention Strategies 

Why Retention Matters More Than Acquisition 

There is a well-known idea in marketing that it costs five to seven times more to 

acquire a new customer than to keep an existing one. The exact ratio varies by 

industry, but the principle holds widely. A loyal repeat customer typically 

generates more value, requires less marketing spending, gives better referrals, and 

forgives the occasional mistake more easily than a new customer would. 

For most businesses, modest improvements in retention translate into 

significant improvements in profitability. A retention rate that rises by five 

percentage points can boost profits by anywhere from twenty-five percent to 

nearly one hundred percent, depending on the industry. This is why retention has 

become one of the most important focus areas of modern marketing — and one 

where AI has proven especially valuable. 

The Stages of Retention Strategy 

A complete retention strategy works across several stages. 

Onboarding sets the tone for the relationship. The first days and weeks after a 

customer signs up are when they form their lasting impressions. AI helps 

personalise the onboarding experience — welcome emails that reflect the 

customer's profile, in-app tutorials adjusted to their level, suggested next steps that 

match their goals. 

Engagement keeps the customer interacting with the brand even when they 

are not buying. Useful content, personalised offers, helpful notifications, 

occasional rewards — these maintain the relationship between purchases. 

Renewal and reactivation moments matter especially for subscription 

businesses. Just before a renewal date, AI flags customers who might let their 
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subscription lapse and triggers retention offers or personal outreach from a 

relationship manager. 

Win-back targets customers who have already left or gone quiet. AI identifies 

which lapsed customers are most likely to return and what kind of message would 

bring them back, rather than wasting effort on those who have clearly moved on 

for good. 

Loyalty programmes reward repeat behaviour. Modern loyalty programmes 

have moved far beyond simple points systems. AI personalises rewards, 

recommends ways to earn more, and identifies which customers benefit most from 

premium status. 

AI-Powered Churn Prediction 

Probably the single most powerful AI application in retention is churn prediction. 

As we saw in Chapter 3, predictive models can estimate which customers are 

likely to stop using a service in the near future. 

Once at-risk customers are identified, the brand can act. The action depends 

on the kind of customer. For some, a small discount is enough. For others, a 

personal call from a relationship manager works better. For some, an upgrade or 

a new feature recommendation might re-engage them. The system learns over 

time which interventions work for which types of customers. 

Indian banks, telecom operators, streaming services, and SaaS companies all 

rely heavily on churn prediction. A telecom user who has stopped using data, 

made fewer calls, and visited a competitor's website — all of these signals together 

suggest imminent porting out. Acting on these signals quickly is often the 

difference between keeping the customer and losing them. 

Customer Lifetime Value as a Compass 

Customer lifetime value, or CLV, is the total profit a customer is expected to bring 

across the entire relationship. AI now calculates and updates this number 

continuously for every customer. 

CLV serves as a compass for many decisions. It tells the brand how much it 

can afford to spend on retention — a customer worth one hundred thousand rupees 

in lifetime value justifies a much higher retention investment than one worth five 

thousand. It identifies which customer segments deserve the most attention. It 
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helps decide which acquisition channels are bringing in valuable customers versus 

low-value ones. 

Personalised Retention Strategies 

The most effective retention strategies are highly personalised. A blanket discount 

sent to everyone is less effective than a targeted intervention designed for each 

customer's specific situation. 

For high-value customers approaching potential churn, premium customer 

service, dedicated account management, and exclusive offers work well. The 

brand can afford to spend significantly to keep them. 

For mid-value customers showing engagement drops, personalised content, 

in-app prompts to use under-utilised features, and small incentives can re-energise 

the relationship. 

For low-value customers, efficient automation handles re-engagement at low 

cost, without overspending on people unlikely to generate enough lifetime value 

to justify the effort. 

Indian Retention Examples 

A few Indian examples illustrate these strategies. 

Reliance Jio uses sophisticated retention strategies built on usage data. 

Customers showing signs of dissatisfaction may receive personalised offers, 

network performance updates for their area, or outreach from customer success 

teams. 

Netflix in India personalises its retention by adjusting recommendations, plan 

options, and communication frequency for each user. When viewership drops, the 

system tries different content suggestions and check-in messages. 

CRED has built much of its growth around retention. Its members earn 

rewards for paying credit card bills on time, get exclusive offers, and have access 

to premium features that reward repeat usage. The whole proposition is designed 

to make customers want to stay. 

Amazon Prime in India uses bundle benefits — free delivery, Prime Video, 

exclusive deals — to lock in loyalty. The retention strategy is to make leaving 

Prime feel like losing access to several things, not just one. 
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Tata Neu attempts something similar by tying together loyalty across the Tata 

Group's many brands, so that a customer who shops at BigBasket also earns 

benefits at Tata CLiQ, Air India, and Westside. 

 

Figure 8.2: Customer Retention Lifecycle with AI 

The Limits of Retention Strategies 

A few cautions are worth noting. 

Retention efforts can become annoying. Customers who feel constantly 

badgered with offers, emails, and notifications may leave faster, not slower. The 

right tone and frequency matter enormously. 

Discounts can train bad habits. Customers who learn that a cancellation threat 

unlocks a discount may make such threats repeatedly. Retention strategies should 

not turn into permanent giveaways that destroy profitability. 

Some customers should be allowed to leave. Not every customer is worth 

retaining. Customers who consume far more support than they generate revenue, 

or who are chronically unhappy, sometimes do the brand a favour by leaving. 
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Cultural fit matters. A retention strategy that works in one market may not 

work in another. Indian customers often respond to a warm personal touch in ways 

that purely automated retention systems can miss. The blend of automation and 

human contact has to be calibrated carefully. 

8.3 Personalised Customer Experiences 

What Personalised Customer Experiences Mean 

We have touched on personalisation several times already. In Chapter 5, we 

focused on content personalisation. Here in Chapter 8, we look at the broader 

concept — personalised customer experiences across every touchpoint of the 

relationship. 

The idea is that every interaction a customer has with the brand — from the 

homepage of the website to a phone call with customer service, from the format 

of an email to the layout of the app — should feel relevant to that specific 

customer. Generic experiences feel impersonal. Personalised experiences feel like 

the brand actually knows and cares about each customer. 

The Building Blocks 

Personalised experiences are built on a few foundations. 

A unified customer profile is the starting point. Every piece of information 

about the customer — purchases, conversations, preferences, behaviour across 

channels — must be combined into one record that any part of the company can 

use. Without this, personalisation breaks down because each channel acts on 

partial information. 

Customer Data Platforms, often called CDPs, have emerged to solve this 

problem. Tools like Segment, Tealium, mParticle, and Adobe Real-Time CDP 

gather data from many sources and build unified profiles in real time. Indian 

brands have begun investing in CDPs as their data complexity grows. 

Predictive models, fed by the unified profile, decide what each customer is 

most likely to need at any moment. Content systems — banks of pre-built 

variations, or generative AI that creates fresh content — deliver the right message 

in the right tone. Channels like email, app, website, SMS, WhatsApp, and phone 

distribute the personalised content where the customer is most likely to engage. 
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Measurement loops feed back what worked and what did not, so the system keeps 

learning. 

The Omnichannel Challenge 

A particular challenge is making personalisation feel consistent across channels. 

A customer who has just chatted with a service agent does not want to receive an 

unrelated marketing email two hours later, completely disconnected from the 

conversation. A customer who has just bought a product does not want to keep 

seeing ads for the same product. 

Solving this requires what is called omnichannel orchestration — coordinating 

activity across channels so that each interaction takes into account everything else 

happening with the customer. AI plays a central role in deciding when to send 

what message on which channel, taking into account the customer's recent history 

and current context. 

Practical Examples 

Several concrete examples make the concept clearer. 

An e-commerce app might show a returning customer a homepage that 

highlights products from the same category they browsed last time, prioritising 

brands they have shown affinity for. The same app shown to a different returning 

customer would display different highlights entirely. 

A bank's mobile app might surface different services for different customer 

profiles. A young professional sees credit card upgrade offers, investment options, 

and travel insurance. A senior customer sees fixed deposit suggestions and 

pension product information. 

A streaming service might adjust the autoplay preview, the row order, and 

even the artwork displayed for each title based on what is likely to appeal to each 

viewer. 

A subscription box service might tweak the contents of each box based on the 

customer's stated and inferred preferences, learning from what they keep versus 

what they return. 

A travel website might remember a customer's preferred airlines, departure 

airport, and seat preferences, applying them automatically to new searches. 

 



118 
 

Indian Brands Doing This Well 

A few Indian brands stand out for their personalised experiences. 

Myntra's app personalises homepage, recommendations, and even the order of 

categories shown to each user, leading to noticeably different experiences for 

different shoppers. 

Tata Neu attempts a unified personalised experience across the Tata Group's 

many brands, though the execution is still maturing. 

Zomato Gold and Swiggy One personalise restaurant suggestions, deals, and 

reminders based on past order patterns. 

Cult.fit personalises workout recommendations, class suggestions, and 

nutrition tips for each member based on their goals and history. 

HDFC Bank's mobile app personalises which products and notifications 

appear for each customer based on their relationship value and life stage. 

PolicyBazaar adjusts its recommendation flow based on the user's family 

situation, age, and previous queries, leading each visitor to the products most 

likely to suit them. 

Cautions and Trade-Offs 

Personalisation has limits worth respecting. 

Privacy is the biggest one. Customers want personalisation that helps them, 

but resent personalisation that feels intrusive. The line between useful and creepy 

is subjective and shifts over time. 

Filter bubbles, mentioned earlier in the context of recommendations, apply 

here too. A customer who only ever sees personalised options may miss other 

things they would have enjoyed. 

Personalisation that is too aggressive can feel manipulative. Customers do not 

always like knowing that prices, content, or offers have been tailored specifically 

for them — especially if they suspect they are getting a worse deal than someone 

else. 

Errors in personalisation can damage trust. Calling a customer by the wrong 

name, sending an offer for a product they just bought, recommending something 

inappropriate for their age or situation — these small mistakes feel worse than no 

personalisation at all. 
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The best brands invest in getting personalisation right, not just personalising 

more. They test carefully, give customers control over their experience, and 

recognise that good personalisation is invisible — the customer should feel 

understood, not surveilled. 

Chapter Summary 

• CRM has evolved from being structured customer databases into active 

AI-powered assistants that suggest actions, predict outcomes, and even act 

on their own. 

• Key AI features in modern CRM include lead scoring, next-best-action 

recommendations, automated data entry, sentiment analysis, conversation 

intelligence, churn prediction, and forecasting. 

• Leading platforms include Salesforce Einstein, Microsoft Dynamics 365 

with Copilot, HubSpot, Zoho CRM with Zia, and Freshworks — the last 

two being Indian companies. 

• Retention typically costs five to seven times less than acquisition; modest 

gains in retention rate produce large gains in profitability. 

• A complete retention strategy spans onboarding, engagement, renewal, 

win-back, and loyalty programmes. 

• Churn prediction and customer lifetime value calculation are the two most 

important AI applications in retention strategy. 

• Personalised customer experiences require unified customer profiles, 

predictive models, content systems, multiple channels, and continuous 

measurement loops. 

• Customer Data Platforms (Segment, Tealium, mParticle, Adobe Real-

Time CDP) have emerged as the technical foundation of modern 

personalisation. 

• Omnichannel orchestration ensures personalisation feels consistent across 

email, app, website, SMS, WhatsApp, and other channels. 

• Privacy concerns, filter bubbles, manipulation perception, and 

personalisation errors are real risks that thoughtful brands actively 

manage. 
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Review Questions 

1. Define CRM and describe how it has evolved from structured databases 

into AI-powered systems. 

2. Explain any five AI features commonly found in modern CRM systems 

and the business benefit each delivers. 

3. Why is customer retention often more profitable than customer 

acquisition? Discuss with reasoning. 

4. Describe the five stages of a complete retention strategy and the role of AI 

in each. 

5. Explain churn prediction and customer lifetime value, and how the two 

work together in retention strategy. 

6. What are the building blocks of a personalised customer experience? 

Describe each briefly. 

7. What is omnichannel orchestration and why is it considered critical in 

modern marketing? 

8. Discuss any five real-world examples of Indian brands delivering 

personalised customer experiences. 

9. What are the main risks of personalisation, and how should brands 

mitigate them? 

Looking Ahead 

With customer relationships covered in depth, we now turn to the activity that fills 

much of every marketer's working hours — advertising. Chapter 9 will examine 

how artificial intelligence has reshaped the advertising world, covering 

programmatic advertising, AI-based ad targeting, and the increasingly 

sophisticated methods used to measure advertising effectiveness. 
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CHAPTER 9 

Artificial Intelligence in Advertising and Promotions 

A small online clothing brand in Bengaluru wants to advertise a new collection. 

The founder has a budget of fifty thousand rupees and a deadline of two weeks. 

Twenty years ago, this would have been impossible. Reaching enough relevant 

customers would have required either a tiny local newspaper advert with minimal 

impact, or a campaign through an agency at far higher cost. The brand might have 

hoped for word of mouth and luck. 

Today, the founder logs into Meta Ads Manager, uploads a few photos, writes 

a short description, sets a budget, and selects "purchase" as the campaign goal. 

Within minutes, Meta's AI systems begin showing the ads to users it judges most 

likely to buy. Through the next two weeks, the system continuously experiments 

— different audiences, different creative variations, different placements, 

different times of day. By the end, the brand has reached hundreds of thousands 

of relevant customers and produced a measurable return on its spending. 

The brand never picked the specific audience. The brand never picked the 

specific bid. The brand never decided where the ads would run, when, or who 

would see them. The AI did all of that on the brand's behalf, learning continuously 

from the results. 

This is modern digital advertising. In this chapter we explore three central 

themes. First, programmatic advertising — the automated systems that buy and 

sell ad space at machine speed. Second, AI-based ad targeting — how artificial 

intelligence decides who sees what. Third, measuring advertising effectiveness — 

the methods by which brands now understand which of their advertising actually 

works. 

9.1 Programmatic Advertising 

What Programmatic Advertising Is 

Programmatic advertising is the automated buying and selling of digital 

advertising inventory. Where once advertisers and publishers negotiated deals 

through phone calls and signed contracts, programmatic systems handle the entire 

transaction through software, in fractions of a second, billions of times a day. 
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The shift from manual to programmatic has been one of the biggest changes 

in advertising history. In the early 2010s, only a small share of digital advertising 

was programmatic. Today, the vast majority of display, video, and even much 

television advertising is bought and sold programmatically. The pace of this shift 

has caught many traditional advertising professionals off guard. 

How a Programmatic Transaction Works 

A simplified picture of what happens when you visit a webpage or open an app 

illustrates the speed and complexity involved. 

The publisher's website or app detects that a user has arrived and that an ad 

slot is available. The publisher's system sends a request to multiple ad exchanges, 

providing information about the user and the slot. Advertisers' systems, often 

through demand-side platforms, decide whether to bid for this impression and at 

what price, based on the user's profile and the advertiser's targeting criteria. A 

real-time auction takes place, usually within one hundred milliseconds. The 

highest bidder wins, and their ad is shown to the user. 

This entire process happens before the page has finished loading. Multiply it 

by trillions of impressions across the internet every day, and the scale of 

programmatic advertising becomes clear. No human could possibly manage this 

volume of decisions; the system must be automated end to end. 

The Main Players 

A few main types of platform make up the programmatic ecosystem. 

Demand-side platforms, or DSPs, are used by advertisers to buy inventory 

across many exchanges. Major DSPs include Google Display & Video 360, The 

Trade Desk, Amazon DSP, and Adobe Advertising Cloud. 

Supply-side platforms, or SSPs, are used by publishers to sell their ad space. 

Major SSPs include Google Ad Manager, Magnite, OpenX, and PubMatic. 

Ad exchanges sit between DSPs and SSPs, hosting the actual auctions. Google 

AdX, OpenRTB-based exchanges, and others handle the marketplace function. 

Data management platforms manage audience data that helps refine targeting. 

The whole system is layered, with multiple companies and technologies often 

involved in a single transaction, each taking a small slice of the value. 
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Types of Programmatic Buying 

Not all programmatic advertising works the same way. 

Real-time bidding, or RTB, is the open auction model described above. 

Advertisers compete in real time for each individual impression. It is the most 

common and the most flexible form. 

Private marketplaces allow specific publishers to offer their premium 

inventory only to invited advertisers, often at preferential prices. Quality control 

is tighter than in the open auction. 

Programmatic direct allows advertisers to buy specific inventory at fixed 

prices, but with all the speed and automation of programmatic, removing the need 

for manual contracts. 

Preferred deals offer a middle path — fixed pricing with priority access for 

chosen buyers, before the open auction begins. They are a way for premium 

publishers to reward repeat advertising partners. 

How AI Drives Programmatic Decisions 

AI is at the heart of every programmatic transaction in several ways. 

Bid optimisation decides how much to bid for each impression, based on its 

estimated value. A user who is highly likely to convert deserves a higher bid than 

one who is unlikely to. The AI estimates this value in real time, drawing on 

hundreds of signals about the user, the context, and recent performance. 

Creative selection decides which ad to show, even within a single campaign. 

Modern campaigns include dozens of creative variations, and AI picks the best 

one for each impression — perhaps a video for some users, a static image for 

others, perhaps a discount-focused message for some, a feature-focused message 

for others. 

Frequency management ensures users are not bombarded with the same ad too 

often, which leads to ad fatigue and customer irritation. AI balances reach against 

repetition, finding the level that maximises results without annoying the audience. 

Budget pacing spreads spending appropriately across the campaign duration. 

AI decides when to spend faster, when to slow down, when to push harder during 

certain times of day or days of the week. 
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Brand safety screens out inappropriate environments. AI checks the content 

of the page or app where an ad would appear and blocks placements next to 

harmful, controversial, or off-brand content. Major advertisers care deeply about 

this because a single bad placement, captured on social media, can damage years 

of reputation building. 

 

Figure 9.1: Programmatic Advertising Workflow 

Indian Programmatic Examples 

The Indian programmatic ecosystem has matured rapidly over the past decade. 

Most large advertisers — Hindustan Unilever, Reliance, ITC, Marico, Asian 

Paints, banks, telecom companies — buy a significant share of their digital 

advertising programmatically. 

Specialised platforms have emerged for Indian needs. InMobi, an Indian 

advertising technology company that has grown global, provides programmatic 

capability with strong reach across mobile apps in India and beyond. Hindi and 

regional language content publishers like Dainik Jagran, Eenadu, and the Times 

of India sell their inventory through programmatic systems that allow targeted 

reach for advertisers wanting to go beyond English audiences. 

Connected television and streaming have become important programmatic 

categories. Disney+ Hotstar, JioCinema, Sony LIV, and ZEE5 all sell advertising 

programmatically, allowing advertisers to reach television audiences with digital-

level targeting. The line between television and digital advertising is fading 

rapidly as more viewing moves to streaming devices. 
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9.2 AI-Based Ad Targeting 

Beyond Demographic Targeting 

We touched on audience targeting in Chapter 6 in the context of social media. 

Programmatic advertising extends targeting capabilities even further, drawing on 

data from many sources beyond what any single platform owns. 

The progress from traditional to AI-driven targeting can be sketched in stages. 

In the earliest digital advertising, targeting was based on the content of the 

page being visited. If the page was about cars, the ad was about cars. This was 

contextual targeting in its simplest form. 

Then came demographic targeting, using basic information about who the user 

was — age, gender, location, language. 

Behavioural targeting added another layer, using information about what the 

user had done — pages visited, searches made, products viewed, content shared. 

Lookalike targeting used machine learning to find new users similar to a 

brand's best existing customers. 

AI-driven targeting, the current state of the art, combines all of these and adds 

layers of inference. The system does not just match labels; it builds rich models 

of who each user is and what they are likely to want, learning continuously from 

outcomes. 

How AI Decides Who to Target 

For each potential impression, an AI-driven advertising system asks several 

questions automatically and almost instantly. 

Who is this user? The system draws on whatever signals are available — their 

device, location, recent activity, browsing history, declared interests. 

How valuable is this user for this specific advertiser? Based on the user's 

profile, the system estimates the likelihood that they will respond to the ad — 

click, visit the site, sign up, buy. 

How much should we bid? The bid is adjusted based on the estimated value 

of this specific impression, the advertiser's budget, and competitive pressure from 

other bidders chasing the same impression. 
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Which creative should we show? The system selects from the available 

creative variations the one most likely to perform well for this user, given 

everything it knows. 

Should we even bid? If the impression looks unlikely to perform, the system 

may simply pass and save the budget for a better opportunity. All of this happens 

in real time, for every impression, on every platform, all day every day. 

Contextual Targeting Makes a Comeback 

A surprising development of recent years has been the return of contextual 

targeting, but in a much more sophisticated form than its early days. 

As privacy laws have tightened and third-party tracking has become harder, 

advertisers and platforms have invested heavily in modern contextual targeting. 

Today's contextual systems use AI to understand the meaning and tone of every 

page or video in real time, allowing precise placement of ads in genuinely relevant 

environments. A skincare brand can target ads to appear next to articles about acne 

treatment without needing to know who the reader is. A baby food brand can 

appear next to parenting content without tracking individual parents. 

Companies like GumGum, Seedtag, IAS, and Indian platforms specialising in 

regional content all offer advanced contextual targeting that does not depend on 

user-level tracking. Contextual targeting has become not a fallback for when 

behavioural targeting fails but a competitive alternative on its own merits. 

Connected TV and Cross-Device Targeting 

Television advertising used to be the least targeted of all major media. A spot 

during a popular show reached everyone watching, regardless of who they were. 

Connected television and streaming services have changed this. AI can now 

target ads on smart TVs and streaming devices with the same precision as web 

ads — by household demographics, viewing history, geographic micro-segments, 

and more. 

Cross-device tracking, where the system identifies the same user across phone, 

laptop, and TV, allows coordinated targeting. A customer who saw a product on 

Instagram during their morning commute might see the same brand's ad on 

connected TV in the evening, completing the story. This kind of orchestrated 

multi-screen targeting was a marketing fantasy ten years ago; today it is routine. 
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Indian Examples 

Indian advertisers have used these capabilities extensively. Direct-to-consumer 

brands like Mamaearth, Sugar, Wow Skin Science, and many others scaled rapidly 

thanks to AI-driven targeting on Meta and Google. Banks and credit card issuers 

use targeted campaigns on connected TV to reach affluent households. Telecom 

and OTT services run cross-device campaigns to push their bundled offers. Indian 

advertising agencies like Madison, Dentsu, Wavemaker, and others have built 

dedicated programmatic teams to keep up with what was once a niche skill but is 

now central to media planning. 

Privacy Pressures and the Future 

The privacy shifts we noted in Chapter 6 — Apple's App Tracking Transparency, 

cookie deprecation in Chrome, India's DPDP Act 2023 — are reshaping ad 

targeting fundamentally. The advertising industry is moving toward methods that 

rely less on tracking individuals and more on aggregate signals, contextual 

analysis, and direct first-party data sharing. 

AI is critical to this transition. With less raw user data available, the algorithms 

must work harder to extract value from what remains. Modelling, prediction, and 

creative quality become even more important than they used to be. Brands that 

develop strong first-party data, robust modelling capabilities, and creative 

excellence will have a real advantage over those that simply relied on the old 

behavioural tracking shortcuts. 

Generative AI in Advertising Creative 

A relatively new shift worth singling out is the use of generative AI to create the 

advertising itself. Where once each advertising creative was hand-designed by a 

team and tested across audiences, today AI can generate hundreds of variations of 

headlines, body copy, images, and even short videos in minutes. 

Meta's Advantage+ Creative, Google's asset generation features, and 

standalone tools like Pencil, AdCreative.ai, and Canva's Magic Studio let 

advertisers feed in a product, a brand brief, and a goal, and receive dozens of 

polished creative options. The AI then tests these options live, identifying which 

combinations work best for which audiences. Successful variations get more 

budget; weaker ones are quietly retired. 

For Indian advertisers, generative AI has been especially powerful for 

adapting creative to multiple languages and cultural contexts. A single brand 
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campaign can now run with different headlines and visuals tuned to audiences in 

Mumbai, Chennai, Kolkata, and Patna without needing separate creative teams 

for each market. The economics of regional advertising have shifted as a result. 

There are limits worth noting. Generative AI is excellent at producing 

competent variations of an existing idea, but it rarely originates a truly fresh 

creative concept. The strongest advertising work still tends to come from human 

imagination supported by AI execution, rather than from AI working alone. 

Retargeting and the Customer Journey 

Retargeting refers to showing advertisements specifically to people who have 

already interacted with a brand — visited the website, added a product to a cart, 

signed up but not bought, or bought before but not recently. 

AI has made retargeting much more sophisticated. Modern systems decide not 

just whether to retarget a user but how aggressively, with what message, and for 

how long. A user who abandoned a cart yesterday may need only a gentle 

reminder. One who abandoned a cart three weeks ago and has not returned needs 

a different message — perhaps a discount, perhaps an alternative product, perhaps 

nothing at all because they have clearly moved on. 

Indian e-commerce platforms like Flipkart, Amazon India, Nykaa, and Myntra 

retarget intensively across Meta, Google, and other networks. The shopper who 

browses for a saree on Myntra in the morning often finds Myntra ads following 

them through the day. The trick is making this useful rather than irritating — too 

much retargeting becomes a turn-off, and brands that overdo it can train customers 

to ignore them entirely. 

Ad Fraud and How AI Fights Back 

Advertising fraud has been a persistent problem in digital media. Bots that fake 

clicks. Click farms in low-cost regions that generate worthless traffic. Mobile app 

installs from emulators. Domain spoofing where premium-looking inventory is 

actually low-quality. Global estimates of digital ad fraud run into tens of billions 

of dollars every year. 

AI has become essential for fighting back. Modern fraud detection systems 

analyse traffic patterns, click timing, device fingerprints, and behavioural signals 

to identify suspicious activity in real time. Suspicious impressions can be filtered 

out before they are billed. Platforms like DoubleVerify, IAS, and Moat specialise 

in verifying that ads were actually seen by real humans in safe environments. 
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For Indian advertisers, this matters particularly in the mobile app space, where 

install fraud has been historically high. Tools like AppsFlyer's Protect360 and 

Adjust's fraud prevention systems use machine learning to catch fraudulent 

installs and protect ad budgets from being wasted. 

9.3 Measuring Advertising Effectiveness 

The Old Problem of Measurement 

For most of advertising's history, measuring effectiveness was hard. A famous old 

quote, often attributed to retailer John Wanamaker, captured it: "Half the money 

I spend on advertising is wasted; the trouble is, I don't know which half." Brands 

could see overall sales going up or down, but linking specific advertisements to 

specific outcomes was difficult. 

Digital advertising changed that, at least in principle. With every click, view, 

and conversion potentially trackable, brands ought to know exactly which ads 

work and which do not. In practice, the picture is more complex than it sounds, 

and AI has become essential to making sense of it. 

Key Metrics Used Today 

A vocabulary of metrics has developed for advertising measurement. 

Impressions count the times an ad was displayed. Reach counts the unique 

users who saw it. 

Click-through rate, or CTR, measures the percentage of viewers who clicked 

the ad. Cost per click, or CPC, tells the brand what each click cost. 

Conversions count the actions the advertiser cared about — a sign-up, a 

purchase, a download. Cost per conversion, also called cost per acquisition or 

CPA, is the cost per such action. 

Return on ad spend, or ROAS, divides revenue by advertising cost. A ROAS 

of three to one means three rupees of revenue for every rupee of advertising 

spending. Return on investment, or ROI, takes ROAS a step further by factoring 

in the full cost of producing and delivering the advertised product, not just the 

advertising cost. 

Brand lift measures changes in brand awareness, consideration, or 

favourability among people who saw the ad versus a control group. This matters 

for advertising whose immediate effect is not a sale. 
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Attention metrics, including viewability and watch time, measure not just 

whether ads were shown but whether they were actually noticed. An ad that loaded 

below the fold and was never actually seen counts as zero in attention metrics, 

even if it was technically an impression. 

Attribution: The Hard Question 

The hard question in advertising measurement is attribution — when a customer 

buys something, which advertisements deserve credit? 

In the simplest case, a customer sees one ad, clicks it, and buys. Attribution is 

obvious. 

In the real world, customers see many ads on many platforms before they buy. 

A typical journey to a purchase might include a YouTube ad, a Google search, an 

Instagram ad, a friend's recommendation, a price comparison, and finally a click 

on a search ad back to the brand's website. Which of these caused the purchase? 

Several attribution models try to answer this question, each with its own logic 

and its own blind spots. 

Table 9.1: Common Advertising Attribution Models 

Attribution 

Model 

How It Assigns Credit When It Works Best 

Last-Click All credit to the final 

touchpoint before the 

purchase 

Short sales cycles with one 

main converting channel 

First-Click All credit to the first 

touchpoint of the journey 

When awareness-building 

is the main goal 

Linear Equal credit divided across 

all touchpoints 

When every touchpoint is 

considered equally 

important 

Time-Decay More credit to recent 

touchpoints, less to older 

ones 

Longer sales cycles with a 

decisive close 
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Attribution 

Model 

How It Assigns Credit When It Works Best 

Position-Based First and last touchpoints 

weighted more, middle 

shares the rest 

When awareness and 

conversion both matter 

Data-Driven Machine learning 

estimates the actual 

contribution of each 

touchpoint 

Complex journeys with 

enough historical data 

Data-driven attribution has become increasingly the default in tools like 

Google Ads, because it uses machine learning to estimate the actual contribution 

of each touchpoint based on patterns in past data rather than relying on simple 

rules. It is the most sophisticated method available, though it requires enough 

historical data to train the model effectively. 

Beyond Click-Based Measurement 

Measurement is also expanding beyond clicks. Many ad impressions never get 

clicked but still influence behaviour. A user might see a brand's video ad three 

times over a week, never click, but still walk into a store and buy something. 

Click-based measurement misses this entirely. 

Media mix modelling, sometimes called marketing mix modelling, uses 

statistical techniques to estimate the impact of different advertising channels on 

overall sales. It does not depend on user-level tracking, which makes it especially 

valuable in the privacy-first era. 

Incrementality testing, or geo-experiments, hold out specific groups or regions 

from advertising temporarily and compare their behaviour to those who did see 

the ads. The difference reveals the true incremental impact of the campaign, 

beyond what would have happened anyway. 

Brand lift studies survey audiences before and after campaigns to measure 

shifts in awareness, recall, and intent. 

AI brings these methods together. It can run media mix models continuously 

rather than as occasional reports. It can design incrementality tests automatically 
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and analyse their results. It can combine multiple measurement methods to give a 

fuller picture of effectiveness than any single one would alone. 

 

Figure 9.2: Multi-Method Measurement of Advertising Effectiveness 

The Indian Measurement Landscape 

Indian advertisers have adopted these measurement frameworks rapidly. Large 

brands use Google's data-driven attribution, Meta's attribution settings, and third-

party tools like Singular, Branch, and AppsFlyer for mobile measurement. Indian 

media mix modelling specialists have emerged to serve both Indian and global 

clients, often combining traditional television measurement data with digital data 

sources. 

For smaller businesses, simpler measurement is often appropriate. A direct-

to-consumer brand may run all its ads through Meta and Google and use those 

platforms' built-in measurement, supplemented by basic spreadsheet-level ROAS 

tracking. As businesses grow, measurement sophistication tends to grow with 

them. 
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Common Measurement Mistakes 

A few mistakes are common enough to warrant explicit mention. 

Trusting the platform's own measurement uncritically can be a problem. Each 

platform reports favourably on itself. A brand that relies only on Meta's numbers 

and only on Google's numbers will often find both claiming credit for the same 

conversions. Independent measurement helps reconcile this. 

Optimising only for short-term metrics can starve longer-term brand building. 

A campaign that maximises immediate clicks may do so at the expense of building 

lasting awareness and preference. The most profitable customers a brand will ever 

acquire may take years to develop. 

Ignoring the offline effect of online advertising is another common error. 

Many digital campaigns produce offline sales — store visits, phone calls, word of 

mouth — that pure click tracking will never capture. 

Over-attributing success to advertising can underplay other factors. 

Sometimes sales rise because of a product improvement, a competitor's stumble, 

or a broader market trend. Attributing everything to advertising leads to bad 

decisions about budget allocation. 

The most effective advertisers use AI-powered measurement as a guide but 

combine it with human judgment, experimentation, and a clear theory of what 

each campaign is meant to achieve. The numbers inform decisions; they do not 

replace the thinking behind those decisions. 

Chapter Summary 

• Programmatic advertising automates the buying and selling of digital ad 

inventory through real-time auctions that happen in milliseconds, billions 

of times a day. 

• The ecosystem includes Demand-Side Platforms (DSPs), Supply-Side 

Platforms (SSPs), ad exchanges, and data management platforms. 

• Programmatic buying takes several forms — real-time bidding, private 

marketplaces, programmatic direct, and preferred deals. 

• AI drives programmatic decisions through bid optimisation, creative 

selection, frequency management, budget pacing, and brand safety 

screening. 
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• AI-driven targeting has moved from simple contextual matching through 

demographic, behavioural, and lookalike methods to today's continuous 

learning systems that combine all signals. 

• Contextual targeting has made a strong comeback as a privacy-friendly 

alternative to behavioural tracking. 

• Connected TV, cross-device targeting, and Indian platforms like Disney+ 

Hotstar, JioCinema, Sony LIV, and ZEE5 have expanded programmatic 

into living rooms. 

• Privacy shifts (Apple ATT, cookie deprecation, DPDP Act 2023) are 

pushing the industry toward first-party data and aggregate measurement 

methods. 

• Attribution models include last-click, first-click, linear, time-decay, 

position-based, and data-driven; the last uses machine learning and has 

become the standard for sophisticated advertisers. 

• Media mix modelling, incrementality testing, and brand lift studies 

complement click-based measurement to give a fuller picture of 

effectiveness. 

• Common mistakes include trusting platform self-measurement, optimising 

only for short-term metrics, ignoring offline effects, and over-attributing 

success to advertising alone. 

Review Questions 

1. Define programmatic advertising and walk through the steps of a real-time 

bidding transaction. 

2. Distinguish between Demand-Side Platforms, Supply-Side Platforms, and 

ad exchanges. What role does each play? 

3. Describe the four main types of programmatic buying and the situations 

each suits best. 

4. Explain any five ways AI drives decisions inside programmatic 

advertising systems. 

5. Trace the evolution of digital ad targeting from contextual to AI-driven, 

mentioning the role of each intermediate stage. 
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6. Why has contextual targeting made a comeback in recent years? Discuss 

with reference to privacy regulations. 

7. Describe any six attribution models and explain the situations where each 

is most appropriate. 

8. How do media mix modelling, incrementality testing, and brand lift 

studies complement traditional attribution? 

9. Discuss any four common mistakes brands make in measuring advertising 

effectiveness, and how to avoid each. 

Looking Ahead 

Advertising and promotions, however sophisticated, ultimately rely on engaging 

conversations with customers. In Chapter 10, we look at one of the most important 

new ways those conversations happen — chatbots and virtual assistants. Building 

on what we covered briefly in Chapter 6, we will go deeper into the types of 

conversational AI now available, the design of conversational experiences, and 

the use of chatbots in customer support and beyond. 
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CHAPTER 10 

Chatbots and Virtual Assistants 

Conversation has always been at the heart of buying. Think about how shopping 

happened in a traditional Indian market. You walked into a shop. The shopkeeper 

greeted you, asked what you needed, suggested options, answered questions, 

negotiated on price, and closed the sale. The conversation was the sale. Digital 

commerce, for many years, stripped this away. You navigated menus, filtered 

options, read descriptions, and bought silently. Helpful, but cold. 

Chatbots and virtual assistants are trying to bring conversation back — at 

scale, in many languages, around the clock. When done well, they recreate 

something of that shopkeeper's helpfulness. When done badly, they remind 

everyone why automated phone menus are still mocked decades after they were 

invented. 

In Chapter 6, we touched briefly on chatbots in the context of social media 

marketing. In Chapter 9, we mentioned them in the discussion of customer 

service. This chapter goes much deeper. We will look at the different types of 

chatbots that brands deploy across all touchpoints. We will explore the underlying 

conversational AI technologies that make them work. And we will focus on how 

AI is transforming customer support — the area where chatbots have probably 

had the biggest practical impact so far. 

10.1 Types of Marketing Chatbots 

Ways to Classify Chatbots 

There is no single right way to categorise chatbots, but a few classifications help 

organise our thinking. 

The first split is by the underlying technology — rule-based, AI-powered, or 

hybrid. We touched on this in Chapter 6 and will revisit it briefly in the next 

section. 

The second split is by where the chatbot lives — website chatbots, app-based 

assistants, messaging platform bots (WhatsApp, Messenger, Telegram), voice 
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assistants on smart speakers and phones, or direct message bots within social 

media platforms. 

The third split, the most useful for marketing, is by purpose — the actual job 

the chatbot does for the brand. We will spend most of our time on this third split. 

Lead Generation Chatbots 

Lead generation chatbots greet visitors, qualify their interest, and capture 

information about prospects. They typically appear on websites, especially 

landing pages designed for marketing campaigns. 

A typical conversation might go like this. The chatbot pops up after the visitor 

has been on the page for thirty seconds. It introduces itself and asks if it can help. 

If the visitor responds, it asks a few qualifying questions — what they are looking 

for, their budget range, their timeline. Based on the responses, it either schedules 

a call with a sales person, sends them more information, or politely closes the 

conversation. 

For real estate brands, financial services, B2B software, and educational 

institutions, lead generation chatbots have become standard. They work twenty-

four hours a day, capture leads that would otherwise have been lost when no 

human was available, and pre-qualify prospects so that sales people focus their 

time on the warmest opportunities. 

Customer Service Chatbots 

Customer service chatbots are the most common type and probably the most 

valuable. Their work falls into a few categories. Order and account queries — 

where is my package, what is my balance, what was my last transaction. Returns 

and complaints — how do I return this item, why was I charged this fee. Product 

information — what is the warranty, what sizes are available, is this product in 

stock. Troubleshooting — my device is not working, how do I reset my password. 

Done well, these chatbots resolve eighty percent or more of routine queries 

without human involvement. The customer gets an instant answer, and the 

company saves significantly on support costs. Done badly, they trap customers in 

loops and make easy queries harder than they should be. 
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Shopping Assistant Chatbots 

Shopping assistant chatbots help customers find what they need to buy. They are 

common on e-commerce websites and apps, in messaging platforms, and 

increasingly in voice assistants. 

A shopping assistant might ask about the occasion, the recipient, the budget, 

and the preferences, then suggest specific products. It might compare two 

products the customer is considering. It might bundle complementary items 

together. It might apply discounts and walk the customer through checkout. 

The most ambitious shopping assistants try to recreate the experience of a 

knowledgeable sales associate in a physical store. The best ones succeed 

remarkably. Many customers say they prefer a good chat-based shopping 

experience to either a website or a phone call. 

Booking and Reservation Chatbots 

Booking chatbots handle appointments and reservations. They are particularly 

common in travel, healthcare, hospitality, beauty services, and education. 

A clinic chatbot might handle the entire process of booking a doctor's 

appointment — checking available slots, confirming patient details, sending 

reminders, even handling rescheduling. A salon chatbot does the same for haircut 

or treatment appointments. A travel chatbot books flights and hotels. A coaching 

institute chatbot books trial classes. The benefit is obvious — booking takes place 

anytime, without keeping a receptionist on the phone, and the entire interaction is 

recorded for follow-up. 

FAQ and Information Chatbots 

Information chatbots answer questions about the brand, the product, the policies, 

or general topics in the brand's domain. They are common on websites for 

government services, educational platforms, banks, insurance companies, and any 

business with complex offerings. 

The classic example is a government services chatbot answering questions 

about how to apply for a passport, what documents are needed, what the fees are, 

and how long it takes. Indian platforms like MyGov, various state government 

portals, and public service apps have widely deployed such chatbots, often in 

multiple languages to serve diverse user bases. 
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Voice Assistants and Smart Speakers 

A special category worth mentioning is voice assistants — Amazon Alexa, 

Google Assistant, Apple Siri, Samsung Bixby, and increasingly Hindi and 

regional language equivalents. These are essentially chatbots in voice form. 

Brands have begun building Alexa Skills and Google Actions that let users 

interact with them by voice. A bank might let customers check their balance by 

voice. A news brand might offer a daily voice briefing. A retail brand might enable 

voice-based ordering for frequent purchases. 

Voice as a channel is growing more slowly than text-based chat, but it has real 

potential, especially in India where many users prefer speaking over typing in 

regional languages. The Bhashini initiative supported by the Indian government 

is building large-scale language technology for Indian languages, which will 

accelerate voice-based brand experiences in the years ahead. 

Table 10.1: Types of Marketing Chatbots by Purpose 

Chatbot Type Primary Purpose Indian Example 

Lead Generation Greet visitors, qualify 

interest, capture prospect 

data 

Real estate and education 

website bots 

Customer 

Service 

Resolve routine queries, 

deflect support volume 

HDFC EVA, ICICI iPal, 

Jio Customer Care bot 

Shopping 

Assistant 

Help discover, compare, 

and buy products 

Myntra, Tata CLiQ, 

JioMart on WhatsApp 

Booking and 

Reservations 

Schedule appointments, 

services, travel 

Practo, MakeMyTrip, 

Apollo Hospitals bots 

FAQ and 

Information 

Answer policy and process 

questions 

MyGov chatbot, IRCTC 

Ask Disha 

Voice Assistants Interact through spoken 

language on smart devices 

Alexa Skills, Google 

Assistant Actions 
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Indian Examples 

A few examples from the Indian market illustrate how widely chatbots have 

spread. 

ICICI Bank's iPal, Kotak Mahindra's Keya, and Federal Bank's Feddy are 

bank-side chatbots handling routine queries on websites and apps. 

HDFC's EVA was an early leader and continues to evolve, now handling 

complex queries in addition to basic ones across multiple languages. 

JioMart on WhatsApp lets customers browse, ask questions, and place orders 

entirely through chat, illustrating how a full shopping experience can live inside 

a messaging app. 

Tata CLiQ, Myntra, and Nykaa have shopping assistant chatbots that help 

customers find products and complete purchases. 

MakeMyTrip and Yatra handle booking-related queries across air, hotel, and 

holiday packages through chat. 

Apollo Hospitals, Practo, and Tata 1mg have chatbots for appointment 

booking and basic medical guidance, with appropriate disclaimers and escalation 

paths to human doctors for anything serious. 

MyGov chatbot answers citizen queries about government services and 

policies. IRCTC's Ask Disha helps with train booking, cancellation, and refund 

queries — a particularly important service given the scale of Indian railway travel. 

 

Figure 10.1: Marketing Chatbots Across the Customer Journey 
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10.2 Conversational AI Technologies 

What Makes Conversational AI Work 

To understand how chatbots actually function, it helps to look at the technologies 

underneath. Modern chatbots draw on several layers of artificial intelligence, each 

handling a different part of the conversation. 

Natural Language Understanding 

The first job is to figure out what the user actually said. This is harder than it 

sounds. Humans use slang, abbreviations, multiple languages mixed together, 

typos, voice-to-text errors, sarcasm, incomplete sentences, and many other 

variations. 

Natural Language Understanding, often called NLU, breaks down user input 

into two main pieces — the intent (what the user is trying to do) and the entities 

(the specific details involved). 

For example, when a user says "I want to book a flight from Delhi to Mumbai 

on the 25th of October", NLU identifies the intent as "book flight" and extracts 

the entities — origin equals Delhi, destination equals Mumbai, date equals 25 

October. 

Older NLU systems required developers to train them on long lists of example 

phrases for each intent. Modern systems based on large language models can 

understand intent from a single example, or sometimes none at all, drawing on 

their broader understanding of language. 

Dialogue Management 

Once the user's intent is understood, the chatbot needs to decide what to do next. 

Dialogue management handles the flow of the conversation. 

A simple chatbot uses dialogue management to follow a fixed flow — first 

ask this, then that, then the next thing. More sophisticated systems track the 

conversation context and adapt dynamically. The conversation manager also 

handles things like — what if the user changes their mind partway through, what 

if they ask an unrelated question, what if they want to repeat or modify something 

they already said. 
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Natural Language Generation 

Once the chatbot has decided what to say, it needs to actually generate the words. 

Natural Language Generation is the technology that produces the chatbot's 

responses. 

In older systems, responses were templated — fixed sentences with blanks 

filled in for specific values. Modern systems often use generative AI to produce 

fluent, on-brand responses that vary appropriately and feel natural rather than 

mechanical. 

Speech Recognition and Synthesis 

For voice-based chatbots, two extra layers are needed. Speech recognition 

converts spoken words into text that the system can process. Speech synthesis 

converts the system's text response into spoken audio. Both have improved 

dramatically with deep learning. 

Indian voice technology has progressed significantly in recent years. Bhashini, 

the Indian government's language technology initiative, is building large-scale 

infrastructure for Indian languages. Companies like Reverie, Vernacular.ai, 

Yellow.ai, and Gnani have developed strong capabilities in Indian language voice 

and chat, often outperforming global platforms on the specific challenges of 

Hindi, Tamil, Telugu, Bengali, Marathi, and other Indian languages. 

Large Language Models as a Game Changer 

The biggest recent change has come from large language models — the family of 

AI that powers ChatGPT, Claude, Gemini, and similar tools. 

Earlier chatbot platforms required extensive manual training. Developers had 

to specify every intent, every entity, every possible response. The bot's 

intelligence was limited to what the developers thought to include. Large language 

models have flipped this. A modern LLM-powered chatbot can be given a brief 

description of its job and a set of guidelines, and it will then handle a wide range 

of conversations with minimal further programming. 

This is enormously powerful but also requires care. LLMs can produce wrong 

answers confidently. They can be manipulated into saying things the brand would 

never want associated with itself. They can drift off topic in long conversations. 

Modern best practice combines LLMs with structured controls. Critical 

processes — checking an account balance, processing a payment, looking up an 
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order — still go through specific tools rather than being generated by the language 

model. The language model handles the conversation, but the actual data and 

transactions are handled by reliable underlying systems. This is sometimes called 

the agentic approach, where the LLM decides what to do but specific tools 

actually do it. 

The Tools and Platforms 

Several tools dominate the chatbot platform market today. 

Global platforms include Salesforce Einstein Bots, IBM watsonx Assistant, 

Google Dialogflow, Microsoft Bot Framework, Amazon Lex, and OpenAI's 

various APIs and GPT-based assistants. 

Indian platforms have built significant business serving Indian and global 

clients. Haptik, Yellow.ai, Verloop.io, Gupshup, Reverie, Vernacular.ai, Gnani, 

and many others have developed strong capabilities, often with deep integration 

into WhatsApp Business and support for Indian languages. 

WhatsApp Business APIs have become a particularly important channel in 

India, with various platforms enabling brands to build chatbot experiences inside 

the messaging app that most Indian customers use daily. Reaching customers on 

WhatsApp often feels more natural than asking them to download yet another app 

or visit a separate website. 

 

Figure 10.2: Architecture of a Modern AI Chatbot 
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Designing Good Conversational Experiences 

Building a useful chatbot is harder than it looks. A few principles separate the bots 

people actually use from the ones they abandon in frustration. 

Clarity about purpose comes first. The best chatbots make it obvious within 

seconds what they can and cannot do. A banking chatbot that promises to help 

with everything and then fails on most queries does worse than one that clearly 

handles five common tasks well. 

Graceful failure matters as much as success. Every chatbot will encounter 

queries it cannot handle. What it does next decides whether the customer leaves 

satisfied or angry. Good bots recognise their own limits, hand off to a human 

cleanly, and pass on the full conversation context so the customer does not have 

to repeat themselves. 

Personality and tone need careful calibration. A banking bot should sound 

competent and serious. A food-delivery bot can be playful and casual. A health-

related bot must be warm but cautious. The wrong tone — whether overly formal 

or inappropriately jokey — undermines trust quickly. 

Multilingual capability is critical in the Indian context. A chatbot that works 

only in English ignores most of the country. The best Indian chatbots handle 

Hindi, regional languages, and the mix of English and local language (often called 

Hinglish, Tanglish, or similar) that real users actually type. 

Memory across the conversation matters. A bot that forgets what the user said 

two messages ago is exhausting to interact with. Even simple memory — 

remembering the user's order number, problem type, or previously mentioned 

details — makes the experience feel competent. 

10.3 Improving Customer Support through AI 

Why Customer Support Is the Best Use Case 

Of all the marketing applications of AI, customer support has probably seen the 

biggest direct impact. The reasons are easy to see. 

Customer support volumes are enormous. A large brand may receive lakhs of 

queries every day. Handling these through human teams alone is expensive and 

slow. 
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Most queries are repetitive. The same questions come up again and again — 

order status, return policy, account details. These are exactly the kind of queries 

AI handles well. 

Customers want quick answers. They get frustrated waiting on hold or for 

email replies. Instant chatbot responses, even imperfect ones, often beat the 

alternative. 

The savings are measurable. Companies that have successfully deployed AI 

in customer support report cost reductions of forty percent or more, alongside 

improvements in customer satisfaction scores when the implementation is done 

well. 

The Layers of AI in Customer Support 

A complete picture of AI in customer support involves several layers, each adding 

value. 

Self-service through chatbots is the first layer, handling routine queries 

automatically. Customers who can solve their problem through the chatbot never 

need to contact a human agent at all. This deflects the majority of low-complexity 

queries from the support team. 

Smart routing comes next. For queries that do reach human agents, AI can 

route them intelligently. Based on the topic, urgency, customer value, and agent 

expertise, the system directs each query to the best-suited agent. A premium 

customer with a complex complaint gets routed to a senior agent. A simple billing 

question goes to a junior one. 

Agent assist works in real time as agents handle conversations. AI pulls up 

relevant policies and past tickets. It suggests responses for the agent to send. It 

detects when the customer is escalating emotionally and prompts the agent to take 

a softer tone. It even drafts entire reply emails for the agent to review and send. 

Knowledge base generation helps create and maintain the database of articles 

and answers that both chatbots and human agents reference. AI identifies gaps 

based on what queries are failing, drafts new articles, keeps existing articles 

updated, and translates content into multiple languages. 

Quality monitoring used to be possible only for a small sample of customer 

service interactions. AI can review every single interaction, automatically scoring 

agent performance, identifying coaching opportunities, and surfacing patterns that 

managers should know about. 
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Sentiment and emotion detection monitors the emotional tone of 

conversations in real time, flagging cases where customers are becoming 

frustrated or angry. Supervisors can step in before situations escalate into 

complaints on social media. 

Predictive service is the most advanced layer. The system predicts when a 

customer will need help and reaches out proactively. A user whose payment failed 

twice may receive a chat from a service agent before they have thought to 

complain. A customer whose product is showing early signs of a fault may be 

contacted before it stops working entirely. 

Indian Customer Support Examples 

Indian brands have adopted these layers to varying degrees. 

Banking and insurance brands like HDFC Bank, ICICI Bank, Axis Bank, SBI, 

HDFC Life, and LIC have deployed chatbots, smart routing, and agent assist 

features extensively. The complexity of financial products makes this a natural fit. 

Telecom operators Jio, Airtel, and Vi have built sophisticated AI-driven 

support, handling hundreds of millions of customer interactions every month 

across IVR, chatbots, and agent-assisted channels. 

E-commerce players Flipkart, Amazon India, Meesho, Myntra, and Nykaa use 

AI across the customer support stack. Returns and refunds, in particular, are 

heavily automated, with chatbots handling the entire flow for most customers. 

Food delivery and mobility platforms Swiggy, Zomato, Ola, Uber, and Rapido 

use AI to handle order issues, delivery problems, and ride disputes in real time. 

Travel brands MakeMyTrip, Yatra, Cleartrip, Goibibo, and IRCTC all have 

AI-driven support flows, especially for booking changes and refund queries 

during peak seasons. 

Healthcare platforms Practo, Tata 1mg, Apollo, PharmEasy, and Cult.fit use 

AI in their support operations, with appropriate human oversight for medical 

queries. 

The Human Element 

For all the talk of automation, the most successful customer support operations 

keep humans at the centre. AI handles volume. Humans handle complexity and 

empathy. 



147 
 

A genuinely upset customer almost always benefits from talking to a real 

person — not because the AI cannot answer correctly, but because the act of being 

heard by another human is itself part of what the customer needs. 

The best brands build their AI to make this handover smooth. The chatbot 

recognises when it is out of its depth and transfers the conversation, complete with 

full context, to a human agent. The agent picks up where the bot left off, without 

making the customer repeat themselves. The whole interaction feels seamless 

even though two different intelligences — one artificial, one human — were 

involved. 

Indian customers often particularly value this human touch. A purely 

automated experience that works perfectly may still feel less satisfying than a 

slightly slower experience with warm human contact at the right moment. The 

smartest Indian brands have understood this and design their support accordingly. 

Limits and Cautions 

A few cautions are worth keeping in mind. 

Bad chatbots damage trust faster than no chatbot. A customer trapped in a 

useless bot may never come back. Investment in chatbot quality matters more than 

investment in chatbot quantity. 

Over-automation kills relationships. A brand that automates every interaction 

loses the chance to build emotional connection with its customers. Some moments 

— celebrating customer milestones, resolving genuine grievances, handling 

unusual requests — call for human presence even when an automated alternative 

exists. 

Privacy and compliance must be taken seriously. Chatbots collect detailed 

information about customers, including sometimes very personal details — health 

issues, financial situations, family circumstances. This data must be stored, used, 

and shared in ways that respect India's Digital Personal Data Protection Act of 

2023 and other relevant regulations. A chatbot that leaks information is worse 

than one that does not exist. 

Transparency about being a bot matters. Customers should know they are 

talking to an AI, not a human. Pretending otherwise damages trust when, not if, 

the customer figures it out. 
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Measuring Chatbot Performance 

Like any marketing investment, chatbots must be measured against the outcomes 

they are meant to produce. A few metrics have become standard. 

Containment rate, sometimes called self-service rate, measures the percentage 

of conversations the chatbot handles fully without escalating to a human. Higher 

is generally better, but only if the bot is genuinely resolving the issue rather than 

just frustrating the customer into leaving. 

Resolution rate measures how many of the contained conversations actually 

solved the customer's problem. A bot that closes conversations without resolving 

anything looks good on containment but terrible on customer satisfaction scores. 

Customer satisfaction scores, often collected via a quick rating after the 

conversation, capture the human side of the interaction. A bot that handles queries 

technically correctly but feels cold or confusing will score poorly here. 

Average handling time tells the brand how long conversations are taking. 

Shorter is usually better, but only if quality holds up alongside the speed. 

Fall-back rate measures how often the bot has to admit it does not understand. 

A rising fall-back rate signals that the bot's training needs updating, perhaps 

because the brand has introduced new products or policies the bot has not yet 

learned. 

Indian brands track these metrics closely. Banks like ICICI publish 

containment rates for their iPal bot. E-commerce platforms watch for shifts in how 

many returns or refund queries the bot handles versus the call centre. The numbers 

guide investment in bot training and feature expansion over time. 

Chapter Summary 

• Chatbots can be classified by technology (rule-based, AI-powered, 

hybrid), by location (website, app, messaging, voice, social DM), and by 

purpose, the most useful classification for marketing. 

• Six main purpose-based types are common — lead generation, customer 

service, shopping assistant, booking and reservations, FAQ and 

information, and voice assistant. 
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• Conversational AI is built from layers — Natural Language 

Understanding (NLU), Dialogue Management, Natural Language 

Generation (NLG), and Speech Recognition and Synthesis for voice. 

• Large language models have transformed chatbot capability, but require 

careful design to manage risks of factual errors, manipulation, and topic 

drift. 

• Major platforms include Salesforce Einstein Bots, IBM watsonx Assistant, 

Google Dialogflow, Microsoft Bot Framework, Amazon Lex, plus Indian 

leaders Haptik, Yellow.ai, Verloop.io, Gupshup, Reverie, Vernacular.ai, 

and Gnani. 

• AI customer support involves seven layers — self-service chatbots, smart 

routing, agent assist, knowledge base generation, quality monitoring, 

sentiment detection, and predictive service. 

• Successfully deployed AI customer support reduces costs by forty percent 

or more while improving customer satisfaction when done well. 

• The smartest brands keep humans at the centre, using AI to handle volume 

while reserving complexity and empathy for human agents. 

• Indian customers often value the human touch alongside automation; 

design must accommodate this cultural preference. 

• Quality, restraint, privacy, and transparency are the four pillars of 

responsible chatbot design. 

Review Questions 

1. Explain the three main ways of classifying chatbots and discuss why the 

purpose-based classification is most useful for marketing. 

2. Describe any five purpose-based types of chatbots with a clear example of 

each. 

3. What are the four main technology layers of a modern conversational AI 

system? Explain each briefly. 

4. How have large language models transformed chatbot design? What new 

risks have they introduced? 

5. Describe any five of the seven layers of AI in customer support operations.  
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6. Explain how AI-powered agent assist works and what benefits it brings to 

customer service teams. 

7. Discuss any five Indian examples of brands using chatbots successfully 

across different categories. 

8. Why is the human element still important in AI-driven customer support, 

despite all the automation possible today? 

9. What are the main risks of poorly designed chatbots, and how can brands 

avoid them? 

Looking Ahead 

From chatbots and customer support, we now move to one of the largest fields 

where AI has had transformative impact — e-commerce. Chapter 11 will look at 

how AI shapes online shopping platforms, the increasingly sophisticated practice 

of dynamic pricing, and the recommendation systems that drive a remarkable 

share of e-commerce sales. 

  



151 
 

CHAPTER 11 

Artificial Intelligence and E-Commerce Marketing 

If you have ever tried to find a specific item on an Indian e-commerce site at, say, 

nine in the evening on a Friday, you have probably noticed how much is 

happening behind the screen. The homepage knows what you have browsed 

before. The search results are ranked specifically for you. The "you may also like" 

carousel shows items that uncannily match your taste. The price you see may 

differ from the price your neighbour sees. A countdown timer pushes you to act 

quickly. Recommendations follow you across the site, into your email, onto 

WhatsApp. 

None of this is by accident. Modern e-commerce is one of the most heavily 

AI-instrumented domains in marketing. Every screen, every decision, every 

product placement is shaped by algorithms working in real time to convert visitors 

into buyers. 

In this chapter, we look at three areas. First, AI in online shopping platforms 

broadly — the many ways AI shapes the e-commerce experience. Second, 

dynamic pricing strategies — how prices change based on demand, supply, and 

individual customer behaviour. Third, product recommendation systems — going 

deeper than we did in Chapter 4 into how these systems specifically drive sales in 

e-commerce. 

11.1 AI in Online Shopping Platforms 

The E-Commerce AI Stack 

Modern online shopping is built on layers of AI working together. To understand 

any single feature, it helps to see the whole stack first. 

At the foundation is data infrastructure — the systems that capture every click, 

view, search, hover, scroll, purchase, return, and review across millions of 

customers. This generates the data on which everything else is built. 

Above this sits the customer understanding layer — models that build a profile 

of each customer's preferences, behaviour, life stage, and price sensitivity. 
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The product understanding layer does the same for products — categorising 

them, understanding their attributes, tracking their inventory and pricing 

dynamics over time. 

The matching layer brings customers and products together through search, 

recommendations, browsing, and advertising. 

The conversion layer optimises everything that happens once a customer is 

considering a purchase — pricing, urgency cues, payment options, delivery 

promises. 

The retention layer handles post-purchase — order tracking, customer service, 

returns, and future engagement. Each layer uses AI extensively, and they all feed 

into each other continuously. 

Personalised Search 

Search is the most-used feature on most e-commerce sites. When a customer types 

"shoes", thousands of products may match. Which ones appear at the top? 

AI-driven search considers many factors. The customer's past browsing and 

purchase history. Their style preferences inferred from behaviour. The current 

popularity of items. Pricing and availability. Margin considerations. Stock levels 

and delivery promises. Time of day and seasonal patterns. The result is that two 

different customers searching for the same word may see almost completely 

different results, each tuned to their specific profile and the brand's commercial 

goals. 

Visual Search 

In categories like fashion, furniture, and home decor, customers often know what 

they want when they see it, but cannot easily describe it in words. Visual search 

lets them take a photo or upload an image and find matching products. 

Indian platforms like Myntra, AJIO, and Lenskart have built strong visual 

search features. Pinterest Lens and Google Lens offer cross-site visual search. 

Amazon's StyleSnap allows similar functionality. The technology behind these 

features is computer vision combined with similarity search across product 

catalogues, often using deep learning models that understand both content and 

style. 
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Conversational Shopping 

We covered chatbots in Chapter 10. In e-commerce specifically, conversational 

shopping is becoming an important channel. Customers can ask questions, request 

comparisons, and place orders through chat — without ever navigating the 

traditional product pages. 

For first-time online shoppers in tier-two and tier-three cities, conversational 

shopping in regional languages is often more accessible than learning to navigate 

complex e-commerce websites. JioMart on WhatsApp, Meesho's social-

commerce model, and various WhatsApp-first commerce experiments target 

exactly this audience, expanding the e-commerce market well beyond English-

speaking metropolitan customers. 

Personalised Homepages and Browsing 

The homepage of an e-commerce site is essentially a curated shop window. AI 

decides which categories to feature, which products to highlight, which deals to 

promote — all personalised to the visitor. 

A morning visitor may see different content from an evening visitor. A new 

user sees onboarding-friendly products. A returning loyalist sees premium 

offerings. A budget shopper sees deals and discounts prominently. The same logic 

extends to category pages, collection pages, and even individual product detail 

pages, where the order and selection of "frequently bought together" or 

"customers also viewed" items is personalised. 

Inventory and Demand Forecasting 

E-commerce platforms must predict how much of each product to stock, where to 

position inventory geographically, and when to reorder. Get this wrong and the 

business loses money — either through stockouts (lost sales) or excess inventory 

(capital tied up in unsold goods). 

AI handles this forecasting at increasingly fine resolution. Flipkart, Amazon 

India, BigBasket, Blinkit, Zepto, and other Indian platforms run sophisticated 

demand forecasting that takes into account weather, festivals, regional 

preferences, marketing campaigns, and even competitor pricing. For quick-

commerce platforms operating on ten or fifteen-minute delivery promises, 

accurate hyperlocal demand forecasting is the difference between profit and loss. 
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Image, Listing, and Fraud Detection 

A surprising area where AI helps is in the quality and consistency of product 

listings themselves. Sellers on marketplaces upload millions of products with 

varying levels of care. AI can automatically detect low-quality images and suggest 

improvements. It can generate or polish product descriptions. It can categorise 

products correctly even when sellers have mislabelled them. It can identify 

duplicate or counterfeit listings. 

E-commerce is also a constant target for fraud — fake reviews, stolen credit 

cards, return fraud, account takeovers. AI fraud detection systems monitor 

patterns in real time and flag suspicious activity. Indian platforms have had to be 

particularly diligent given the diversity of fraud patterns and the importance of 

cash-on-delivery as a payment method, which carries its own fraud profile. 

 

Figure 11.1: The E-Commerce AI Stack 

Indian E-Commerce Platforms and Their AI 

A few examples bring the picture into focus. 

Flipkart was an early adopter of AI across its platform — search, 

recommendations, fraud detection, inventory, customer service. Its scale and 

Indian-market focus have produced some specific innovations, particularly in 
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handling tier-two and tier-three city shoppers who often shop differently from 

metropolitan buyers. 

Amazon India has brought Amazon's global AI capabilities to the Indian 

market while adding local features — voice search in Hindi, support for multiple 

languages, optimisations for cash-on-delivery markets. 

Myntra has built strong AI in fashion-specific use cases — visual search, style 

profiling, size recommendations, and personalised look-books. 

Meesho has built its entire business model around social commerce and 

resellers, with AI handling everything from product discovery to 

recommendations for resellers who then push products to their own social 

networks. 

Nykaa uses AI extensively for beauty and personal care, including skin-tone-

aware product recommendations and augmented-reality try-on for makeup. 

BigBasket, Blinkit, Zepto, and Instamart use AI for hyperlocal grocery 

operations, including demand forecasting at neighbourhood level, dark store 

inventory management, and delivery routing. 

JioMart blends e-commerce with the Reliance Retail offline footprint, using 

AI to bridge online and offline shopping experiences and to support both metro 

and tier-two market shoppers. 

Cross-Border and Vernacular Commerce 

Indian e-commerce has expanded well beyond English-speaking metros. AI plays 

a central role in this expansion. 

Translation systems now allow product listings to appear in Hindi, Tamil, 

Telugu, Bengali, Marathi, and other Indian languages. Speech-to-text in regional 

tongues makes voice search practical for users who type slowly or not at all in 

English. Visual search, mentioned earlier, lets users find products by photo 

without needing to know the right word for them in any language. Platforms like 

Meesho built much of their growth on serving customers in Tier 2 and Tier 3 cities 

who may not be comfortable shopping on English-only interfaces. 

Cross-border commerce — Indian sellers shipping abroad, foreign sellers 

shipping in — also relies heavily on AI for translation, currency handling, customs 

classification, and demand prediction across markets. 
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AI-Driven Assortment and Catalogue Optimisation 

Behind every e-commerce homepage lies a deeper question — which products to 

stock, which to feature, which to retire, and which to introduce. This is called 

assortment planning, and AI has reshaped it. 

Modern systems analyse search demand, browsing patterns, return rates, 

customer reviews, competitor offerings, and seasonal trends to recommend 

assortment decisions. A retailer learns which categories are growing fastest, which 

sizes and colours are most needed in which cities, and which products are likely 

to flop before launching them widely. Indian fashion retailers like Myntra, Ajio, 

and Nykaa Fashion use these methods to keep their assortments fresh and aligned 

with what shoppers actually want, rather than what buyers guess they want. 

Catalogue quality has also become an AI-driven concern. Poorly written titles, 

missing attributes, low-quality images, and inconsistent descriptions hurt search 

visibility and conversion. AI now scores catalogue listings, flags weak ones, and 

often automatically rewrites titles and descriptions, generates missing attributes 

from images, and even removes the background or enhances product photographs 

at scale. 

11.2 Dynamic Pricing Strategies 

What Dynamic Pricing Is 

Dynamic pricing is the practice of changing prices in response to changing 

conditions, sometimes in real time. The opposite is static pricing — where the 

same item is sold at the same price regardless of who is buying, when, or where. 

Dynamic pricing has existed for a long time outside of digital commerce. 

Airline ticket prices change based on demand. Hotels charge differently for the 

same room depending on the season. Auction prices vary based on bidders. What 

e-commerce has done is push dynamic pricing into nearly every category, often 

invisibly to the customer. Prices on e-commerce sites can change multiple times 

a day, sometimes multiple times an hour, based on a wide range of signals. 

The Signals That Drive Price Changes 

A few categories of signals influence dynamic pricing decisions. 
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Supply and demand signals are the most basic. When demand is high or supply 

is low, prices rise. When demand is low or excess inventory is sitting in 

warehouses, prices fall. 

Competitor pricing matters greatly. Most major e-commerce sites 

continuously monitor competitor prices for the same products and adjust their own 

prices to stay competitive, sometimes within minutes of a competitor's move. 

Time-based patterns matter. Prices for some items rise during peak shopping 

seasons such as festivals, sales, and end-of-year periods. Others fall during off-

peak times to stimulate demand. 

Customer-specific signals are the most controversial. The customer's location, 

browsing history, device, past purchases, and apparent willingness to pay can all 

influence the price shown — though brands are usually careful about this in 

markets where customers might object to feeling singled out. 

Cost signals — changes in suppliers' prices, currency fluctuations, freight 

costs — feed into pricing decisions, particularly for imported goods. 

Algorithms Used in Dynamic Pricing 

The simplest dynamic pricing systems are rule-based. "If competitor X is selling 

for Y, set our price at Z." These are easy to implement but limited in their 

sophistication. 

More advanced systems use machine learning to find the optimal price for 

each product at each moment. The model considers many signals at once and 

outputs a recommended price, often with a confidence range around it. 

Reinforcement learning is being used increasingly. The system treats each 

pricing decision as an experiment, learning over time which price produces the 

best outcome — where "best" might mean maximum revenue, maximum profit, 

maximum units sold, or some combination of these depending on business 

priorities. 

Real-Time and Scheduled Updates 

Different products warrant different pricing cadences. Highly competitive, fast-

moving items like phones and popular electronics may see prices update many 

times a day. Standard categories typically update prices once or twice a day. Niche 

or slow-moving items may update prices only weekly or monthly. 
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The technology supports any cadence; the choice depends on the business 

logic and the competitive dynamics of each category. A category with a few large 

competitors monitoring each other closely will see faster price movement than 

one with diverse, less coordinated players. 

Industries Where Dynamic Pricing Is Common 

A few sectors stand out in their use of dynamic pricing. 

Travel — airlines, hotels, and trains use dynamic pricing extensively. IRCTC, 

MakeMyTrip, Cleartrip, Yatra, and others all show different prices for the same 

route or room depending on demand patterns. 

Ride-hailing — Ola and Uber use surge pricing during peak demand, a form 

of dynamic pricing that is particularly visible to consumers and often 

controversial. 

E-commerce — Amazon, Flipkart, and others use dynamic pricing across 

many categories, especially during sales events. 

Streaming and subscriptions — newer services experiment with dynamic 

pricing for plans and features. 

Food delivery — Swiggy and Zomato use dynamic pricing during high-

demand periods, often through delivery fees and convenience charges rather than 

direct food price changes. 

Hospitality — Oyo, Marriott, Taj, and others price hotel rooms dynamically 

based on occupancy, day of week, and local events. 

 

Figure 11.2: Signals That Drive Dynamic Pricing Decisions 
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Risks and Limits 

Dynamic pricing has real risks worth understanding. 

Customer trust can be damaged if pricing seems unfair or manipulative. 

Customers who find that they paid more than someone else for the same item often 

feel cheated, even if the pricing was logically justified by the system's algorithm. 

Regulatory risk is real. Some jurisdictions have rules against price 

discrimination based on protected characteristics. Pricing based on inferred 

sensitivity can quickly cross legal lines if not handled carefully. 

Race-to-the-bottom dynamics can hurt entire categories. When everyone uses 

competitor pricing as a major signal, prices can spiral downward in ways that hurt 

all sellers and erode category profitability. 

Brand premiums can be undermined. Brands that have spent years building a 

premium position can damage that position by frequently discounting through 

dynamic pricing. The most thoughtful e-commerce operators use dynamic pricing 

with care — within certain limits, with transparency where appropriate, and with 

respect for the long-term relationship with customers. 

Indian Dynamic Pricing Examples 

A few Indian examples illustrate these practices. 

IRCTC uses dynamic pricing on certain premium trains, with prices rising as 

seats fill up. The practice has been controversial but persists for selected 

categories of travel. 

Ola and Uber use surge pricing in Indian cities, with multipliers applying 

during peak hours, bad weather, or special events. Customer reactions are mixed 

and the practice has sometimes drawn regulatory attention. 

Amazon India and Flipkart use dynamic pricing across many product 

categories, especially during their festival sales — the Big Billion Days and Great 

Indian Festival — where prices may change continuously through the day. 

Hotel booking platforms display different prices for the same hotel and room 

based on demand, day of stay, length of stay, source of traffic, and other factors 

that the platforms rarely disclose explicitly. 

Air ticket pricing has been dynamic for decades but has become significantly 

more sophisticated with AI. Travel websites in India often show different prices 
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to different visitors based on detected behaviour patterns, though they generally 

avoid the most obvious forms of personalised pricing for fear of customer 

backlash. 

11.3 Product Recommendation Systems 

Building on Chapter 4 

In Chapter 4, we covered the basics of how recommendation systems work — 

collaborative filtering, content-based filtering, hybrid approaches. Here we go 

deeper into how recommendations specifically work in e-commerce, where they 

have the most direct impact on business outcomes. 

Where Recommendations Appear in E-Commerce 

A modern e-commerce site uses recommendations in many places. 

The homepage greets each customer with personalised collections — 

"Recommended for you", "Inspired by your shopping", "Trending now in 

fashion". 

The product detail page shows "Frequently bought together", "Customers also 

viewed", and "Similar items". 

The cart page shows "Complete your purchase with", suggesting accessories 

or complementary items that boost the order value. 

The post-purchase page suggests items to buy alongside what was just 

purchased. 

Email and notifications carry personalised recommendations based on 

browsing and purchase history. 

Even the search results page personalises ranking within explicit queries. Each 

of these placements has different goals — discovery, comparison, basket-

building, retention — and the recommendations are tuned accordingly. 

Recommendation Goals in E-Commerce 

Not all recommendations have the same goal. A few main types are worth 

distinguishing. 
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Table 11.1: Common Goals of E-Commerce Recommendations 

Recommendation 

Type 

What It Does Typical Placement 

Discovery Surfaces new items the 

customer might not have 

searched for 

Homepage carousels, app 

push notifications 

Similar-Item Offers alternatives to a 

product under 

consideration 

Product detail page, search 

results 

Complementary Bundles related items to 

lift basket size 

Cart page, "Frequently 

bought together" 

Replenishment Reminds customers to 

reorder consumables 

Email reminders, app 

home for groceries 

Personalised 

Editorial 

Curates magazine-style 

selections matching 

customer taste 

Style and look-book pages 

on fashion apps 

Discovery recommendations help customers find new items they might not 

have searched for on their own, expanding their awareness of the catalogue. 

Similar-item recommendations help customers evaluate alternatives to something 

they are already considering, supporting decision-making at the moment of 

choice. Complementary recommendations bundle related items together — a 

phone with a case, a dress with shoes, a TV with a streaming subscription — 

increasing basket size. Replenishment recommendations remind customers when 

they may need to reorder consumables. Personalised editorial recommendations 

curate selections that match the customer's style, presented in a magazine-like 

format. 

The Data That Powers Modern E-Commerce Recommendations 

Beyond the basic data we discussed in Chapter 4, e-commerce recommendation 

systems use rich additional signals. 
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Behavioural micro-signals — how long the customer hovered over an image, 

whether they zoomed in, whether they read the description fully, how many times 

they came back to view the same item. 

Social signals — what the customer's friends or similar users are buying, 

sharing, or saving. 

Contextual signals — time of day, day of week, current season, current 

weather, recent searches. 

Inventory-aware signals — what is in stock, what is being delivered fast, what 

has price drops coming. 

Cross-channel signals — what the customer engaged with on email, on social 

ads, in the app, on the website. All of these flow into the recommendation engine 

continuously, refining the picture of what each customer is most likely to respond 

to right now. 

Cold Start in E-Commerce 

The cold start problem we mentioned in Chapter 4 is particularly acute in e-

commerce. A new visitor with no history, a new product with no engagement — 

both struggle in pure collaborative filtering systems. 

E-commerce platforms address this in several ways. They ask new users to 

indicate preferences during signup. They use behavioural signals from even the 

first session to bootstrap a profile. They use content features of new products to 

relate them to existing ones. They rely heavily on popularity and trend signals for 

new items until enough behaviour data accumulates. 

Measuring Recommendation Success 

Several metrics matter for e-commerce recommendations. 

Click-through rate on recommendations — what share of recommendations 

get clicked. Conversion rate from recommendations — what share of clicks lead 

to actual purchases. Lift in basket size from recommendations — how much the 

average order value rises when complementary recommendations are shown 

versus not. 

Share of revenue from recommendations — what percentage of total revenue 

traces back to recommendation surfaces. For sophisticated e-commerce platforms, 

this number can be thirty percent or more. 
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Indian E-Commerce Recommendation Examples 

A few examples bring this to life. 

Flipkart's recommendations vary subtly across surfaces — home, search, 

product page, cart — each tuned to a different stage of the customer's journey. 

Myntra's recommendations are visually rich, often presenting curated looks 

rather than individual items, especially in women's ethnic and Western fashion 

categories. 

Amazon India's recommendations leverage Amazon's huge global 

recommendation infrastructure with local adaptations for Indian shopping 

patterns. 

Meesho's recommendations are tuned for resellers as much as for end 

consumers, identifying products that resellers are likely to be able to push 

successfully to their own networks. 

Nykaa's recommendations consider skin type, hair type, age, and other 

personal-care-specific attributes, including augmented-reality try-on results. 

JioMart bridges its online catalogue with offline Reliance Retail data, 

recommending products that align with what the customer has bought historically 

across both channels. 

 

Figure 11.3: Recommendation Surfaces Across an E-Commerce Customer 

Journey 

The Future of E-Commerce Recommendations 

Looking ahead, a few trends are reshaping the space. 
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Generative AI is starting to power recommendation explanations. Instead of 

just showing "you may like this", the system can explain why. "We picked this 

kurta for you because it has the embroidery details you have liked before, and it 

pairs well with the pyjama you bought last month." Such explanations build trust 

and help customers feel understood rather than tracked. 

Multimodal recommendations combine text, image, video, and audio. A 

customer who liked a particular fashion video may be recommended items based 

on what was shown, not just what was tagged. 

Conversational commerce, as we saw in Chapter 10, blurs the line between 

recommendation and dialogue. The customer asks for help; the system responds 

with personalised suggestions in a natural conversation. 

AI agents acting on behalf of consumers are emerging. Instead of customers 

browsing recommendations themselves, their AI assistants may evaluate options 

and either complete purchases automatically or short-list a small set for human 

review. 

In all these trends, recommendation systems continue to be central. The 

question is no longer whether to use recommendations but how to use them well 

— and how to keep them respectful of the customer's interest as well as the brand's 

commercial goals. 

Chapter Summary 

• E-commerce platforms run on a layered AI stack — data infrastructure, 

customer understanding, product understanding, matching, conversion, 

and retention — that operates continuously and at scale. 

• Personalised search, visual search, conversational shopping, personalised  

homepages, demand forecasting, listing optimisation, fraud detection, and 

customer service automation are the major AI-powered features in modern 

e-commerce. 

• Indian platforms like Flipkart, Amazon India, Myntra, Meesho, Nykaa, 

BigBasket, Blinkit, Zepto, and JioMart use AI extensively, with 

adaptations for Indian shopping patterns and languages. 

• Dynamic pricing changes prices in response to demand, supply, 

competitor pricing, time-based patterns, customer signals, and cost 

changes — often in real time and many times a day. 
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• Dynamic pricing algorithms range from simple rule-based systems to 

advanced machine learning and reinforcement learning models that learn 

the optimal price from outcomes. 

• Industries with heavy dynamic pricing include travel, ride-hailing, e-

commerce, food delivery, hospitality, and streaming services. 

• Dynamic pricing carries risks of damaged customer trust, regulatory 

action, race-to-the-bottom dynamics, and brand premium erosion if not 

handled carefully. 

• E-commerce recommendations appear on home, search, product, cart, 

post-purchase, and notification surfaces, with five main goals — 

discovery, similar-item, complementary, replenishment, and editorial. 

• Modern recommendation systems use rich behavioural, social, contextual, 

inventory, and cross-channel signals far beyond the basic data discussed 

in Chapter 4. 

• The future of e-commerce recommendations involves generative 

explanations, multimodal inputs, conversational commerce, and AI agents 

acting on behalf of consumers. 

Review Questions 

1. Describe the six-layer AI stack used in modern e-commerce platforms and 

explain the function of each layer. 

2. How does AI power personalised search and visual search in e-commerce? 

Provide examples. 

3. What is dynamic pricing? Discuss any five categories of signals that drive 

price changes. 

4. Compare rule-based, machine learning, and reinforcement learning 

approaches to dynamic pricing. 

5. Discuss any five industries where dynamic pricing is common, with Indian 

examples for each. 

6. What are the main risks of dynamic pricing? How can brands manage 

these risks? 

7. Identify the main surfaces where recommendations appear in an e-

commerce experience and explain the goal at each surface. 
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8. Discuss the five main goals of e-commerce recommendations with a clear 

example for each. 

9. How is the cold start problem handled in e-commerce recommendations? 

Discuss any three approaches. 

10. What metrics are used to measure recommendation success in e-

commerce, and why is balancing them important? 

Looking Ahead 

E-commerce illustrates the power of AI when it is allowed to operate freely across 

personalisation, pricing, and recommendations. It also raises sharp questions 

about privacy, fairness, transparency, and consent. These questions deserve their 

own chapter. Chapter 12 will examine the ethical and legal dimensions of AI in 

marketing — data privacy, ethical use of AI, and the legal regulations that 

increasingly shape how brands can and cannot act. 
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CHAPTER 12 

Ethical and Legal Issues in AI Marketing 

A few years ago, a major Indian e-commerce platform faced an embarrassing 

situation. A customer discovered that the same product, viewed from two different 

devices logged into two different accounts, was being shown at noticeably 

different prices. The customer posted screenshots on Twitter. Within hours, the 

story trended. Within days, articles appeared questioning whether the platform 

was charging some customers more based on their browsing patterns, location, or 

even the kind of phone they used. The platform issued explanations, but the trust 

damage had been done. 

Whether or not personalised pricing was actually deliberate in this case, the 

incident captures the new reality that every AI-using marketer must contend with. 

The same technologies that make marketing more effective also raise difficult 

questions — about fairness, transparency, consent, and the rights of customers in 

a world where they can no longer easily know what data is being collected about 

them, what conclusions are being drawn, or how those conclusions are shaping 

the offers and experiences they see. 

For most of marketing's history, ethical and legal issues were comparatively 

simple. Do not make false claims. Do not deceive consumers. Honour contracts. 

The basics have not changed, but the landscape has become vastly more complex. 

AI has introduced new categories of risk — biased algorithms, opaque decision-

making, intrusive profiling, and the manipulation of consumer behaviour at a scale 

never possible before. 

In this chapter we will examine three interconnected areas. First, data privacy 

and security — the foundation of trust in any AI-driven marketing system. 

Second, the ethical use of consumer data — the harder set of questions about what 

brands should do, even where the law permits them to do it. Third, legal 

regulations and compliance — the framework of laws that now governs marketing 

data and AI use, with particular attention to India's Digital Personal Data 

Protection Act of 2023. 

This is not the most exciting chapter in this book, but it may be the most 

important. The brands that get ethics and compliance right will continue to operate 



168 
 

freely. Those that get them wrong face fines, lawsuits, public outrage, customer 

departure, and sometimes the loss of their entire business. 

12.1 Data Privacy and Security 

Why Privacy Matters More Than Ever 

Modern marketing depends on data. We have seen across this book how every AI 

application — recommendation systems, personalisation, advertising, CRM — is 

fundamentally a function of data. The more data a brand collects, the more it can 

do. 

But data also creates risk. Every byte stored about a customer is a byte that 

can be stolen, misused, or surfaced in ways the customer never imagined. A 

customer who happily shares their email address to receive a discount may not 

realise that the same email address will be used to track them across the internet, 

link them to other data sets, and feed predictions about their behaviour for years 

to come. 

Privacy, in the modern sense, is not about hiding. It is about control — the 

right of individuals to know what is being collected about them, to decide what 

they want to share, to correct mistakes, and to demand deletion when they wish. 

Categories of Personal Data 

Not all data is equally sensitive. Privacy regulations typically distinguish several 

categories. 

Identifiers include name, email, phone number, address, and any data that 

directly identifies a person. 

Demographic data covers age, gender, language, education, occupation, and 

similar attributes. 

Behavioural data captures what people do — websites visited, products 

purchased, content consumed, locations visited. 

Inferred data, often the most controversial, includes the predictions and labels 

brands attach to customers — likelihood of buying, lifetime value estimate, 

perceived interests. The customer never shared this information; the brand created 

it. 



169 
 

Sensitive personal data deserves the strongest protection. This includes health 

information, financial details, sexual orientation, religious beliefs, political 

opinions, caste, and similar attributes. Most modern privacy laws require explicit  

consent for such data and limit its use sharply. 

Children's data sits in a special category. Most jurisdictions impose stricter 

rules on collecting and using data about minors, and outright prohibit certain types 

of profiling or advertising aimed at children. 

The Common Threats 

Several specific privacy and security threats keep modern marketers up at night. 

Data breaches are the most visible. When attackers steal customer data — 

emails, passwords, payment details — the company involved faces immediate 

legal liability and lasting reputational damage. The list of major breaches in recent 

years includes payment processors, telecom companies, retailers, social 

platforms, and educational institutions across India and the world. 

Insider threats are quieter but no less dangerous. Employees with access to 

customer data may misuse it deliberately or accidentally. Strict access controls, 

audit trails, and role-based permissions help, but the human element remains a 

constant source of risk. 

Third-party leakage occurs when data shared with partners, agencies, or 

service providers ends up exposed. A brand may have airtight internal security but 

become a victim of a vendor's failures. 

Re-identification of supposedly anonymous data has become alarmingly easy. 

Even when names and addresses are removed, combinations of other data points 

— purchase patterns, location traces, browsing histories — can often be matched 

back to individuals. 

Algorithmic inference can reveal what customers never intentionally shared. 

Models can predict pregnancy from shopping baskets, political leanings from 

social media activity, or health conditions from search patterns. The customer 

never told the brand anything sensitive, yet the brand effectively knows. 

Building Privacy Into AI Systems 

Modern thinking has shifted from treating privacy as a compliance afterthought 

to embedding it in the design of every system from the start. This approach goes 
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by several names — Privacy by Design, Privacy Engineering, Data Protection by 

Default — but the principles are similar. 

Data minimisation collects only what is genuinely needed. If a brand does not 

need a customer's date of birth, it does not ask. If it does not need precise location, 

it stores only the city. 

Purpose limitation restricts the use of data to the reason it was originally 

collected. Email addresses collected to confirm orders should not be silently added 

to a marketing list without the customer's consent. 

Storage limitation retains data only as long as it is needed. Old records should 

be deleted on schedule, not kept indefinitely just in case. 

Anonymisation and pseudonymisation remove or hash personal identifiers 

from data sets used for analytics, training, or sharing. 

Several Indian systems have begun to publicly emphasise their privacy 

practices. UPI's framework was designed with privacy considerations in mind, 

with users not exposing their bank account numbers to the merchants they pay. 

Aadhaar, while controversial in many respects, has built privacy features such as 

Virtual ID. Banks and fintechs invest heavily in encryption, monitoring, and 

access control as part of their regulatory obligations. 

 

Figure 12.1: The Privacy by Design Framework for AI Marketing 
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12.2 Ethical Use of Consumer Data 

Beyond What the Law Requires 

Laws set the floor. Ethics asks what brands should do, not just what they must do. 

Plenty of practices remain legal that responsible brands choose to avoid because 

they are exploitative, manipulative, or simply not in the long-term interest of 

either party. 

Algorithmic Bias 

Algorithmic bias is the question of whether AI systems treat different groups of 

people fairly. Models trained on historical data can absorb the biases present in 

that data. A credit scoring model trained on past lending decisions may continue 

to discriminate against the same communities that were historically denied loans. 

A hiring algorithm may favour male candidates because past hires were mostly 

male. 

Marketing applications are not immune. Recommendation systems can 

reinforce stereotypes by showing women only beauty products and men only 

electronics. Advertising targeting can exclude certain groups from opportunities 

like job listings or housing offers. Personalisation can produce different prices or 

offers for different demographics in ways that look discriminatory. India's diverse 

population, with its linguistic, religious, regional, caste-based, and socioeconomic 

divisions, makes algorithmic fairness a particularly important concern. 

Manipulation Versus Persuasion 

Manipulation versus persuasion is a subtle but important line. All marketing tries 

to influence behaviour. That is the point. But there is a difference between 

persuasion — giving people reasons to act in their own interest — and 

manipulation, which exploits psychological vulnerabilities to push them toward 

actions they would not endorse if they thought clearly. 

AI makes manipulation more powerful by allowing brands to identify each 

individual's specific vulnerabilities and target them precisely. A model that knows 

a customer struggles with impulse purchases late at night can either help them 

avoid that pattern or exploit it ruthlessly. The choice is ethical, not technical. 
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Dark Patterns 

Dark patterns are user interface designs that nudge people toward actions they did 

not intend. A booking site that hides the unsubscribe button. A subscription that 

is easy to start but nearly impossible to cancel. A consent banner where "accept 

all" is prominent and "reject all" is buried. Pre-ticked checkboxes that opt users 

into things they did not ask for. False scarcity messages claiming only two rooms 

left when actually plenty are available. 

These designs are technically legal in many places but increasingly draw 

regulatory scrutiny. India's Consumer Protection Authority has begun issuing 

guidelines against dark patterns specifically. Responsible brands avoid them not 

just because the law may catch up but because they damage customer trust over 

time. 

Consent Fatigue and Surveillance Concerns 

Consent fatigue describes the phenomenon where customers click through privacy 

disclosures without reading because they appear constantly. The notion of 

informed consent breaks down when no one is informed in practice. Responsible 

brands work to make consent meaningful — fewer interruptions, clearer choices, 

real control. 

Surveillance and chilling effects raise broader concerns about a world in 

which all activity is tracked, predicted, and monetised. People who know they are 

watched behave differently. Some research areas, political views, or personal 

explorations may simply not happen in a world of total surveillance. Responsible 

brands accept that not everything customers do should be tracked, even if it could 

be. 

Profiling of vulnerable groups requires particular caution. Targeting people 

with gambling problems for gambling ads, or people in financial distress for high-

interest loans, may be legal in many jurisdictions but is hard to defend ethically. 

Indian regulators have begun paying close attention to such practices, especially 

in digital lending and fantasy gaming. 

Transparency and Explainability 

A common ethical demand is that AI systems be understandable. Customers 

should know in broad terms what data is collected, how decisions are made, and 

what options they have. 
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This is harder than it sounds. Complex AI models, especially deep learning 

systems, can produce decisions that even their designers cannot fully explain. 

Researchers have developed explainability techniques that approximate why a 

model behaved the way it did, but these are imperfect. 

Children, Health, and Other Sensitive Domains 

Some domains require extra care. 

Children's marketing is increasingly regulated worldwide. Brands targeting 

children, or whose products are used by children, must take stricter steps to obtain 

parental consent, limit data collection, and avoid manipulation. India's DPDP Act 

2023 includes explicit protections for children's data and prohibits certain kinds 

of behavioural advertising aimed at minors. 

Health data attracts special protection in most jurisdictions. Brands collecting 

or inferring health information — fitness apps like cult.fit, diagnostic services like 

Practo and 1mg, pharmacies like PharmEasy — face higher standards of consent, 

security, and use. 

Financial data is similarly sensitive. Banks, fintechs, and any brand collecting 

income, credit, or transaction details must follow strict rules about storage, 

sharing, and use. RBI's account aggregator framework is one Indian innovation 

that gives consumers more control over how their financial data is shared. 

Education-related data has emerged as a concern as more learning moves 

online. Student profiles, performance data, and behavioural patterns require 

careful handling, particularly for minors. 

 

Figure 12.2: Common Ethical Issues in AI-Driven Marketing 
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Lessons from Indian Data Breaches 

Several high-profile incidents have shaped Indian consumer awareness and 

regulatory attention. 

Major Indian breaches over the past decade have affected payment processors, 

telecom subscribers, ride-hailing customers, food delivery users, and even 

government databases. Customer phone numbers, email addresses, location 

histories, and in some cases financial details have appeared on the dark web. The 

companies involved have faced regulatory scrutiny, class-action style consumer 

complaints, and lasting reputational damage even after technical fixes. 

The common thread in most breaches is not sophisticated state-level attacks. 

It is mundane failures — misconfigured cloud storage, weak passwords on 

internal systems, third-party vendors with poor security, employees clicking 

phishing links, and unpatched software vulnerabilities. The lesson for marketers 

using AI is that the riskiest data is often not the data inside the AI model itself but 

the data sitting in poorly-secured systems around it. 

Customer awareness has risen alongside these incidents. Indian consumers 

increasingly notice spam calls that reference specific products they bought, 

marketing communications that mention details they never shared, or suspicious 

account activity following data leaks. Trust, once lost, takes years to rebuild. 

Building an Ethics-First Culture 

Technical safeguards alone do not produce ethical AI marketing. The culture of 

the organisation matters at least as much. 

An ethics-first culture begins at the top. When senior leadership treats privacy 

and fairness as strategic priorities rather than nuisances, the message cascades 

through the organisation. Brands whose CEOs talk publicly about customer trust 

as a competitive advantage tend to make different decisions than those treating it 

as a compliance cost. 

Cross-functional ethics reviews bring together marketing, data science, legal, 

customer service, and sometimes external voices to evaluate significant AI 

applications before launch. Some Indian banks and fintechs have established 

formal AI ethics committees that review new uses of customer data, biased model 

outcomes, and customer experience risks. 

Customer voice mechanisms — easy ways for customers to ask questions, 

raise concerns, and request changes — keep the organisation grounded. A brand 
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that hears regularly from customers about confusing privacy choices or unfair-

feeling personalisation will catch problems earlier than one that simply pushes 

content out without listening. 

Whistleblower protection encourages employees who see unethical practices 

to speak up internally rather than externally. Many of the most damaging public 

incidents could have been prevented if early warnings from employees had been 

heard. 

12.3 Legal Regulations and Compliance 

The Global Patchwork 

There is no single global law governing data and AI use in marketing. Brands 

operating in multiple countries face a patchwork of regulations, each with its own 

definitions, requirements, and penalties. 

The EU's General Data Protection Regulation, or GDPR, took effect in 2018 

and remains the most influential global standard. Its core principles — lawful 

basis for processing, data subject rights, breach notification, and large fines — 

have been adopted in similar form by many other jurisdictions. 

California's CCPA, expanded by the CPRA, gives California residents rights 

to know what is collected, request deletion, and opt out of sale of personal 

information. Several other US states have followed with similar laws. 

Other jurisdictions including Brazil's LGPD, Canada's PIPEDA, Singapore's 

PDPA, and dozens of others have similar frameworks. Compliance for a global 

brand has become a substantial undertaking. 

Table 12.1: Major Privacy Regulations Across Key Jurisdictions 

Regulation Jurisdiction Key Features 

DPDP Act 2023 India Consent-based processing, rights of data 

principals, special protection for 

children, penalties up to Rs 250 crore 

GDPR European 

Union 

Lawful basis required, broad rights for 

data subjects, breach notification within 
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Regulation Jurisdiction Key Features 

72 hours, fines up to 4% of global 

revenue 

CCPA / CPRA California, 

USA 

Right to know, delete, and opt out of sale 

of personal information; expanded in 

2023 with sensitive data protections 

LGPD Brazil Similar in structure to GDPR, applies to 

any processing of Brazilian residents' 

data 

PDPA Singapore Consent-based processing, Do-Not-Call 

provisions, mandatory breach 

notification 

EU AI Act European 

Union 

Risk-based regulation of AI systems; 

bans certain uses, restricts high-risk 

applications, transparency obligations 

India's DPDP Act 2023 

The Digital Personal Data Protection Act of 2023 is India's first comprehensive 

data protection law. Several features matter for marketers. 

Lawful basis is required for any processing of personal data. Consent is the 

primary basis, supplemented by "legitimate uses" specified in the Act. 

Notice and consent must be specific, informed, and revocable. Long, vague 

privacy policies that grant brands sweeping rights are no longer acceptable. 

Consent for one purpose does not extend to another. A customer who consented 

to receive marketing for one product line did not consent to receive marketing for 

everything the brand sells. 

Rights of data principals are clearly established. Individuals — called "data 

principals" in the Act — have the right to access their data, correct mistakes, 

request deletion, and complain to the Data Protection Board. 
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Significant Data Fiduciaries — large or sensitive data handlers — face stricter 

requirements including independent audits and data protection impact 

assessments. 

Children's data is given strong protection. Processing personal data of minors 

requires verifiable parental consent. Profiling, targeted advertising, and 

behavioural tracking of children are largely prohibited. 

Cross-border data transfers are permitted but subject to government 

notifications about countries where transfers are restricted. 

Penalties can be significant, up to Rs 250 crore for certain violations. Beyond 

fines, reputational damage from public enforcement actions has its own deterrent 

effect. 

Sectoral Regulations in India 

Beyond the DPDP Act, several sectoral regulations affect marketing data and AI 

use in India. 

The Reserve Bank of India regulates how banks and financial institutions 

collect, store, and use customer data. Specific rules cover digital lending, data 

localisation for payment systems, and the use of customer data by financial AI 

systems. 

The Insurance Regulatory and Development Authority similarly governs 

insurance marketing and customer data handling. 

The Telecom Regulatory Authority of India sets rules around commercial 

communications, leading to the DND (Do Not Disturb) registry and rules about 

unsolicited calls and SMS. Telemarketers found violating these rules face 

penalties and loss of access to telecom services. 

The Consumer Protection Act 2019 and its supporting rules cover dark 

patterns, misleading advertisements, unfair trade practices, and the Central 

Consumer Protection Authority can take action against violators. 

Industry-specific guidelines from regulators like SEBI for capital markets, the 

National Medical Commission for medical advertising, and the Advertising 

Standards Council of India for general advertising, all apply to the marketing of 

regulated products and services. 
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What Compliance Looks Like in Practice 

For a marketing team using AI, compliance is not a one-time exercise but a 

continuous discipline. 

Privacy policies must be reviewed and updated regularly to reflect actual 

practices and current regulations. 

Consent management platforms collect, store, and honour user preferences 

across channels. Tools like OneTrust, TrustArc, Securiti, and Indian players have 

grown to serve this need. 

Data inventories map what data is held, where, how it flows, and why. Without 

this, complying with deletion requests or breach reporting becomes impossible. 

Data protection impact assessments evaluate new uses of data — particularly 

AI applications — for risks to individuals before deployment, not after. 

Vendor management ensures that partners and service providers meet 

equivalent standards, with contracts that pass on the relevant obligations. 

Staff training keeps the people using data aware of their responsibilities. 

Compliance fails most often not because of malicious intent but because of 

carelessness. 

Incident response plans prepare the organisation for breaches and other 

incidents, defining who does what and when. 

Audit and oversight, internal or external, verify that practices match policies. 

The Future Direction 

The regulatory direction is clear. Privacy laws are tightening, not loosening. AI-

specific regulations are emerging. The EU's AI Act, the most comprehensive AI 

legislation to date, imposes obligations based on the risk level of AI applications. 

Similar approaches are emerging in other jurisdictions, including India where AI 

regulation is under active discussion. 

For marketers, the implications are practical. Marketing AI will be subject to 

more scrutiny. Documentation requirements will grow. Customer rights will 

expand. The brands that build robust compliance capabilities now will have an 

advantage over those that scramble later under pressure. 

Compliance can feel like a burden, but the brands that approach it as a strategic 

capability rather than a checkbox exercise build something valuable — customer 
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trust. In an era when scepticism about data use is rising, the brands that can 

credibly show they treat customer data responsibly will earn a loyalty advantage 

that purely transactional competitors cannot match. 

 

Figure 12.3: The Compliance Lifecycle for AI Marketing Programmes 

Chapter Summary 

• Modern marketing depends on data, but every piece of data collected 

creates risk; privacy is fundamentally about giving individuals control 

over what is collected and how it is used. 

• Personal data falls into categories with different protection levels — 

identifiers, demographic, behavioural, inferred, sensitive, and children's 

data. 

• Common privacy threats include data breaches, insider misuse, third-party 

leakage, re-identification of anonymous data, and algorithmic inference of 

sensitive attributes. 
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• Privacy by Design embeds protection into systems from the start through 

data minimisation, purpose limitation, storage limitation, encryption, 

access controls, audit trails, and anonymisation. 

• Ethical issues go beyond what the law requires — algorithmic bias, 

manipulation versus persuasion, dark patterns, consent fatigue, 

surveillance effects, and exploitation of vulnerable groups. 

• Transparency and explainability are increasingly expected; customers 

should know in broad terms what data is collected, how decisions are 

made, and what options they have. 

• Children's data, health data, financial data, and education data deserve 

special protection. 

• Major global regulations include GDPR (EU), CCPA/CPRA (California), 

LGPD (Brazil), PDPA (Singapore), and the EU AI Act. 

• India's DPDP Act 2023 establishes consent-based processing, rights of 

data principals, special protection for children, requirements for 

Significant Data Fiduciaries, and penalties up to Rs 250 crore. 

• Sectoral regulations in India come from RBI, IRDAI, TRAI, SEBI, NMC, 

ASCI, and the Consumer Protection Authority. 

• Practical compliance requires privacy policies, consent management 

platforms, data inventories, impact assessments, vendor management, 

staff training, incident response plans, and audit oversight. 

• Regulatory direction is toward tighter rules and more AI-specific 

oversight; brands that build robust compliance now gain a trust advantage 

over those that wait. 

Review Questions 

1. Explain why privacy matters more than ever in AI-driven marketing, and 

define what privacy means in the modern sense. 

2. Distinguish between the six main categories of personal data and the 

protection level appropriate to each. 

3. Describe any five common privacy and security threats facing modern 

marketers and how each can be mitigated. 

4. What is Privacy by Design? Explain its main principles with examples. 
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5. Discuss any five major ethical issues in AI marketing beyond what the law 

requires. 

6. Explain dark patterns with examples, and discuss why they damage long-

term brand value. 

7. Summarise the key provisions of India's DPDP Act 2023 that affect 

marketers. 

8. Describe any four Indian sectoral regulations that apply to marketing data 

and AI use. 

9. Outline what practical compliance with modern privacy regulations looks 

like for a marketing team using AI. 

10. Why might compliance be considered a strategic capability rather than a 

burden? Discuss with reasoning. 

Looking Ahead 

Having grounded ourselves in the ethical and legal foundations, we now return to 

strategic marketing work. Chapter 13 turns to AI-driven branding strategies — 

how brands position themselves, measure consumer perception, and shape the 

communications that build brand equity over time. The technical tools we have 

studied throughout this book come together in this chapter in service of the most 

strategic question in marketing: who is the brand, in the eyes of the people who 

matter to it? 

  



182 
 

CHAPTER 13 

AI-Driven Branding Strategies 

A few years ago, building a brand was largely a matter of art, intuition, and lots 

of expensive research. Brand strategists sat in workshops, debated the personality 

of the brand, conducted focus groups, ran surveys, and produced documents 

declaring what the brand stood for. The work was thoughtful, but slow and 

expensive, and reaching beyond major metros was difficult. 

Today, the same brand strategy work increasingly leans on AI. Social media 

listening tools scan millions of conversations to reveal what people actually feel. 

Machine learning models identify which brand attributes resonate with which 

segments. Generative AI produces hundreds of variations of brand messages, 

visual identities, and campaign concepts for testing. The art has not disappeared, 

but the data has caught up to where the art used to operate alone. 

In this chapter we will examine three areas where AI is transforming brand 

work. First, brand positioning with AI — how brands decide who they are, who 

they serve, and how they differ from competitors. Second, consumer perception 

analysis — how brands measure and understand what consumers think of them. 

Third, AI in brand communication — how brand messages get crafted, delivered, 

and adapted across channels. 

A note before we begin. Branding is not the same as marketing. Marketing is 

the activity of getting customers; branding is the strategy of being a particular kind 

of company in the eyes of customers. The two interact constantly but are 

conceptually distinct. AI is helping with both, but its role in branding deserves 

separate treatment, which is why this chapter exists. 

13.1 Brand Positioning with AI 

What Positioning Means 

Brand positioning is the strategic answer to a simple question — when a customer 

thinks of your category, what does your brand mean to them? 

The classic positioning thinking, formalised by Al Ries and Jack Trout in the 

1980s, holds that brands compete for distinctive positions in consumers' minds. 
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Volvo means safety. Apple means design. Tata means trust. McDonald's means 

consistent food anywhere. The strongest positions are simple, distinctive, and 

rooted in a real consumer need. 

For most of marketing's history, positioning was decided based on a mix of 

management intuition, focus group findings, and limited survey data. Brand 

strategists often worked from incomplete information about what consumers 

really thought. 

AI has changed the data available, even if the strategic thinking remains 

largely human. 

The AI-Powered Inputs to Positioning 

Several specific AI capabilities now feed positioning work. 

Social listening at scale captures what people say about brands and categories. 

Tools like Brandwatch, Sprinklr, Talkwalker, Meltwater, and Indian platforms 

like Locobuzz and Konnect Insights scan millions of public conversations on 

social media, review sites, news, and forums. They identify the words and ideas 

associated with each brand, their relative strength, and how they shift over time. 

Competitive benchmarking compares a brand's perception against 

competitors. AI clusters mentions, sentiment, and themes to reveal where 

competitors are strong and where there are gaps that a brand could occupy. 

Audience clustering uncovers segments that traditional demographic 

categories miss. A brand may discover that its most loyal customers are not who 

it assumed, or that an unexpected segment has high latent demand. 

Trend detection spots emerging themes early. A brand can see which 

conversations are gaining momentum and decide whether to engage. Indian 

brands have used this to spot regional language demand, festival-related trends, 

and cultural shifts before they became mainstream marketing wisdom. 

Concept testing using AI allows positioning ideas to be tested in advance. 

Variations of positioning statements, taglines, or campaign concepts can be 

exposed to representative panels online, with reactions captured at scale and 

analysed for resonance. 

Brand attribute mapping uses AI to associate brands with attributes — 

premium, modern, trustworthy, fun, traditional — and visualise their relative 

positions in attribute space, revealing crowded versus open territory. 
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Indian Examples 

Several Indian brands have done positioning work informed heavily by AI-driven 

insights. 

Royal Enfield's positioning around heritage, freedom, and the romance of 

motorcycling drew on extensive listening to enthusiast communities, both online 

and offline. 

Boat, the audio brand, positioned itself for the young Indian consumer who 

wanted high-quality audio without paying premium prices. Its positioning was 

informed by close monitoring of conversations on social media about competing 

brands like Skullcandy, Sony, and JBL. 

Mamaearth used AI-driven insights into new-mother concerns about 

chemicals in baby products to position itself as a natural, toxin-free choice. 

Tata Neu's positioning of bringing together the trust of the Tata Group across 

multiple product categories drew on extensive consumer research, including AI 

analysis of cross-shopping behaviour across the Tata brands. 

Asian Paints' Beautiful Homes positioning, beyond just selling paint, was 

shaped partly by analysing the way consumers talked about home decor decisions 

and their underlying emotions of pride, hospitality, and self-expression. 

CRED's premium positioning, targeting credit-card-paying urban consumers, 

was supported by social listening that identified an underserved cohort wanting 

recognition for financial responsibility. 

The Limits of Data 

A caution worth noting. Positioning remains a creative act. Data can reveal where 

competitors are weak, what attributes matter, and what language resonates. But 

the leap from data to a distinctive brand positioning still requires human judgment, 

creativity, and conviction. Brands that delegate positioning entirely to algorithms 

tend to end up bland, indistinguishable from competitors who used the same tools 

on the same data. 

The best uses of AI in positioning work treat it as a research assistant — 

surfacing what would have been invisible, testing hypotheses faster, monitoring 

how positioning lands — rather than as a strategy generator on its own. A great 

brand positioning still comes from a person who understands the category, the 



185 
 

customers, and the brand deeply, and uses AI to validate and refine an idea that 

originated in human imagination. 

 

Figure 13.1: AI-Powered Inputs to Brand Positioning 

13.2 Consumer Perception Analysis 

What Consumer Perception Means 

Consumer perception is the mental picture customers carry of a brand. It includes 

what they think the brand stands for, how they feel about it, what they associate it 

with, and how they would describe it to a friend. 

Perception is not the same as reality. A brand may have excellent products and 

ethical practices, but if customers perceive it as low quality or untrustworthy, the 

perception is what drives behaviour. Conversely, a brand can ride a positive 

perception for years even after its underlying quality declines. Managing 

perception is therefore central to long-term brand health. 

The Traditional Methods 

Before AI, perception was measured through several methods. 

Brand tracking studies surveyed representative samples regularly, asking 

standard questions about awareness, consideration, perception, and intent. 
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Focus groups gathered small groups of consumers to discuss brands and 

products, with researchers analysing the discussion for themes. 

Net Promoter Score and similar metrics tracked the willingness of customers 

to recommend the brand. 

Brand audits combined multiple methods to assess overall brand health every 

few years. 

These methods remain valuable but have limits. Surveys depend on what 

people report, which may differ from what they think or do. Focus groups are 

small samples that may not represent broader audiences. Tracking is periodic, not 

continuous. Costs are significant. 

AI-Powered Perception Analysis 

Modern AI methods complement and sometimes replace traditional measurement.  

Sentiment analysis applies natural language processing to the millions of 

mentions a major brand receives across social media, news, reviews, and other 

sources. It classifies each mention as positive, negative, or neutral, and tracks the 

balance over time. 

Aspect-based sentiment analysis goes deeper, identifying not just whether 

mentions are positive or negative, but what specific aspects of the brand they refer 

to. A restaurant chain can learn that its food gets praised while its service gets 

criticised, and act accordingly. 

Emotion detection moves beyond positive and negative to identify specific 

emotions — joy, anger, surprise, disgust, sadness, fear. Different brands evoke 

different emotional profiles, and changes over time signal important shifts in how 

consumers feel. 

Image and video analysis examines the visual content shared about brands. AI 

can spot logos appearing in photos and videos, even when the brand is not 

explicitly tagged. This reveals how brands appear in customers' lives in ways that 

surveys can never capture. 

Voice of customer analytics applies AI to support tickets, chat transcripts, call 

recordings, and survey responses to identify recurring themes, emerging issues, 

and opportunities for improvement. 

Net sentiment scores, share of voice metrics, and brand health composites 

combine multiple signals into continuously updated indicators of brand standing. 
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Table 13.1: AI Capabilities Across Brand Functions 

Brand Function AI Capability Common Tools 

Social Listening Scans millions of public 

mentions across platforms 

in real time 

Brandwatch, Sprinklr, 

Talkwalker, Locobuzz 

Sentiment 

Analysis 

Classifies mentions as 

positive, negative, or 

neutral; tracks shifts over 

time 

Meltwater, Konnect 

Insights, Unbox.ai 

Content 

Generation 

Produces ad copy, 

captions, scripts, blog 

posts at scale in brand 

voice 

ChatGPT, Claude, 

Gemini, Jasper, 

Writesonic 

Visual Identity Generates brand images, 

illustrations, and short 

videos in consistent style 

Midjourney, Adobe 

Firefly, Canva Magic, 

DALL-E 

Translation Localises brand 

communications into 

multiple Indian and global 

languages 

DeepL, Google Translate, 

Reverie, Vernacular tools 

Crisis Detection Spots emerging issues 

from sentiment patterns 

before they escalate 

Sprinklr Insights, 

Brandwatch, Quid 

Practical Applications 

A few examples make the value concrete. 

A new product launch can be tracked in real time. The first hours of social 

conversation about a launch reveal what consumers love, what confuses them, and 

what they criticise. Brands can adjust messaging quickly. 
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A crisis can be detected early. A small but rising number of complaints about 

a defect can flag a problem before it becomes a public scandal. AI watches the 

signal patterns more reliably than human teams scrolling through feeds. 

Competitive intelligence reveals what consumers are saying about 

competitors. A brand can spot where competitors are vulnerable and where it has 

opportunities to differentiate. 

Influencer impact can be measured. AI tracks the conversations triggered by 

influencer campaigns, distinguishing genuine engagement from inflated metrics. 

Cultural and seasonal shifts can be monitored. Indian brands track 

conversations around major festivals — Diwali, Eid, Christmas, Pongal, Onam, 

Durga Puja — to understand how their brand fits into these moments and where 

opportunities exist for relevant communication. 

Indian Applications 

Indian brands have used these methods extensively. Banks track perception during 

product launches and crisis moments. FMCG brands like Hindustan Unilever and 

ITC monitor conversations around their major brands continuously. Telecom 

companies follow the perception battles between Jio, Airtel, and Vi closely. 

Direct-to-consumer brands use perception data to refine positioning and 

messaging in real time. 

A specifically Indian challenge is multilingual analysis. A brand may be 

praised in English, criticised in Hindi, and discussed completely differently in 

Tamil or Bengali. Modern AI tools handle multiple Indian languages with steadily 

improving accuracy, though accuracy on regional languages and code-mixed 

(English-Hindi) content still varies. 

The Pitfalls 

Perception analysis has limits worth respecting. 

Public conversations represent only the people who choose to speak publicly. 

Silent majorities may feel quite differently from vocal minorities. 

Sentiment classifiers make mistakes. Sarcasm, slang, regional language, and 

complex sentences can all confuse them. Indian markets are particularly tricky 

because consumers mix languages, use cultural references that AI may miss, and 

switch tones unpredictably. 
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Volume can overwhelm signal. A flood of mentions may be largely irrelevant  

noise; a small number of mentions from highly influential voices may matter more 

than a thousand others. 

Over-reaction to short-term sentiment swings can lead to bad decisions. Brand 

health is a long-term game; daily mood swings of social media are not a reliable 

guide. 

The most effective brand teams use perception analysis as one input among 

many, combined with traditional research, sales data, and human judgment. 

13.3 AI in Brand Communication 

What Brand Communication Means 

Brand communication is everything a brand says and shows — advertisements, 

social media posts, website copy, packaging, customer service language, store 

experiences, sponsorships, and every other touchpoint. The aim is to communicate 

the brand consistently and effectively across channels and over time. 

In a fragmented media world, with customers encountering brands across 

dozens of channels, communication consistency is harder than ever. AI is helping 

brands meet this challenge. 

Generative Content and Brand Voice 

Generative content creation has been the most visible change. Tools like 

ChatGPT, Claude, Gemini, and many specialised systems now produce blog 

posts, social media captions, ad copy, video scripts, and product descriptions at 

speeds and volumes that human teams could never match. The role of brand teams 

is shifting from creating every piece of content to designing, directing, and 

curating what AI produces. 

Brand voice tuning makes generative output sound consistently like the brand. 

A brand can train AI on examples of its existing communication, with instructions 

about tone, vocabulary, and style. The result is content that sounds like the brand 

even when AI produced it. Zomato is known for its sharp, witty social media 

voice, much of which now leans on AI assistance while remaining recognisably 

human-directed at the strategic level. 
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Visual Identity and Multimedia 

Visual identity generation now extends to AI-created images, illustrations, and 

short videos. Brands can produce visuals in a consistent style at scale, adapting 

them for different campaigns, channels, and audiences. Tools like Midjourney, 

Adobe Firefly, Canva's AI features, DALL-E, and Stable Diffusion have become 

routine in brand workflows. 

Indian advertising agencies have begun incorporating these tools heavily. 

Stock photography costs, illustration budgets, and turnaround times for visual 

content have all dropped sharply. The trade-off is that all brands now have access 

to the same tools, which raises the bar for distinctive visual identity. 

Personalisation and Localisation 

Personalised storytelling adapts brand stories for different audiences. The same 

core brand narrative can be told differently for different segments — different 

examples, different language, different emotional emphasis — without losing 

brand coherence. 

Multichannel consistency tools monitor brand communications across 

channels and flag inconsistencies. A brand whose tone on Twitter contradicts its 

tone on LinkedIn, or whose website language differs from its app, loses 

coherence; AI helps spot and fix these gaps. 

Translation and localisation handle the challenge of communicating in 

multiple languages. A brand can produce communications in Hindi, Tamil, 

Telugu, Kannada, Marathi, Bengali, and other Indian languages with quality that 

was unattainable a few years ago. ITC, Hindustan Unilever, and Asian Paints use 

AI to localise national campaigns for regional markets at scale, producing 

variations in language, cultural reference, and imagery. 

AI in Influencer Marketing 

Influencer marketing has become one of the most important parts of brand 

communication, particularly for reaching younger Indian audiences. AI is 

reshaping how brands work with influencers. 

Influencer discovery now uses AI to identify the right creators for each brand. 

Tools scan millions of accounts to find creators whose audience demographics, 

engagement patterns, content style, and values fit a brand's needs. A brand 
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targeting Tier 2 city homemakers can find regional language creators with genuine 

local followings rather than English-only creators with inflated metro audiences. 

Authenticity verification matters as fake followers and bot engagement remain 

widespread. AI analyses follower patterns, engagement rates, comment quality, 

and content reach to flag creators whose numbers are inflated. Indian platforms 

like Plixxo, Qoruz, and Winkl offer such verification. 

Performance measurement uses AI to estimate the genuine impact of 

influencer campaigns — distinguishing actual brand lift, conversions, and 

customer acquisition from vanity metrics. This has become essential as brands 

spend larger budgets on creator economy partnerships. 

Synthetic influencers, entirely AI-generated personas, have emerged as a 

distinct category. Lil Miquela globally, and a handful of Indian experiments, raise 

questions about disclosure, authenticity, and what consumers are actually 

engaging with. 

Brand Consistency in a Multi-Channel World 

Consistency is one of the hardest challenges in modern brand management. A 

typical Indian brand might communicate through its own website, app, Amazon 

and Flipkart listings, Instagram, YouTube, WhatsApp, retail packaging, TV ads, 

regional newspapers, customer service calls, and email — each managed by 

different teams or agencies, often producing content under deadline pressure. 

AI helps in several ways. Brand guidelines can be encoded into AI tools so 

that generated content automatically conforms to tone, vocabulary, and visual 

standards. Centralised asset libraries with AI-powered search let teams find 

approved content quickly. Automated reviews can scan published content across 

channels for inconsistencies — a tone that does not match, an outdated logo, a 

deprecated tagline, or a price that contradicts another channel. 

Some Indian brands have established what they call brand operating systems 

— central AI-enabled platforms that all internal and external teams use for content 

creation, with built-in compliance with brand guidelines. The result is faster 

output without sacrificing brand consistency, though setting up such systems 

requires significant upfront investment. 
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Creative Direction Remains Human 

The rise of generative AI has triggered anxiety among creative professionals, but 

the most experienced practitioners see it differently. AI handles production at 

speed and scale. It does not yet originate the powerful ideas that distinguish 

memorable brands. The brand teams that thrive in this environment use AI as a 

multiplier of their creative judgment, not a replacement for it. 

Generative AI can produce a hundred competent variations of an ad concept 

in an hour. Choosing the right one, knowing which to refine, and recognising what 

is missing remain human skills. The result is that strong creative directors and 

brand strategists are if anything more valuable now than before, because their 

judgment shapes far more output. 

Brand Crisis Communication 

A specific application worth noting. When brands face a crisis — a product recall, 

a controversial statement, a public incident — speed and consistency in 

communication matter enormously. AI helps brand teams draft initial responses 

faster, monitor public reaction continuously, and adapt messaging as the situation 

evolves. 

It also helps prevent crises by detecting early warning signs. A pattern of 

complaints in one region, a rising negative sentiment trend, or unusual social 

media activity can all be flagged before they escalate into a public storm. Many 

Indian brands now run continuous monitoring with thresholds that trigger alerts 

to senior brand managers when anomalies appear. 

Indian Brand Examples 

Indian brands have embraced AI in brand communication at varying paces. 

CRED uses AI to produce highly creative campaign content that consistently 

stands out, while maintaining a distinct premium aesthetic with cricketers, actors, 

and other celebrities. 

Boat and Mamaearth, both digital-first brands, use AI extensively for the high-

volume content their channels require, while keeping creative direction firmly in 

human hands. 

Tata Tea's purpose-driven communication continues to be created largely by 

humans but supported by AI for adaptation across regional markets. 
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Even traditional brands like Tata Steel, Reliance Industries, and public sector 

bodies have begun using AI for content production, brand monitoring, and 

communication consistency. 

Government communication, from Digital India to Swachh Bharat to various 

state-level campaigns, increasingly uses AI for multilingual adaptation and reach 

measurement. 

The Ethical Side of AI Brand Communication 

A few considerations specifically for brand work. 

Disclosing AI-generated content matters when audiences have a right to know. 

An AI-generated influencer that consumers think is a real person is a form of 

deception. Several Indian advertising regulations now address this. 

Authenticity remains a brand asset. Customers can usually tell when content 

is mass-produced. Brands that flood channels with AI-generated mediocrity 

damage their own equity. The best brands use AI to support human creativity, not 

replace it. 

Cultural sensitivity is a particular concern in a market as diverse as India. AI 

tools trained primarily on Western data can produce content that misses or misuses 

Indian cultural references. Brand teams need to review carefully and adapt 

thoughtfully. 

 

Figure 13.2: AI in the Brand Communication Lifecycle 



194 
 

Measuring Brand Outcomes in the AI Era 

All this AI-supported branding work ultimately must be evaluated against brand 

outcomes. The metrics matter. 

Brand awareness — how many people know the brand — remains 

foundational. AI now helps measure it through automatic recognition of brand 

mentions, logos in user-shared photos and videos, and indirect references across 

digital channels. 

Brand consideration tracks how often the brand enters customers' purchase 

shortlists. AI analyses search behaviour, comparison shopping patterns, and 

explicit shortlisting on e-commerce platforms to estimate consideration. 

Brand preference and loyalty are captured through repeat purchase data, 

referral behaviour, and continued engagement over time. AI ties together signals 

from CRM, e-commerce, and customer service to maintain a rolling picture of 

brand affinity. 

Share of voice measures how prominent the brand is in category conversations 

relative to competitors. AI tracks the volume, reach, and depth of brand mentions 

across all channels. 

Brand equity is the hardest to measure but the most important. Various 

frameworks combine the above signals with financial metrics to estimate the long-

term value the brand creates beyond the products it sells. Indian brands like Tata, 

Reliance, Asian Paints, and HDFC have all invested in equity tracking that 

combines traditional surveys with AI-driven measurement. 

Chapter Summary 

• Brand positioning answers what the brand means to customers in its 

category; the strongest positions are simple, distinctive, and rooted in real 

consumer need. 

• AI provides new inputs to positioning — social listening at scale, 

competitive benchmarking, audience clustering, trend detection, concept 

testing, and brand attribute mapping. 

• Indian examples include Royal Enfield, Boat, Mamaearth, Tata Neu, 

Asian Paints, and CRED, all of whom have used data-informed 

positioning effectively. 
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• Positioning remains a creative act; AI assists, but does not replace, the 

human judgment that produces distinctive brand strategy. 

• Consumer perception is the mental picture customers carry of a brand and 

drives behaviour even when it differs from objective reality. 

• Traditional perception measurement (brand tracking, focus groups, NPS, 

brand audits) has been complemented by AI methods including sentiment 

analysis, aspect-based sentiment, emotion detection, image and video 

analysis, and voice of customer analytics. 

• Major perception analysis platforms include Brandwatch, Sprinklr, 

Talkwalker, Meltwater, Quid, and Indian leaders Locobuzz, Konnect 

Insights, and Unbox.ai. 

• Perception analysis pitfalls include vocal-minority bias, classifier errors, 

volume drowning signal, and over-reaction to short-term swings; 

multilingual analysis in India remains a particular challenge. 

• AI in brand communication enables generative content, brand voice 

tuning, visual identity generation, personalised storytelling, multichannel 

consistency, real-time adaptation, and translation across Indian languages.  

• Creative direction remains human; AI multiplies the output of strong 

creative teams without replacing the creative judgment that produces 

memorable brands. 

• Brand crisis communication benefits significantly from AI's ability to 

detect early warning signs and adapt responses in real time. 

• Ethical considerations include disclosure of AI-generated content, 

maintaining authenticity, cultural sensitivity for India's diversity, and 

accountability for bias in AI outputs. 

Review Questions 

1. Define brand positioning and explain why it is considered the foundation 

of strategic brand work. 

2. Describe any five AI-powered inputs to positioning work and how each 

contributes to better positioning decisions. 

3. Discuss any four Indian brand examples that illustrate effective 

positioning informed by AI-driven insights. 
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4. Why does positioning remain a creative act even with extensive AI 

support? Discuss with reasoning. 

5. Distinguish consumer perception from reality, and explain why managing 

perception is central to brand strategy. 

6. Describe any five AI methods for consumer perception analysis and what 

each adds beyond traditional measurement. 

7. Discuss any four practical applications of AI-driven perception analysis 

with examples. 

8. What are the main pitfalls of AI-based perception analysis, and how can 

brand teams guard against them? 

9. Explain the main AI contributions to modern brand communication across 

content, visuals, and channels. 

10. Discuss why creative direction remains a human responsibility even as AI 

capabilities grow in brand communication. 

11. What ethical considerations specifically apply to AI in brand 

communication, and how should brands address them? 

Looking Ahead 

With ethical foundations, branding strategy, and the major application areas 

covered, we now lift our gaze to the horizon. Chapter 14 explores the future trends 

of AI in marketing — the emerging technologies, the shifting balance between 

automation and human work, and the opportunities that will define the next 

decade. After studying so many current applications, the next chapter steps back 

to ask what is coming next and how marketers should prepare. 
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CHAPTER 14 

Future Trends of AI in Marketing 

Predicting the future is a dangerous business. The history of technology 

forecasting is littered with confident pronouncements that turned out to be 

embarrassingly wrong. The personal computer was once dismissed as a niche 

hobby. The internet was once thought to be too complicated for ordinary 

consumers. Mobile phones were once expected to remain expensive business 

tools. Each prediction looked sensible at the time. Each turned out to be 

spectacularly off the mark. 

So any chapter on the future of AI in marketing comes with a built-in 

disclaimer. Some of what follows will turn out to be obvious in hindsight. Some 

will look quaint and outdated within a few years. And some genuinely important 

developments that will reshape the field are probably not even on this list because 

they have not been named yet. 

That said, the patterns visible today give us reasonable footing for thinking 

about what is coming next. We can see which technologies are maturing rapidly, 

which are gathering momentum in research labs, and which problems remain 

unsolved. We can also see which broad trends — towards more data, more 

automation, more personalisation, more regulation, more privacy concerns, more 

vernacular reach — are likely to continue. The chapter is therefore part informed 

forecast and part strategic compass. 

We will explore three connected themes. First, the emerging AI technologies 

that are likely to shape marketing in the next five to ten years. Second, the impact 

of automation on the marketing profession itself — what gets automated, what 

remains human, and what new roles emerge. Third, the future opportunities and 

challenges that lie ahead for brands, marketers, regulators, and consumers in this 

rapidly shifting landscape. 

A particular focus throughout will be on the Indian context. The Indian market 

is not just one among many — it is the most populous on Earth, growing rapidly 

in digital adoption, and shaped by linguistic and cultural diversity unlike 

anywhere else. The Indian opportunity for AI marketing is enormous, but so are 

the challenges of doing it well. Understanding both is essential for anyone 

planning a career or a business in this space. 
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14.1 Emerging AI Technologies 

Generative AI Beyond Today 

The wave of generative AI that began with ChatGPT in late 2022 has already 

transformed content marketing, advertising, and customer service. But what we 

have seen so far is only the beginning. Generative AI is moving rapidly in several 

directions, each with significant marketing implications. 

Reasoning models that can perform multi-step thinking, plan complex tasks, 

and reflect on their own outputs are becoming mainstream. Marketing 

applications include automated campaign planning, intelligent agent-based 

customer support, and complex creative brief interpretation. A model that can 

think through a campaign plan, identify gaps, and propose solutions is a 

fundamentally different tool from one that just generates text on demand. 

Multimodal models that handle text, image, audio, and video together are now 

widely available. A marketer can describe a campaign concept in text and receive 

a coordinated set of social media posts, ad images, short-form videos, and 

voiceovers, all in a consistent style. The boundaries between different content 

types are fading inside the AI tools themselves. OpenAI's Sora, Google's Veo, 

Runway, and other systems are pushing video generation forward at a pace that 

surprises even researchers. 

Personalisation engines built on generative AI go beyond serving different 

existing content to different users. They now generate fresh content tailored to 

each person — emails written individually, product descriptions adapted to known 

preferences, even conversational interactions that feel uniquely directed at the 

recipient. The marketing experience becomes a one-to-one creation rather than a 

one-to-many selection. 

Speed and cost are dropping continuously. What cost a dollar a year ago now 

costs cents. What took minutes now takes seconds. This trend, if it continues, 

makes economical many applications that are currently borderline. Real-time 

campaign adaptation, per-customer creative variation, instant translation across 

dozens of languages — all become more feasible as the underlying costs collapse. 

AI Agents and Autonomous Marketing 

Perhaps the single most consequential shift on the near horizon is the move from 

AI tools to AI agents. A tool waits for instructions and completes one task at a 
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time. An agent operates with goals, takes initiative, makes plans, executes them 

across multiple steps, and learns from results. 

In marketing, autonomous agents could handle entire campaign cycles — 

defining objectives, segmenting audiences, generating creative, deploying ads, 

monitoring performance, adjusting bids and budgets, and reporting results — with 

limited human supervision. Several companies are building such agents today. 

Anthropic, OpenAI, Google, and a growing list of specialised marketing AI start-

ups are racing to build the agent platforms that brands will use to manage 

marketing at unprecedented scale. 

This raises both opportunities and risks. The opportunity is dramatic 

productivity gains and the ability for small businesses to operate with the 

marketing capabilities of large ones. The risks include over-automation leading to 

brand homogenisation, agents making expensive mistakes faster than humans can 

catch them, and concentration of marketing capability in the hands of whoever 

controls the most capable agent platforms. 

Indian marketers should watch this space carefully. Early adoption of agent 

technologies could allow Indian brands to leapfrog larger but slower global 

competitors. Conversely, brands that wait too long may find themselves 

outcompeted by AI-native challengers that operate at a pace and scale incumbents 

cannot match. 

Multimodal AI and the End of Format Boundaries 

The traditional separation between text, image, audio, and video as different 

content categories is dissolving inside modern AI systems. A single model can 

now take an image and write a description, or take a description and produce an 

image, or take a video and summarise it, or take a podcast and create matching 

visuals. 

For marketers, this changes the production economics of multi-format 

campaigns dramatically. The team that needed separate writers, designers, 

photographers, video editors, and audio producers can now be a smaller, more 

strategic group working with AI tools that span formats. The job becomes 

orchestration and direction more than individual craft. 

Some traditional skills will be in less demand, while new skills around AI 

direction, prompt engineering, creative curation, and brand-consistent supervision 

will be in greater demand. Indian creative agencies are already restructuring their 
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teams around these new realities, though the transition is uneven and sometimes 

painful for professionals whose specific skills are being commoditised. 

Augmented Reality and Spatial Computing 

AR has been on the verge of mainstream adoption for years. With Apple's Vision 

Pro and similar devices entering the market, and AR features becoming standard 

in smartphones, the technology may finally be ready for broad marketing use. 

Virtual try-on is the most mature application. Lenskart in India has built much 

of its e-commerce success on letting customers try glasses virtually before buying. 

Sephora's app does the same for makeup. Furniture retailers like Pepperfry and 

Urban Ladder let customers visualise sofas in their actual living rooms before 

purchase. Apparel try-on is harder but advancing rapidly. 

Beyond try-on, AR enables new kinds of brand experiences. Packaging that 

comes alive when scanned with a phone. Outdoor advertisements that interact 

with passers-by. Retail stores where digital information overlays physical 

products. Museums, monuments, and cultural sites that tell stories through AR 

overlays — a particularly rich area for Indian heritage marketing. 

Spatial computing extends AR into full mixed-reality environments. The 

metaverse hype of 2021-22 cooled considerably but the underlying technologies 

continue maturing. Whether or not consumers fully embrace immersive headsets, 

the technologies developed for them — spatial audio, gesture recognition, high-

fidelity 3D modelling — will find marketing applications. 

Voice, Vernacular, and Ambient Computing 

Voice interfaces are spreading beyond smart speakers into cars, appliances, public 

spaces, and everyday devices. The friction of typing on small screens, especially 

for users who type slowly or not at all, makes voice the natural future of many 

interactions. 

For India, voice is particularly transformative. A user in a Tier 3 town who 

types slowly in English can speak comfortably in Hindi or their regional language. 

Voice unlocks digital commerce for hundreds of millions of users for whom 

typing has been a barrier. Companies like Reverie, Vernacular.ai (now Gnani.ai), 

and others are building the language infrastructure that will power vernacular 

voice marketing. 
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Ambient computing — devices that respond to context without explicit user 

commands — is the next step beyond voice. A smart speaker that suggests a recipe 

when you walk into the kitchen at dinner time. A car that recommends a coffee 

shop when it detects you are getting drowsy on a long drive. A smartwatch that 

nudges you to drink water when your heart rate suggests dehydration. Each of 

these is a marketing channel, though one that requires far more careful ethical 

handling than traditional channels. 

Privacy-Preserving AI 

As privacy regulations tighten and consumer awareness grows, traditional data-

hungry AI faces real constraints. Privacy-preserving techniques are emerging as 

essential capabilities rather than research curiosities. 

Federated learning trains AI models on data that stays on user devices, with 

only model updates being shared. The model improves without the underlying 

data ever leaving the device. This is particularly valuable for sensitive applications 

like health, finance, and personal communication. 

Differential privacy adds carefully calibrated noise to data so that individual 

records cannot be identified but aggregate patterns remain analysable. Apple, 

Google, and others use differential privacy extensively in their consumer 

products. 

On-device AI processes data locally without sending it to servers. As phones, 

watches, and home devices get more powerful AI chips, more processing happens 

on-device, reducing privacy risk and improving response times. 

Synthetic data generation creates artificial data sets that match the statistical 

properties of real data without containing actual customer records. This allows 

model training and testing without privacy exposure. 

Indian brands that invest early in privacy-preserving AI will be better 

positioned as the DPDP Act is fully enforced and as consumer expectations rise. 

Internet of Things and Connected Marketing 

The number of connected devices is growing rapidly. Smartwatches, fitness 

bands, smart TVs, smart home appliances, connected cars, industrial sensors — 

each represents a new touchpoint and a new data source for marketers. 

Smart refrigerators that can suggest groceries, smart mirrors that recommend 

skincare, smart cars that promote nearby restaurants, smart speakers that respond 
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to brand questions — all are early forms of IoT marketing. Most are still 

gimmicks, but the underlying capability is real. 

The marketing opportunities are significant. The privacy and consent 

challenges are equally significant. A consumer who buys a smart appliance does 

not necessarily want it to become a marketing channel into their home. Brands 

that respect this distinction will build trust; those that do not will face backlash. 

Quantum Computing and Other Distant Horizons 

Quantum computing remains years from practical marketing applications, but its 

potential implications are worth noting. Quantum systems may eventually solve 

certain optimisation problems — including some involved in advertising bidding, 

route planning for logistics, and complex recommendation systems — far faster 

than classical computers. 

Blockchain and decentralised identity technologies offer the possibility of 

consumer-controlled data, where individuals hold verifiable credentials and grant 

brands access on their own terms. The vision is appealing but practical adoption 

has been slower than enthusiasts predicted. Some Web3 marketing experiments 

continue, but the field has cooled from its 2021-22 peak. 

Brain-computer interfaces, while still primarily medical, are sometimes 

discussed as a future marketing channel. Most serious experts consider direct 

brain marketing science fiction for the next several decades, and the ethical 

concerns would be severe even if the technology became feasible. 

 

Figure 14.1: Emerging AI Technologies and Their Marketing Applications 
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Table 14.1: Major Emerging Technologies and Their Marketing Timeline 

Technology Marketing Application Time Horizon 

Multimodal 

Generative AI 

Cross-format content 

generation, video ads from 

text briefs 

Already mainstream and 

accelerating 

Autonomous AI 

Agents 

End-to-end campaign 

management with minimal 

human input 

Early stages, will mature 

in 2-5 years 

Augmented 

Reality 

Virtual try-on, immersive 

product experiences in 

stores and homes 

Growing rapidly with 

smartphone AR 

Voice & 

Vernacular AI 

Mass-market voice 

commerce in Hindi and 

Indian regional languages 

Critical for Bharat 2.0 over 

next 5 years 

Privacy-

Preserving AI 

Federated learning, 

differential privacy, on-

device processing 

Becoming essential as 

regulations tighten 

IoT and Ambient 

Computing 

Marketing through smart 

homes, wearables, 

connected vehicles 

Gradual mainstream 

adoption over 5-10 years 

Blockchain 

Identity 

Consumer-controlled data 

wallets, verifiable 

credentials 

Experimental, watch this 

space 

14.2 Impact of Automation on Marketing 

The Automation Shift Is Already Underway 

If you walked into a typical Indian marketing department a decade ago, you would 

have found teams of people doing tasks that today are largely automated. Manual 

ad placement, hand-built reports, individually written social media posts, person-

by-person customer follow-ups — much of this work has shifted to systems. The 
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shift has been gradual enough that many in the industry have not fully appreciated 

its magnitude. 

The pace of automation is now accelerating. Generative AI did not just add 

new capabilities — it dramatically lowered the cost and skill required for tasks 

that used to be considered uniquely human. Writing copy, designing layouts, 

editing videos, translating content, analysing performance, drafting emails — all 

are now activities where a skilled human plus AI dramatically outperforms a 

skilled human alone. 

This raises uncomfortable questions for the marketing profession. Whose jobs 

are at risk? What new jobs are being created? What skills should current and 

aspiring marketers develop? The honest answer is that no one knows precisely, 

but some patterns are becoming clear. 

What Gets Automated Quickly 

Several categories of marketing work are being automated rapidly. 

Routine content production — short social media posts, product descriptions, 

basic ad copy, simple email drafts, image variations — is increasingly handled by 

AI with light human supervision. The marginal cost of producing additional 

content has collapsed. 

Performance analytics that used to require dedicated analysts now generates 

itself through tools that produce charts, summaries, and recommendations 

automatically. The role of the analyst shifts from creating reports to interpreting 

them and asking the right questions. 

Audience targeting and ad bidding, as we saw in Chapter 9, are now almost 

entirely algorithmic. The skill of manual targeting that used to define digital 

marketers is mostly obsolete. 

Translation and localisation, while not entirely automated, can be largely AI-

driven with human review for cultural nuance. The traditional translation industry 

has been hit hard. 

Routine customer queries, as we saw in Chapter 10, are increasingly handled 

by chatbots, with human agents reserved for complex or sensitive cases. 

Image and video editing tasks that used to require Photoshop or Premier 

expertise can often be done with a few prompts to AI tools, accessible to non-

specialists. 
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Basic SEO and keyword research, content optimisation, and metadata 

generation are now handled by AI with little human intervention. 

What Remains Stubbornly Human 

Despite all the automation, certain activities remain firmly human, at least for 

now. 

Strategic thinking — defining what a brand stands for, where it should 

compete, how it should differentiate, what trade-offs to make — remains a deeply 

human activity. AI can help analyse options but cannot make the value judgments 

that strategy requires. 

Creative judgment — knowing which of a hundred AI-generated options is 

genuinely good, what is missing, what should never be tried — remains human. 

AI generates; humans curate. 

Relationship management with major customers, partners, and stakeholders 

cannot be fully automated. The human element of business relationships persists.  

Crisis judgment — when a brand faces an unexpected challenge — requires 

the kind of contextual understanding and ethical reasoning that AI does not yet 

reliably provide. 

Cultural sensitivity in a market as diverse as India is hard for AI to fully grasp, 

especially for nuances of caste, religion, regional identity, and social dynamics. 

Original creative concepts — the truly breakthrough ideas that define 

memorable campaigns — still come overwhelmingly from human imagination, 

even when AI helps execute them. 

Ethical decisions about what to do, what to avoid, how to balance competing 

interests — these are inescapably human responsibilities. 

The Job Question 

Will marketing jobs disappear? The honest answer is nuanced. 

Some specific job functions will shrink significantly. Mass-production content 

writers, junior performance marketers focused on manual bidding, basic 

translators, junior data analysts producing routine reports, and certain customer 

service roles will all see fewer openings as AI handles more of their work. 

Other functions will grow substantially. Strategy roles, brand leadership, 

creative direction, AI direction and prompt engineering, marketing technology 
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architecture, customer experience design, ethics and compliance, and senior data 

science are all areas of increasing demand. 

The overall employment picture is unclear. Optimists argue that productivity 

gains will create new opportunities and new categories of work. Pessimists worry 

that the speed of disruption exceeds the speed of re-skilling, leading to genuine 

displacement particularly for mid-career professionals whose specific skills are 

being commoditised. Both perspectives have merit. 

For Indian marketing professionals specifically, the situation has unique 

features. The Indian advertising and marketing industry has been a major 

employer of young graduates, particularly in agency roles. Many entry-level 

positions involved tasks now susceptible to automation. This could affect career 

entry paths significantly. Conversely, India's strong technology talent base 

positions the country to be a major player in marketing AI development, with 

potential for new high-value jobs in the right segments. 

New Roles Emerging 

Several new roles have emerged or are emerging in AI-driven marketing teams. 

AI prompt engineers and AI directors design how AI tools are used across the 

marketing organisation, defining standards, training prompts, and ensuring 

quality. 

Marketing data scientists go beyond traditional analytics to build and tune 

predictive models, recommendation systems, and personalisation algorithms. 

Marketing technology architects design the integrated stack of tools, data 

flows, and AI services that modern marketing requires. 

Privacy and ethics officers specifically focused on marketing applications 

ensure that AI use complies with regulations and aligns with brand values. 

Conversational designers craft the chatbot and voice interaction experiences 

that have become central customer touchpoints. 

AI-augmented creative directors lead creative work that combines human 

imagination with AI execution at scale. 

Customer experience strategists own the end-to-end journey across channels, 

with AI as one of their toolsets. 

 



207 
 

Skills the Next Generation of Marketers Needs 

For students and early-career professionals, the skill priorities are shifting 

noticeably. 

AI literacy — understanding what AI can and cannot do, knowing when to 

use it, and being able to direct it effectively — is becoming as basic as digital 

literacy was a generation ago. 

Critical thinking and judgment matter more, not less, in an AI-saturated world. 

Anyone can generate a thousand ideas with AI; only those with good judgment 

can select and refine the best ones. 

Data fluency — the ability to read, interpret, and act on data without needing 

translation by a specialist — is essential at every level. 

Storytelling and emotional intelligence remain irreplaceable. The brands that 

win the future will tell stories that resonate emotionally; AI can help craft them, 

but cannot decide what truly matters to humans. 

Cross-cultural and multilingual capabilities matter especially in India, where 

successful marketing requires bridging across languages, regions, and 

communities. 

Continuous learning is not a slogan but a survival skill. The toolkit is changing 

every six months. Marketers who treat education as a one-time event will fall 

behind quickly. 

Ethical reasoning is increasingly a professional necessity. As marketing 

becomes more powerful, the questions of how to use that power responsibly 

become unavoidable. 

The Productivity Dividend and Where It Goes 

AI-driven productivity gains in marketing are real and substantial. Tasks that used 

to take days now take hours. Tasks that took hours now take minutes. The question 

is who captures the value of these gains. 

If gains flow to brands as lower marketing costs, customers may see lower 

prices or better products. If they flow to AI tool providers, a few large platforms 

may capture much of the value. If they flow to highly skilled marketers who can 

multiply their output with AI, salaries for those roles may rise sharply. If they 

enable smaller players to compete with incumbents, market structure may shift 

towards greater diversity. 
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Likely the truth involves all of these dynamics simultaneously, varying by 

sector and over time. Indian marketers and brands need to position themselves 

thoughtfully to capture rather than lose value in this redistribution. 

 

Figure 14.2: The Changing Marketing Workforce Across Roles and Skills 

AI and the Creator Economy in India 

The creator economy — independent content creators, influencers, and small 

media entrepreneurs who earn through audience reach rather than employment — 

has exploded in India. Estimates suggest India now has over eighty million 

content creators across YouTube, Instagram, Moj, Josh, ShareChat, and other 

platforms. AI is reshaping this economy in profound ways. 

On the creator side, AI tools have dramatically lowered the barriers to 

professional-quality content. A single creator with a smartphone, an AI editing 

tool, and basic skills can now produce content that would have required a small 

studio team a few years ago. Music generation, voice cloning for translation, video 

editing, thumbnail design, scripting assistance, and analytics are all increasingly 

AI-powered. This democratisation has expanded the creator base into smaller 

cities, regional languages, and previously underserved categories. 

On the brand side, AI helps match brands with the right creators at scale, verify 

authenticity of engagement, automate campaign management across dozens of 

creator partnerships, and measure genuine impact. Platforms like Plixxo, Qoruz, 

Winkl, and various Indian creator marketplaces use AI extensively to manage 

what would otherwise be impossibly complex relationships. 
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Synthetic creators — entirely AI-generated personas with their own 

followings — have started emerging in India as well as globally. Brands face the 

question of whether to partner with such creators, how to disclose their nature to 

audiences, and what the long-term consequences of mixing real and synthetic 

influence might be. The answers are still being worked out by both industry and 

regulators. 

Looking ahead, the creator economy will likely become more concentrated at 

the top end and more crowded at the bottom. The top creators will use AI to 

expand into multiple languages, formats, and markets. The bottom of the pyramid 

will face brutal competition where AI-augmented amateurs can produce content 

faster than ever. Brand marketers will need to navigate this landscape carefully, 

recognising that genuine creator influence is more valuable than algorithmic 

reach. 

Predictive Marketing and the Rise of AI Foresight 

Throughout this book we have discussed how AI helps brands react to customer 

signals. The next evolution is towards genuine foresight — AI systems that 

anticipate customer needs before customers articulate them, and that predict 

market shifts before competitors notice them. 

Predictive lifetime value, predictive churn, and predictive conversion have 

been with us for years. The next layer is predictive need detection — identifying 

that a customer is about to need a new pair of shoes, a refill of a consumable, or a 

particular financial product, based on patterns in their behaviour, life stage, and 

context. The brand that can deliver the right offer just before the customer 

searches for it has an enormous advantage. 

Predictive trend detection looks beyond individual customers to spot category 

shifts early. Which products are about to surge in demand? Which messages are 

about to resonate? Which competitor is about to face customer revolt? AI that 

watches signals across millions of conversations can spot patterns no human team 

could. 

Predictive creative testing simulates how new campaigns will likely perform 

before they launch, allowing brands to refine before spending media budgets. This 

is still imprecise but improving rapidly with each generation of foundation 

models. 
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Predictive supply chain integration with marketing closes a loop that has 

historically been broken. A brand can adjust marketing spending based on what 

its supply chain can deliver, and adjust supply chain plans based on marketing-

driven demand signals. The result is fewer stock-outs, less waste, and better 

customer experiences. 

The challenge with predictive marketing is the same as with all prediction — 

being right enough of the time to add value, and handling being wrong gracefully 

when predictions fail. Over-confident prediction can lead to dramatic mistakes. 

The best practitioners combine AI predictions with human judgment and humility 

about the limits of forecasting. 

The Bharat-Specific AI Opportunity 

India's specific characteristics create AI marketing opportunities that do not exist 

elsewhere. The combination of scale, linguistic diversity, rapid digital adoption, 

young demographics, and a strong technology talent base sets India apart. 

First, scale itself matters. AI applications that have unit economics that only 

work at very large scale are economically viable in India in ways they might not 

be in smaller markets. A vernacular AI service that needs ten million users to be 

profitable is realistic in India in a way it might not be in many other countries. 

Second, the linguistic diversity that has been a challenge is becoming an AI 

opportunity. Indian researchers and companies are leading global efforts in Hindi 

and regional language AI, with models like AI4Bharat's IndicBERT, Karya's 

vernacular data collection, and various other initiatives. The skills developed for 

Indian languages will be exportable to other multilingual markets globally. 

Third, the digital public infrastructure built in India — Aadhaar, UPI, Account 

Aggregator, ONDC, and similar systems — provides a foundation that AI 

marketing can build on in ways that less digitally-mature markets cannot easily 

replicate. ONDC in particular, with its open commerce protocol, may enable 

entirely new kinds of AI-driven shopping experiences over the coming years. 

Fourth, the young Indian consumer is comfortable with AI in ways that older 

generations elsewhere may not be. The average Indian consumer is in their late 

twenties, grew up with smartphones, and treats new technology as normal rather 

than threatening. This receptivity creates opportunities for brands willing to use 

AI thoughtfully. 
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Fifth, the Indian software talent base means that domestic brands and start-ups 

can compete on AI capability with global giants in ways that brands from many 

other emerging markets cannot. The next generation of global marketing AI 

platforms may well include companies founded and led by Indians. 

14.3 Future Opportunities and Challenges 

Hyper-Personalisation at Genuine Scale 

We have discussed personalisation throughout this book. The future of 

personalisation pushes towards what some call hyper-personalisation — where 

every customer interaction is shaped specifically for that individual customer in 

that specific moment. 

True hyper-personalisation means that two customers in similar segments see 

materially different content, prices, offers, and experiences, based on the AI's 

continuously updated understanding of who they are and what they need right 

now. The technology to do this is largely available; what limits it today is cost, 

organisational capability, and ethical restraint. 

As costs continue to drop, hyper-personalisation will spread. Brands that get 

it right — relevant, useful, respectful — will build deep customer relationships. 

Brands that get it wrong — intrusive, manipulative, creepy — will face backlash. 

The line between right and wrong is subtle and will be policed by both regulation 

and consumer reaction. 

The Vernacular India Opportunity 

Perhaps the single largest opportunity for AI marketing in India is the unlock of 

vernacular language audiences. 

English-only digital products have reached perhaps two hundred million 

Indians comfortably. The other billion-plus citizens use Hindi, Tamil, Telugu, 

Marathi, Bengali, Gujarati, Kannada, Malayalam, Punjabi, Urdu, Odia, Assamese, 

and many other languages as their primary medium of life. Until recently, 

marketing to these audiences required separate teams, separate creative, and 

significant investment. 

AI is changing the economics dramatically. Translation, voice generation, 

multilingual content adaptation, vernacular search, and language-specific 

personalisation are all now within reach for any brand that decides to invest. The 
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first wave of brands to do this well — building genuine vernacular experiences 

rather than translated English ones — will capture audiences that competitors 

cannot easily access. 

Indian companies including Meesho, ShareChat, Josh, Moj, Dailyhunt, and 

others have built much of their growth on vernacular reach. Mainstream brands 

are following but slowly. The vernacular opportunity remains substantially under-

served. 

Rural and Bharat 2.0 Marketing 

Closely related to the vernacular opportunity is the rural and Tier 2-3 city 

opportunity sometimes called Bharat 2.0. Hundreds of millions of Indians live in 

smaller towns and villages, are increasingly online via cheap data and 

smartphones, and represent enormous untapped consumer demand. 

AI helps reach these consumers in several ways. Vernacular interfaces 

overcome the language barrier. Voice and visual interfaces overcome the typing 

barrier. Hyper-local targeting reaches specific towns and pin codes. Logistics AI 

makes delivery to remote areas economically feasible. 

Brands like Meesho, the social commerce platform, have built their entire 

model around rural and small-town India. Quick commerce platforms are 

expanding from metros into smaller cities. Mainstream FMCG brands like 

Hindustan Unilever, Dabur, Patanjali, and ITC are using AI to optimise their 

distribution and marketing in deeply rural India. 

The Bharat 2.0 opportunity is not a small bonus on top of the metro market — 

it may be the larger market over the coming decade. 

Sustainability and Climate-Conscious Marketing 

A different kind of opportunity comes from the growing consumer concern about 

climate, sustainability, and ethical sourcing. AI can help brands measure, manage, 

and communicate their sustainability efforts more effectively. 

Supply chain transparency, footprint tracking, sustainable sourcing 

verification, and impact measurement all benefit from AI. Brands can show 

customers, with credible data, what their products' environmental impact is and 

what is being done to improve it. 

Indian consumers, particularly younger ones, are increasingly conscious of 

environmental and ethical issues. Brands like Mamaearth built their growth partly 
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on chemical-free claims. The Body Shop's ethical positioning has long resonated. 

Tata Consumer Products has invested heavily in sustainability communication. AI 

tools can help broaden these efforts and make them more credible. 

The risk is greenwashing — claiming sustainability without delivering it. AI-

driven measurement makes both legitimate sustainability efforts and fraudulent 

ones more visible. Brands that try to fake their way through this will be caught. 

Inclusive and Accessible Marketing 

AI also opens opportunities to make marketing more inclusive of customers with 

disabilities, elderly customers, and others who have been poorly served by 

traditional digital marketing. 

Automatic captions, screen-reader-friendly content, voice interfaces for those 

who cannot easily type, visual descriptions for the visually impaired, simplified  

interfaces for the elderly — all become more economically viable as AI reduces 

their cost. Brands that take inclusion seriously will reach audiences competitors 

miss. 

Major Challenges Ahead 

The future is not all opportunity. Several major challenges will shape what AI 

marketing actually looks like. 

Trust erosion is perhaps the biggest. As AI-generated content floods every 

channel, consumers will become increasingly sceptical. Distinguishing authentic 

from synthetic content will get harder. Brands that maintain authenticity will gain 

trust; those that abuse AI will lose it. 

Misinformation and synthetic media pose societal risks beyond any single 

brand. Deepfakes, AI-generated fake reviews, fabricated testimonials, and 

manipulated images can all be created at scale. Indian elections and brand 

reputations have both already been affected by such content. 

Concentration of power in the hands of a few AI providers raises concerns. If 

most marketing AI runs through a small number of platforms, those platforms 

gain enormous influence over what brands can do, see, and learn. Anti-trust 

questions are likely to grow. 

Algorithmic monoculture is a related risk. If everyone uses the same AI tools 

optimised for the same metrics, marketing becomes homogenised. Distinctive 

brand voices and creative diversity may suffer. 
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Environmental footprint of AI is becoming significant. Training and running 

large AI models consumes substantial energy. As marketing AI use grows, so does 

its carbon footprint. This sits uneasily with sustainability commitments. 

Cybersecurity threats targeting AI systems specifically — adversarial attacks, 

model theft, data poisoning — are growing. Marketing teams are not historically 

security-savvy and may be vulnerable. 

The Regulatory Horizon 

Regulation will continue tightening across the next decade. The EU AI Act has 

set a precedent that other jurisdictions are following. India's own AI regulations 

are under development, with the DPDP Act 2023 providing the data protection 

foundation. 

Likely directions include mandatory disclosure of AI-generated content, 

restrictions on automated decision-making in sensitive contexts, stricter consent 

requirements for personalised marketing, special protections for children and 

other vulnerable groups, audit and explainability requirements for high-stakes AI, 

and meaningful penalties for violations. 

Marketers who build compliance capabilities into their AI strategies will 

navigate the regulatory landscape smoothly. Those who wait will face costly 

retrofits and potentially serious enforcement actions. 

Building Trust in an AI-Saturated World 

Beyond compliance, the deeper challenge is building and maintaining customer 

trust in a world where every interaction may be mediated by AI. 

Authentic human touchpoints will become more valuable, not less. The brands 

that maintain genuine human contact — through real customer service, in-person 

events, founder visibility, and considered storytelling — will stand out from those 

that fully automate. 

Transparency about AI use will be expected. Customers want to know when 

they are interacting with AI versus a person, when content is AI-generated versus 

human-created, and when decisions are automated versus human. Brands that 

disclose these distinctions clearly will build trust. 

Customer agency — giving customers meaningful control over their data, 

their experience, and their relationship with the brand — will be a competitive 
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differentiator. Brands that respect agency build loyalty; brands that override it lose 

it. 

Preparing Your Organisation for the Future 

For brand leaders thinking about how to prepare, several priorities stand out. 

Invest in your data foundation. AI is only as good as the data it learns from. 

Brands with clean, integrated, well-governed customer data will be able to apply 

AI effectively; those without it will struggle no matter what tools they buy. 

Build internal AI capability. Outsourcing all AI work to agencies and vendors 

leaves the brand without the ability to differentiate. The most successful brands 

of the next decade will have internal teams that understand AI deeply and can 

shape how it serves the brand. 

Experiment continuously. The space is moving too fast for a single strategy to 

remain right. Brands that experiment continuously, learn from results, and adapt 

will outpace those that lock in plans. 

Treat ethics as strategy, not compliance. Brands that take ethics seriously as a 

core value, not a checkbox, will build customer trust that compounds over time. 

Develop your people. The technologies will keep changing; the value lies in 

the people who can adapt and apply them. Invest in training, in hiring, and in 

creating an organisational culture where learning is continuous. 

Stay grounded in customer value. All the technology in the world is useless if 

it does not serve real customer needs. The brands that win will be those that use 

AI to genuinely help customers, not to manipulate them. 

Scenarios for the Next Decade 

Strategic thinking benefits from considering multiple scenarios rather than betting 

on a single prediction. Three plausible scenarios for AI marketing over the next 

decade are worth holding in mind. 

In the optimistic scenario, AI dramatically expands marketing's productivity 

and reach. Brands large and small use AI tools to deliver genuinely useful, 

personalised experiences. Vernacular reach democratises access to digital 

commerce across Indian languages. Regulation evolves thoughtfully to protect 

consumers without strangling innovation. Marketing professionals adapt their 

skills, with the profession becoming more strategic and creative even as routine 
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work is automated. Customer trust in brands and AI both grow as good practices 

spread. 

In the pessimistic scenario, AI accelerates the worst tendencies of modern 

marketing. Hyper-targeting becomes manipulation. Synthetic content floods 

every channel until trust collapses. Power concentrates in a few global AI 

platforms that extract value from brands and customers alike. Marketing jobs 

disappear faster than new ones emerge, particularly for young Indian graduates 

entering the field. Regulation lags badly, with patchy enforcement creating 

uneven competitive conditions. Customer scepticism rises and brand loyalty 

becomes harder to build. 

In the most likely middle scenario, both dynamics play out simultaneously. 

Some brands and markets benefit enormously; others struggle. Regulation 

tightens in fits and starts. The job impact is uneven, with significant displacement 

for some workers and significant new opportunity for others. Customer trust 

becomes a major differentiator between brands that earn it and those that lose it. 

India navigates this landscape with its characteristic mix of jugaad innovation and 

slow institutional adaptation, ending up neither as winner nor loser in any single 

dimension but as a complex and significant player overall. 

The point of considering scenarios is not to predict which will happen but to 

prepare for resilience across possibilities. Strategies that work in all three 

scenarios are more robust than those that depend on one specific future arriving. 

A Word on Wisdom Versus Capability 

Throughout this chapter, the recurring theme has been that AI dramatically 

expands what is possible without telling us what is wise. The technology gives 

marketing teams options that would have been impossible a few years ago — to 

personalise every interaction, to predict every behaviour, to automate every 

routine task, to generate any content on demand. 

What separates good outcomes from bad ones is not the capability of the AI 

but the wisdom of the humans directing it. Brands that use these capabilities to 

genuinely serve customer needs build long-term loyalty and value. Brands that 

use them to manipulate, deceive, or extract short-term gain damage themselves 

over time, no matter how clever the technology that enables their tactics. 

This is the simplest but perhaps most important takeaway of this chapter. The 

future of AI in marketing is being written today, by the choices brands make about 
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how to use these powerful tools. The technology will keep improving. The 

question is whether human judgment will improve alongside it. 

For students reading this book, for professionals who will lead marketing 

teams in the coming years, and for entrepreneurs building the next generation of 

Indian brands, the message is the same. The technology is just a tool. The choices 

about how to use it remain yours. Make those choices thoughtfully, with respect 

for the customers who trust you with their attention and their data, and the future 

of AI marketing will be brighter than any of its current critics fear. 

The Climate Question Inside AI Marketing 

Connected to but distinct from sustainability marketing is the climate footprint of 

AI itself. Training large AI models requires enormous computational power. 

Running inference at the scale modern marketing demands consumes substantial 

energy. Data centres powering AI services account for a growing share of global 

electricity use, with significant carbon emissions in regions where electricity is 

generated from fossil fuels. 

Marketing teams have generally been insulated from these concerns, treating 

compute as an external service whose costs and impacts are invisible. This is 

changing. Some brands are starting to include AI compute in their carbon 

accounting. A few regulators are exploring requirements for disclosure of AI's 

environmental footprint. Consumers, particularly younger ones, increasingly 

notice and care about the climate impact of the brands they support. 

For Indian brands operating in a country highly vulnerable to climate change, 

this conversation carries particular weight. AI usage will continue growing, but 

brands that pay attention to efficiency, choose providers with cleaner energy 

mixes, and use AI judiciously rather than wastefully will both reduce their 

footprint and earn customer trust. 

Practical steps include preferring smaller, more efficient models when they 

suffice for the task, batching workloads rather than running constant low-

utilisation queries, and choosing cloud providers that are transparent about their 

energy sources. These are not yet standard practice but are likely to become so 

over the coming years. 

The Long View 

Stepping back from specific technologies and tactics, a few broader patterns are 

worth holding in mind. 
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The history of marketing technology has been a history of each new medium 

being eventually mastered, normalised, and then surpassed. Print, radio, 

television, search, social media — each was once a frontier and is now a mature 

channel with established practices. AI is currently a frontier. In a decade it will be 

a mature capability that most brands use competently. The competitive advantage 

will then move to whatever comes next. 

Customer needs change more slowly than technologies. Throughout the 

technology shifts of the past century, customers have continued to want roughly 

the same things — useful products, fair prices, respectful treatment, honest 

communication, and brands they can trust. Brands that focus on these 

fundamentals while adopting new technologies tend to outlast those that chase 

every shiny new tool. 

The Indian context will continue to shape how AI marketing develops 

domestically. The vernacular opportunity, the Bharat 2.0 market expansion, the 

digital public infrastructure, and the talent base all give India a distinctive 

position. Indian marketers, brands, and start-ups have a real chance to shape global 

practice, not just follow it. The future of AI in marketing is not just happening to 

India; India is helping write it. 

Chapter Summary 

• Generative AI continues to evolve rapidly with reasoning models, 

multimodal systems, and AI agents that can plan and execute multi-step 

tasks autonomously. 

• Augmented Reality, voice interfaces, vernacular AI, and ambient 

computing will reshape how brands reach customers, particularly in 

India's diverse linguistic market. 

• Privacy-preserving AI techniques — federated learning, differential 

privacy, on-device AI, synthetic data — are becoming essential 

capabilities. 

• Internet of Things expands marketing into smart homes, vehicles, 

wearables, and connected devices, with significant opportunities and 

equally significant privacy challenges. 

• Quantum computing, blockchain identity, and brain-computer interfaces 

remain distant but worth monitoring. 
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• Automation is accelerating across content production, analytics, targeting, 

translation, customer support, and creative execution. 

• Strategic thinking, creative judgment, relationship management, crisis 

handling, cultural sensitivity, original ideation, and ethical decisions 

remain stubbornly human. 

• Marketing jobs are changing dramatically — some shrinking, some 

growing, with new roles emerging in AI direction, marketing data science, 

MarTech architecture, conversational design, and AI-augmented creative 

direction. 

• Critical skills for future marketers include AI literacy, critical thinking, 

data fluency, storytelling, multilingual capability, continuous learning, 

and ethical reasoning. 

• Hyper-personalisation, vernacular India, Bharat 2.0, sustainability 

marketing, and inclusive accessibility represent enormous opportunities. 

• Major challenges include trust erosion, misinformation, power 

concentration, algorithmic monoculture, environmental footprint, and 

cybersecurity threats targeting AI. 

• Regulation will continue tightening with the EU AI Act, India's evolving 

AI rules, and the DPDP Act setting the global direction. 

• Winning brands will invest in data foundations, build internal AI 

capability, experiment continuously, treat ethics as strategy, develop their 

people, and stay grounded in genuine customer value. 

Review Questions 

1. Discuss the evolution of generative AI beyond today, covering reasoning 

models, multimodal AI, and personalisation engines. 

2. What are AI agents and how might they transform marketing workflows? 

Discuss opportunities and risks. 

3. Describe any five emerging AI technologies and their expected marketing 

applications over the next five years. 

4. Why is vernacular and voice AI particularly important for the Indian 

market? Discuss with examples. 
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5. Explain privacy-preserving AI techniques and why they are becoming 

essential for modern marketing. 

6. Which marketing tasks are being automated quickly? Which remain 

stubbornly human? Discuss with reasoning. 

7. What new marketing roles are emerging and what skills do future 

marketers need to develop? 

8. Describe the vernacular India and Bharat 2.0 opportunities and how AI 

helps unlock them. 

9. Discuss the major challenges facing AI marketing in the next decade and 

how brands should respond. 

10. What should an organisation do today to prepare for the AI-driven 

marketing future? Outline a concrete preparation strategy. 

Looking Ahead 

Having explored what is coming next, we now turn to a different question — what 

has worked already, and what can we learn from real examples? Chapter 15, the 

final chapter of this book, examines successful AI marketing campaigns, surveys 

industry-wise applications, and distils the lessons and best practices that emerge 

from the work brands have already done. After all the concepts and frameworks 

of the preceding chapters, the closing chapter brings us back to the practical 

question that matters most — how do brands actually make AI marketing work? 
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CHAPTER 15 

Case Studies and Practical Applications 

Theory and frameworks have value, but real understanding comes from seeing 

how concepts play out in actual practice. Throughout this book we have studied 

the principles, technologies, and strategies of AI in marketing. In this closing 

chapter we turn our full attention to examples — campaigns that worked, 

industries that have transformed, and the lessons that emerge from the work 

brands have already done. 

Case studies are particularly important in a field like AI marketing for several 

reasons. First, the gap between what AI can do in theory and what brands actually 

achieve in practice is wider than in most other business areas. Many ambitious AI 

initiatives fail to deliver value, while modest ones sometimes succeed 

unexpectedly. Understanding the difference requires studying real cases. 

Second, the field is moving so quickly that academic textbooks and formal 

training inevitably lag behind practice. The lessons that working practitioners 

learn — often the hard way — are not yet codified in any standard curriculum. 

This chapter attempts to gather some of those lessons in one place. 

Third, the cultural and contextual specificity of marketing means that 

examples from one market or industry do not always transfer to another. Indian 

marketing students and professionals benefit enormously from studying Indian 

cases alongside global ones, because the Indian context — its languages, its 

consumer behaviour, its regulatory environment, its digital infrastructure — 

shapes what actually works. 

This chapter has three sections. First, we examine specific successful AI 

marketing campaigns, drawn from India and elsewhere, looking at what made 

them work and what we can learn. Second, we survey AI applications industry by 

industry, noting how each sector has adapted AI to its specific needs and customer 

expectations. Third, we distil the broader lessons learned and best practices that 

emerge from the cumulative experience of the industry. The chapter — and the 

book — closes with reflections on the path forward for Indian marketers. 
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15.1 Successful AI Marketing Campaigns 

Cadbury Celebrations: My Ad with Shah Rukh Khan 

Perhaps the most celebrated AI marketing campaign to emerge from India in 

recent years is Cadbury's Diwali 2021 campaign featuring Shah Rukh Khan, often 

called the My Ad campaign. 

The campaign idea was elegant. Small businesses across India had been hit 

hard by the pandemic. Cadbury, owned by Mondelez, wanted to support local 

retailers during the festive Diwali season — its biggest commercial period. But 

how could one brand celebrate thousands of small businesses individually? 

The solution combined deepfake video technology with hyper-local 

advertising. Shah Rukh Khan recorded a script. AI was then used to generate 

thousands of versions of the ad, each one mentioning a specific local shop by 

name and inviting viewers to support that shop for their Diwali celebrations. The 

ads were then served on YouTube and other platforms in a geo-targeted manner, 

so that viewers in a particular locality saw an ad where Shah Rukh Khan 

recommended the shop in their own neighbourhood by name. 

Small businesses could submit their details on a Cadbury website and receive 

their own version of the ad to share. Effectively, the brand provided thousands of 

local shopkeepers with a personalised Shah Rukh Khan endorsement they could 

never have otherwise afforded. 

The campaign generated enormous goodwill, won multiple international 

awards including at Cannes Lions, and demonstrated several principles. AI made 

possible what would have been economically impossible through traditional 

production. The campaign served a real social need — supporting small 

businesses in difficult times — rather than just selling chocolate. The technology 

was invisible to the consumer; what they saw was a famous actor speaking warmly 

about their local shop. And it built emotional connection with both small retailers 

and end consumers, deepening the brand's positioning as part of Indian 

celebrations. 

Netflix: The Recommendation Empire 

Netflix has built much of its competitive advantage on AI-driven 

recommendations, as we have noted throughout this book. The story of how 

Netflix uses AI is worth examining as a complete case. 
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Netflix began as a DVD-by-mail service. Even then it invested heavily in 

recommendation algorithms, famously running the Netflix Prize competition in 

2006-09 with a one million dollar reward for improving its prediction accuracy. 

The company shifted to streaming and global expansion, with recommendations 

becoming central to its model. 

Today, Netflix uses AI for far more than recommending what to watch. AI 

selects which title artwork to show each viewer, optimising for the imagery most 

likely to make that specific user click. AI decides the autoplay preview shown 

when you hover over a title. AI chooses the row order on the homepage. AI 

personalises the order of content within each row. The same Netflix interface 

looks meaningfully different to two different users sitting on the same sofa. 

On the content side, AI informs decisions about which shows to commission, 

which to renew, which to localise, and which to dub in which languages. Indian 

viewing data shaped Netflix's investments in Hindi and regional language content. 

The popularity of shows like Sacred Games, Delhi Crime, and various regional 

productions has been informed by AI-driven understanding of what Indian 

audiences want. 

The lesson from Netflix is that AI is most powerful when it is woven through 

the entire business rather than added as a feature. The recommendation system is 

not a marketing campaign; it is the product. Every interaction shapes the next one. 

Every viewer's preferences feed back into decisions affecting other viewers. The 

compounding learning over a decade has built a moat that competitors cannot 

easily cross. 

Spotify Wrapped: Data as Storytelling 

Each December, Spotify releases its Wrapped feature — personalised summaries 

of each user's listening over the past year. The campaign has become a cultural 

phenomenon, with users eagerly sharing their Wrapped results on social media 

and turning what is essentially an analytics report into a viral marketing moment. 

The campaign works because it transforms cold data into personal storytelling. 

Each user sees their top artists, their listening trends, the moods their music 

suggests, and their place among Spotify's global community. The visualisations 

are colourful and shareable. The narrative is flattering or amusing rather than 

judgmental. 
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From an AI perspective, Wrapped requires processing enormous amounts of 

listening data, classifying tracks into genres and moods, identifying patterns, and 

generating personalised narratives at scale. The technical sophistication is hidden 

beneath an experience that feels delightful rather than data-heavy. 

Several lessons emerge. First, AI insights become marketing gold when 

packaged as user-facing experiences rather than internal dashboards. Second, 

anniversary or year-end moments create natural reasons for personalised summary 

campaigns that other brands have begun copying — Strava with its athlete 

summaries, Apple Music with its own Replay, banking apps with year-end 

spending reviews. Third, the social sharing dimension multiplies reach without 

paid media spending. Wrapped is not just a feature; it is a marketing channel that 

costs Spotify almost nothing per impression. 

Heinz: Draw Ketchup 

In 2021, Heinz ran a deceptively simple campaign called Draw Ketchup. 

Researchers asked people around the world to draw a bottle of ketchup. 

Overwhelmingly, what they drew looked like Heinz — the shape, the label, the 

colour scheme. The campaign concluded that Heinz had effectively become 

synonymous with ketchup in the popular imagination. 

The campaign was later updated to use AI image generation. Researchers 

asked AI tools to draw ketchup. Without being prompted with the Heinz name, 

the AI generated images that closely resembled Heinz bottles, simply because the 

visual world's image of ketchup had been shaped by decades of Heinz marketing. 

The campaign demonstrated AI-revealed brand dominance in a way that no survey 

could have. 

The lesson is that AI can sometimes reveal what is otherwise invisible. Brand 

dominance, cultural associations, and shared mental imagery can be made tangible 

through AI tools in ways that traditional research cannot easily achieve. Creative 

marketers will find more such opportunities to use AI as a mirror that shows what 

audiences already believe. 

Coca-Cola: Masterpiece 

Coca-Cola has experimented extensively with AI in its marketing. Its 2023 

Masterpiece campaign used AI image generation in combination with traditional 

film techniques to create an ad in which a Coca-Cola bottle moves through famous 

paintings — Van Gogh's Starry Night, Edvard Munch's The Scream, Andy 
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Warhol's pop art, and others — being passed from character to character before 

reaching its destination. 

The campaign was ambitious and visually arresting, combining the 

storytelling tradition of classic Coca-Cola advertising with state-of-the-art AI 

capabilities. It generated significant attention, debate about AI in creative work, 

and renewed conversation about Coca-Cola as a culturally significant brand. 

The lesson is that AI works best when serving a strong creative concept rather 

than being the concept itself. Masterpiece would have failed if it had simply been 

AI-generated random imagery; it succeeded because a clear creative vision used 

AI as one of many production tools. 

CRED: Creative Audacity 

CRED has built its brand on consistently unexpected, high-production-value 

marketing campaigns. While CRED does not always disclose how much AI it uses 

in its creative process, the company is widely known to use AI extensively for 

content generation, testing variations, and analysing what works. 

The Indiranagar ka gunda campaign with Rahul Dravid showed the polite 

cricket legend losing his cool in Bangalore traffic. The Bappi Lahiri 90s nostalgia 

campaigns brought back retro Bollywood sensibility. The Kapil Dev IPL 

campaigns played on cricket history. Each campaign generated viral conversation 

far exceeding its media spending. 

CRED's approach combines bold creative direction with AI-supported 

execution at speed. The brand has built a distinctive position in the crowded Indian 

fintech market by being culturally fluent and willing to take creative risks. The 

lesson is that AI does not have to replace bold creative direction; it can enable a 

brand to produce more of it. 

Mamaearth: The D2C Success Built on AI 

Mamaearth represents a different kind of AI marketing success story — not a 

single famous campaign, but a sustained use of AI-driven digital marketing to 

build a major brand from scratch. 

Founded in 2016 by Varun and Ghazal Alagh, Mamaearth grew from a small 

natural baby care brand into a publicly listed company worth thousands of crores 

in less than a decade. Much of this growth was driven by carefully optimised 

digital advertising on Meta and Google, content marketing tuned by AI-driven 
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SEO research, and influencer partnerships managed through data-driven 

discovery. 

The brand built an extensive product range through continuous customer 

feedback loops — using social listening, customer service data, and survey 

responses to identify new product opportunities. Each new launch was supported 

by AI-powered targeting that found relevant customers efficiently in increasingly 

competitive ad auctions. 

The lesson from Mamaearth is that AI marketing is not just about flashy 

campaigns; it is about systematic, data-driven execution sustained over years. 

Many newer Indian D2C brands — Sugar, Wow Skin Science, MyGlamm, Plum, 

BoAt, Noise, BoAt — have followed similar playbooks with varying degrees of 

success. 

Tanishq: Personalised Jewellery Discovery 

Tanishq, the jewellery brand of the Tata Group, has invested in AI-driven 

personalisation across its digital and store experiences. The brand's mobile app 

uses AI to recommend designs based on each customer's previous purchases, 

browsing history, and stated preferences. 

In stores, sales staff have access to tablets that suggest which jewellery pieces 

a returning customer might like based on their past behaviour. For special 

occasions like weddings, AI-driven recommendations help families navigate 

Tanishq's vast catalogue without feeling overwhelmed. 

The CaratLane subsidiary, acquired by Tanishq, has been particularly 

aggressive in using AI for design recommendations, virtual try-on, and 

personalisation. The combined Tata Group jewellery operation now uses AI to 

manage what would otherwise be an impossibly complex customer journey across 

multiple brands, channels, and price points. 

Britannia: Regional Adaptation at Scale 

Britannia, one of India's largest food companies, has used AI extensively to adapt 

its marketing to India's regional diversity. Different states have different taste 

preferences, language preferences, festival calendars, and consumer behaviours. 

Traditional marketing struggled to address this diversity efficiently. 

Britannia uses AI to localise advertising at scale, producing variants of 

campaigns adapted to each major regional market. AI-driven analytics helps 
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identify which products work in which regions, when to push which offers, and 

how to allocate marketing spending across India's varied consumer landscape. 

The lesson is one we have seen repeatedly. AI is most valuable in markets like 

India where the cost of doing things manually at the required level of localisation 

would be prohibitive. AI does not just make existing marketing more efficient; it 

makes new kinds of marketing economically possible. 

 

Figure 15.1: Common Threads Across Successful AI Marketing Campaigns 

Lenskart: AI-Powered Eyewear Revolution 

Lenskart has transformed Indian eyewear retail through systematic use of AI 

marketing. The brand uses virtual try-on technology that lets customers see how 

glasses look on their face using their phone camera, removing one of the biggest 

objections to buying eyewear online. 

Beyond the visible AR layer, Lenskart's AI infrastructure includes facial 

measurement analysis to recommend frame sizes that genuinely fit, style 

recommendations based on face shape and previous preferences, demand 

forecasting for inventory management across its hundreds of stores, and dynamic 

pricing for different customer segments. The brand has expanded into Southeast 

Asian markets, exporting its AI-driven retail model. 

The Lenskart case shows how AI can solve a category-specific problem in a 

way that creates competitive advantage. Eyewear had unique challenges — 

needing to look right on each face, fitting properly, requiring prescriptions — that 

prevented easy e-commerce adoption. Lenskart used AI specifically to address 

these challenges, expanding the addressable market significantly. 
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Zomato and Swiggy: The Quiet AI Giants 

Food delivery in India is a more AI-intensive business than most observers realise. 

Behind every order on Zomato or Swiggy, several AI systems work 

simultaneously. 

Restaurant recommendations adapt to each user based on order history, time 

of day, weather, budget signals, and dozens of other factors. Search results are 

personalised so that two users searching for the same dish see different rankings. 

Delivery time estimates use AI models trained on millions of past deliveries, 

factoring in restaurant preparation patterns, delivery partner availability, traffic 

conditions, and weather. Surge pricing on delivery fees uses AI to balance supply 

and demand. Restaurant promotional placement is AI-mediated, with restaurants 

effectively bidding for attention. 

On the marketing side, both platforms use sophisticated AI for customer 

acquisition, retention, and lifetime value optimisation. Zomato's witty social 

media voice, while ultimately created by humans, is increasingly informed by AI-

driven analysis of what kinds of content resonate with their audience. Swiggy's 

Genie service for general deliveries leverages AI to match diverse pickup and drop 

tasks with available riders. 

Both companies illustrate that the AI that matters most is often the AI 

customers never see — the systems quietly optimising operations and offers to 

make the visible experience feel effortless. 

MakeMyTrip: AI Across the Travel Journey 

MakeMyTrip provides another instructive example of how AI gets woven through 

every stage of a customer journey. From the first awareness ad to the post-trip 

review request, AI shapes the experience. 

On the awareness side, MakeMyTrip uses programmatic advertising and AI-

driven retargeting to reach travellers at the right moments. Once a user is on the 

platform, AI personalises destination recommendations based on past trips, search 

patterns, and demographic signals. Hotel and flight search results are ranked using 

AI that combines price, popularity, predicted user preference, and supplier 

relationships. Pricing on the platform is dynamic, with AI continuously adjusting 

based on demand, time to travel, and competitive offerings. 

During booking, AI-powered upselling suggests insurance, hotel upgrades, 

and ancillary services. After booking, communications are personalised — 
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itinerary reminders, weather updates, gate change alerts, and personalised  

recommendations for things to do at the destination. After the trip, AI prompts the 

customer for reviews at the optimal moment and feeds these reviews back into 

recommendations for future travellers. 

Myra, MakeMyTrip's chatbot, handles routine customer queries while 

escalating complex cases. The cumulative effect is a customer experience that 

feels personal and frictionless, achieved through AI working behind the scenes at 

every step. 

Common Threads Across Successful Campaigns 

Looking across these diverse examples, several patterns emerge. 

First, the most successful campaigns have a clear human idea at their core. AI 

is the enabler, not the originator. Cadbury's idea of supporting local shops, 

Spotify's idea of celebrating personal music tastes, Heinz's idea of revealing brand 

dominance — each began with a human creative insight that AI then made 

executable at scale. 

Second, the AI is mostly invisible to the consumer. Users of these campaigns 

do not experience them as AI-driven; they experience them as relevant, personal, 

or emotionally resonant. The technology is a means, not the message. 

Third, the campaigns connect to genuine consumer needs or emotions. 

Cadbury celebrated community resilience. Netflix matches viewers with shows 

they will enjoy. Spotify celebrates personal identity through music. Each succeeds 

by helping customers do something they wanted to do rather than manipulating 

them. 

Fourth, scale matters. The most striking AI marketing wins do something that 

human teams alone could not have done — thousands of personalised ads, 

hundreds of millions of recommendations, instant adaptation across markets. 

Where AI shines is in turning the previously impossible into the routine. 

Fifth, sustained effort outperforms single campaigns. Mamaearth's success 

was not a single brilliant ad but years of disciplined AI-supported marketing. The 

brands that build long-term AI capability tend to compound advantages over time 

in ways that one-off campaign winners do not. 
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15.2 Industry-Wise AI Applications 

Beyond specific campaigns, it helps to look at how AI marketing varies across 

industries. Each sector has its own customer dynamics, regulatory environment, 

and competitive structure, leading to different priorities and approaches. 

Table 15.1: AI Marketing Applications Across Major Indian Industries 

Industry Primary AI Marketing 

Applications 

Leading Indian Examples 

E-Commerce Recommendations, search, 

dynamic pricing, fraud 

detection, visual search 

Flipkart, Amazon India, 

Myntra, Nykaa, Meesho, 

Ajio 

BFSI Lead scoring, fraud 

detection, credit 

assessment, chatbots, 

personalised products 

HDFC, ICICI, Axis, SBI, 

Bajaj Finserv, Paytm, 

PhonePe 

Healthcare Patient acquisition, 

telemedicine, diagnostic 

marketing, pharmacy 

personalisation 

Practo, 1mg, PharmEasy, 

Apollo, Tata 1mg 

Travel & 

Hospitality 

Dynamic pricing, 

personalised 

recommendations, 

chatbots, demand 

forecasting 

MakeMyTrip, Yatra, 

Goibibo, Oyo, IRCTC, 

Ixigo 

EdTech Lead nurturing, 

personalised learning paths, 

content recommendations, 

chatbots 

Byju's, Unacademy, 

Vedantu, upGrad, 

PhysicsWallah 

FMCG Programmatic ads, social 

listening, demand 

forecasting, retail 

intelligence 

HUL, ITC, Dabur, Marico, 

Britannia, Nestle India 
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Industry Primary AI Marketing 

Applications 

Leading Indian Examples 

Automotive Configurator 

personalisation, virtual 

showrooms, dealer lead 

routing 

Tata Motors, Mahindra, 

Maruti Suzuki, Hyundai, 

Ola Electric 

Quick 

Commerce 

Dark store optimisation, 

demand prediction, 

dynamic delivery, 

personalisation 

Zepto, Blinkit, Swiggy 

Instamart, BB Now 

Retail and E-Commerce 

E-commerce remains the most aggressive adopter of AI marketing. 

Recommendation systems, personalised search, dynamic pricing, fraud detection, 

supply chain optimisation, and visual search are all core capabilities in any serious 

e-commerce player. 

Indian platforms have built specific strengths. Flipkart's Big Billion Days 

campaigns rely heavily on AI for personalisation and demand forecasting at 

extreme scale. Myntra's visual search and personalised homepages are well 

regarded internationally. Nykaa's beauty recommendations leverage detailed 

product attribute data. Meesho's social commerce model uses AI to match 

products with social sellers in small towns. Amazon India brings the global 

Amazon AI stack adapted for Indian languages, payment methods, and logistics. 

Quick commerce — Zepto, Blinkit, Swiggy Instamart, BB Now — has 

emerged as a particularly intensive AI use case. The combination of dark store 

inventory management, demand prediction, dynamic delivery routing, and 

customer personalisation requires sophisticated AI working continuously at 

street-by-street geographic resolution. 

The lesson for marketers in e-commerce is that AI is not optional. Brands that 

try to operate at scale without AI capability simply cannot match the unit 

economics or customer experience of those that have invested. 
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Banking, Financial Services, and Insurance 

BFSI was an early adopter of AI for risk and fraud, and is now applying it across 

customer marketing as well. Indian banks use AI for lead scoring, customer 

service chatbots, personalised product recommendations, churn prediction, and 

fraud monitoring. 

HDFC Bank's EVA chatbot has been one of the longest-running AI customer 

service deployments in India, handling crores of queries. ICICI's iPal serves 

similar functions. Both banks use AI to decide which customer should be offered 

which product through which channel at which time. State Bank of India, with its 

enormous customer base, has been more cautious but has gradually expanded its 

AI use. 

Fintechs have been more aggressive. Paytm, PhonePe, Razorpay, Bajaj 

Finserv, and others use AI extensively for customer acquisition, retention, and 

cross-selling. The growth of digital lending has been entirely AI-enabled, with 

credit decisions for small loans made in seconds based on alternative data sources.  

Insurance has used AI for underwriting, claims processing, and increasingly 

customer service and marketing. Policybazaar and Acko have built much of their 

growth on AI-driven personalisation of insurance product recommendations. 

The regulatory environment for BFSI is strict, which has both slowed and 

shaped AI adoption. The discipline imposed by RBI, IRDAI, and other regulators 

has actually helped Indian financial services build relatively responsible AI 

capabilities compared to less-regulated sectors. 

Healthcare and Pharma 

Healthcare has unique AI marketing applications. Patient acquisition through 

search and content marketing benefits from AI-driven SEO and personalisation. 

Telemedicine platforms like Practo, 1mg, and Tata 1mg use AI to match patients 

with doctors and recommend health products. 

Pharmacy e-commerce — PharmEasy, Tata 1mg, Apollo 24/7, Netmeds — 

has scaled rapidly using AI for personalisation, refill reminders, and customer 

retention. The combination of recurring prescription needs and price sensitivity 

creates ideal conditions for AI-driven customer lifetime value optimisation. 

Hospital chains like Apollo, Fortis, Manipal, and Max have begun using AI to 

predict patient acquisition opportunities, optimise digital advertising, and 
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personalise patient journeys. Sensitive privacy considerations limit some 

applications but the trajectory is clearly toward more AI use. 

The ethical considerations in healthcare AI marketing are particularly 

important. Targeting vulnerable patients, exaggerating product benefits, or 

aggressive cross-selling can cause real harm. Indian healthcare marketers need to 

be especially thoughtful about how they use the powerful tools at their disposal. 

Travel and Hospitality 

Travel was the original home of dynamic pricing and yield management, both of 

which have been transformed by AI. MakeMyTrip, Yatra, Goibibo, Ixigo, and 

IRCTC all use AI extensively for pricing, recommendations, and customer 

service. 

OYO's hotel operations rely heavily on AI for pricing, demand forecasting, 

and matching travellers with properties. The Tata Group's IHCL hotels use AI for 

personalisation of premium guest experiences. Airbnb in India uses its global AI 

stack adapted for Indian users and properties. 

Airlines have used AI for revenue management for decades. IndiGo, Air India, 

SpiceJet, and Vistara all use AI to optimise pricing, predict demand, and 

personalise customer offers. The post-pandemic recovery of Indian aviation has 

been managed substantially through AI-driven dynamic adjustment of capacity 

and pricing. 

Education and EdTech 

EdTech grew explosively during the pandemic and has been a major user of AI 

marketing. Byju's, Unacademy, Vedantu, upGrad, PhysicsWallah, and others 

have used AI for lead nurturing, student personalisation, and customer success 

management. 

AI helps EdTech companies score leads from massive advertising campaigns, 

route them to the right counsellors, predict which students will convert, and 

personalise learning paths after enrolment. The customer journey from a student 

or parent first encountering an ad to completing a course can be largely AI-

managed. 

The EdTech downturn after the pandemic peak has forced more discipline. 

Companies that earlier sprayed marketing spending across all channels have had 

to use AI to identify which channels and which customer segments actually 
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generate sustainable economics. The lessons learned from this discipline will 

likely benefit Indian EdTech for years to come. 

FMCG and Consumer Goods 

Fast-moving consumer goods companies have historically focused on mass 

marketing rather than personalisation. AI is changing this, with FMCG brands 

using programmatic advertising, social listening, and demand forecasting at 

increasing levels of sophistication. 

Hindustan Unilever has been particularly aggressive, with its Unilever Digital 

Hub for India shaping how the company uses data and AI across its many brands. 

ITC, Dabur, Marico, Britannia, Nestle India, and Asian Paints all have growing 

AI marketing capabilities. 

D2C brands have pushed the FMCG industry in new directions. Mamaearth, 

BoAt, Sugar, MyGlamm, and others have shown what is possible when an FMCG 

brand is digital-first and AI-native from the start. Traditional FMCG companies 

have responded with their own digital brands and acquisitions of successful D2C 

players. 

Automotive 

Automotive marketing has been transformed by digital and AI more than the 

relatively conservative industry might suggest. Indian buyers now research cars 

extensively online before visiting dealerships, sometimes never visiting at all for 

two-wheeler purchases. 

Tata Motors, Mahindra, Maruti Suzuki, Hyundai India, Kia, and other auto 

companies use AI for digital lead generation, virtual showroom experiences, 

configurator personalisation, and dealer lead routing. Ola Electric and Ather have 

built largely digital sales models for electric two-wheelers, relying heavily on AI 

for customer acquisition. 

Used car platforms — Cars24, Spinny, CarTrade, Droom — have built their 

entire models on AI-driven pricing, inspection, and matching. The Indian used car 

market, once highly informal, has been substantially formalised through AI-

enabled platforms. 
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Telecom and Connectivity 

Indian telecom has been intensely AI-driven for years, given the scale of customer 

bases and the constant battle for market share between Reliance Jio, Airtel, and 

Vi. Customer acquisition, retention, churn prediction, network optimisation, and 

product recommendation are all AI-managed at extreme scale. 

The launch of Jio in 2016 was itself one of the largest data-driven marketing 

campaigns in history, with AI helping coordinate the acquisition of hundreds of 

millions of subscribers. Subsequent campaigns by all three major operators have 

continued to push the boundaries of large-scale AI marketing. 

Real Estate 

Real estate has been slower to adopt AI marketing, but the pace is picking up. 

Housing.com, MagicBricks, NoBroker, and 99acres use AI for property 

recommendations, lead matching, and search personalisation. Premium 

developers like Lodha, Godrej Properties, DLF, and Prestige use AI-driven digital 

campaigns for luxury property marketing. 

Virtual tours, AR-based visualisation, and AI-driven configuration tools have 

become standard for premium property marketing. The pandemic accelerated 

digital adoption in real estate transactions that had traditionally been deeply 

physical. 

Entertainment and Media 

Beyond Netflix, the Indian entertainment industry has embraced AI extensively. 

Disney+ Hotstar, JioCinema, SonyLIV, ZEE5, and other streaming services use 

AI for recommendations, content discovery, and advertising. Music streaming 

services Spotify, Wynk, JioSaavn, and Gaana use AI for playlist curation and 

music discovery. 

Bollywood and regional film industries have started using AI for script 

analysis, audience prediction, and marketing optimisation. The use of AI in 

entertainment marketing has only grown as streaming has become the dominant 

form of media consumption. 

Food Delivery and Quick Commerce 

Zomato and Swiggy have built their operations on AI from the start. Restaurant 

recommendations, dynamic delivery pricing, ETA predictions, and route 
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optimisation all rely on AI working continuously. Quick commerce verticals — 

Zepto, Blinkit, Swiggy Instamart, BB Now — push this further with sub-fifteen-

minute delivery promises that require AI-driven inventory placement and 

dispatching at extreme precision. 

Customer marketing in this space combines high frequency with significant 

individual variation. AI helps personalise recommendations, optimise discount 

targeting, and manage customer relationships at a scale that humans alone could 

not. 

Fashion and Luxury 

Fashion has been a particular beneficiary of AI marketing. Myntra and Ajio use 

AI for personalisation, visual search, and trend prediction. Tata CLiQ Luxury, 

AJIO Luxe, and various designer brands use AI for premium customer journeys. 

Indian designer fashion has been gradually digitising, with brands like 

Sabyasachi, Manish Malhotra, and many others using AI-driven digital marketing 

alongside their traditional channels. The combination of premium positioning and 

AI-driven reach has helped Indian luxury fashion grow domestic and global 

audiences. 

15.3 Lessons Learned and Best Practices 

Strategic Lessons 

Stepping back from individual cases and industries, several broad strategic lessons 

emerge from the cumulative experience of AI marketing. 

Start with customer value, not technology. The brands that have used AI most 

successfully have asked what customers need and how AI can help deliver it, 

rather than asking what new technology to deploy and how to apply it. Customer-

first thinking always wins over technology-first thinking, especially when the 

technology is rapidly changing. 

Choose battles carefully. AI works best when applied to specific, well-defined 

problems where the value is clear. Trying to use AI for everything dilutes 

investment and produces mediocre results across the board. The most successful 

brands pick a few high-value applications and execute them well. 

Data is the foundation. Brands with clean, integrated, well-governed customer 

data can apply AI effectively. Those without it struggle no matter what tools they 
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buy. Investment in data infrastructure pays off over years; shortcuts in this area 

come back to haunt brands later. 

Pilot before scaling. The temptation to roll out AI-driven changes brand-wide 

at once is dangerous. Pilots with limited scope reveal what works and what does 

not, allowing brands to refine before committing fully. Many failed AI initiatives 

could have been salvaged or terminated cheaply if they had been treated as pilots 

rather than launched as full programmes. 

Build internal capability. Outsourcing all AI work to agencies and vendors 

leaves the brand without the ability to differentiate. The most successful brands 

of the next decade will have internal teams that understand AI deeply. 

Implementation Lessons 

Beyond strategy, several lessons emerge about how to implement AI marketing 

well. 

Integration matters more than tools. The right tools matter, but how they are 

integrated with each other and with the brand's existing systems matters more. 

Many brands have invested in expensive AI tools that sit in silos, producing 

isolated value that never compounds into real competitive advantage. 

Quality control is critical. AI produces outputs at scale; bad outputs produced 

at scale damage brands at scale. Robust review processes, clear quality standards, 

and accountability for what is published in the brand's name are all essential. 

Measurement discipline pays off. The brands that invest in measurement 

frameworks — for both AI-driven activities and overall brand health — make 

better decisions over time. The brands that just deploy AI tools without measuring 

outcomes optimise for the wrong things or never learn what is actually working. 

Continuous iteration beats big launches. AI marketing capabilities improve 

through use. Brands that ship modest versions, learn from real customer 

interactions, and iterate continuously outperform those that try to perfect 

everything before launch. 

Cross-functional collaboration is essential. Marketing AI applications often 

require collaboration between marketing teams, data scientists, technology 

engineers, legal counsel, and customer service. Brands that build these 

collaboration patterns succeed; those that keep functions in silos struggle. 
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Cultural and Organisational Lessons 

The cultural and organisational dimensions of AI marketing often matter as much 

as the technical ones. 

Leadership matters enormously. AI marketing initiatives that have visible 

support from senior leadership, and that are tied to clear business priorities, tend 

to succeed. Those that are championed only by junior teams without senior 

backing tend to stall. 

Hire and train deliberately. The skills required for AI marketing — data 

fluency, AI literacy, ethical reasoning, creative judgment — need to be 

deliberately built. Brands that invest in hiring and training have advantages over 

those that hope these skills will appear naturally. 

Embrace experimentation culturally. AI marketing requires a willingness to 

test, learn, and sometimes fail. Brands whose cultures punish failure tend to 

attempt only safe initiatives that produce safe results. Brands whose cultures 

encourage thoughtful experimentation move faster. 

Manage change carefully. Introducing AI into marketing teams changes roles, 

responsibilities, and identities. Done poorly, this creates fear, resistance, and quiet 

sabotage. Done well, it creates excitement, growth, and ownership. The difference 

is in how leaders communicate and involve their teams. 

Maintain customer obsession. As AI capabilities grow, the temptation to 

optimise for metrics rather than customers grows with them. The most successful 

AI-using brands maintain a strong customer focus that prevents algorithmic over-

optimisation. 

Common Pitfalls to Avoid 

A few patterns recur in AI marketing failures. 

Investing in technology without strategy is the most common mistake. Brands 

buy expensive AI platforms without a clear plan for how they will create value. 

Predictably, the platforms sit unused or are used in ways that do not justify their 

cost. 

Over-promising and under-delivering damages credibility. AI is impressive 

but not magical. Promising business transformations that turn out to be 

incremental improvements creates disappointment internally and erodes the 

patience needed for sustained progress. 
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Ignoring privacy and ethics creates time bombs. Practices that are tolerated for 

now but conflict with evolving consumer expectations or regulations create future 

risks that compound silently. Brands that get ahead of these issues build durable 

trust; those that don't face messy corrections later. 

Treating AI as an IT project rather than a business transformation undersells 

its strategic significance. The reverse — treating every AI application as 

transformational — overstates it. The right framing is somewhere in between: AI 

as a powerful capability that requires both technical and business leadership. 

Losing the brand soul to optimisation is a subtle but significant pitfall. AI 

optimises whatever it is told to optimise. If it is told to maximise clicks, 

conversions, or short-term sales, it may do so in ways that erode brand equity, 

customer trust, and long-term value. The most successful brands use AI in service 

of brand strategy, not as a replacement for it. 

Best Practices Framework 

Pulling together the lessons across this book and this chapter, a practical 

framework for AI marketing emerges. 

Strategy: Define clear use cases tied to business priorities. Set measurable 

goals. Decide what to build internally versus buy externally. Understand the 

customer needs being served. 

Data: Invest in customer data infrastructure. Apply governance from the start. 

Respect privacy and consent. Build for the future, not just current needs. 

Technology: Choose tools that integrate well with existing systems. Prefer 

adaptable platforms over rigid ones. Plan for the rapid evolution of available 

capabilities. Keep evaluating what is available rather than locking in. 

Talent: Hire for AI literacy and judgment, not just technical skill. Train 

existing teams continuously. Build a culture that values both creativity and rigour.  

Process: Pilot before scaling. Measure rigorously. Iterate based on real 

customer outcomes. Build cross-functional teams. Document and share learnings.  

Ethics: Apply ethical considerations from design through deployment. 

Comply with regulations. Maintain transparency with customers. Treat consumer 

data with the respect it deserves. 
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Measurement: Use multiple metrics including business outcomes, customer 

satisfaction, brand health, and ethical compliance. Avoid optimising for any single 

metric in isolation. Maintain human judgment alongside algorithmic optimisation.  

 

Figure 15.2: The AI Marketing Best Practices Framework 

The Path Forward for Indian Marketers 

For Indian marketing students, practitioners, brand managers, and entrepreneurs, 

this book has aimed to provide a thorough grounding in how AI is reshaping 

marketing — both globally and specifically in India. 

The Indian opportunity is enormous. A market of over 1.4 billion people. A 

young, increasingly digital population. Strong technology infrastructure. 

Linguistic and cultural diversity that creates both challenges and unique AI 

applications. A government that has built world-class digital public infrastructure. 

A talent base that competes globally for technology leadership. 

The Indian challenge is real. Highly cost-sensitive markets that compress 

margins for AI investment. Regulatory uncertainty as new rules take shape. Trust  

concerns that require careful customer respect. Linguistic complexity that 

demands serious investment in vernacular capabilities. Competitive intensity that 

punishes any complacency. 

The brands that will lead Indian marketing over the next decade will be those 

that take the opportunity seriously, address the challenges honestly, and combine 
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global AI capabilities with deep local insight. They will be technology-savvy 

without being technology-obsessed, customer-focused without being naive, 

ambitious without being reckless. 

They will treat ethics as a strategic strength, not a compliance burden. They 

will invest in their people alongside their algorithms. They will measure what 

matters, not just what is easy to count. They will tell stories that resonate 

emotionally while delivering products that satisfy functionally. They will respect 

customer privacy while still personalising experiences usefully. They will adopt 

new technologies thoughtfully without abandoning the time-tested foundations of 

brand building. 

If this book has helped just one reader develop the thinking, knowledge, and 

judgment to do this work better, it will have served its purpose. 

A Final Reflection 

Marketing exists because human beings need to discover products and services 

that can improve their lives. The job of marketers, in its purest form, is to facilitate 

this discovery — to help people find what they need, to communicate truthfully 

what brands offer, and to build the trust that makes commerce possible. 

Artificial intelligence is the most powerful marketing capability ever invented. 

It can personalise at scale that was previously impossible. It can predict customer 

needs with accuracy that was previously dreamt of. It can produce content, 

manage campaigns, and analyse results at speeds that would have seemed magical 

to marketers of previous generations. 

None of this changes the fundamental purpose of marketing. AI is a tool — 

vastly more powerful than any previous tool, but still a tool. The choices about 

how to use it remain human. The values that guide those choices remain rooted in 

our shared sense of what is fair, useful, and respectful. 

Used well, AI marketing can connect customers with products they will love, 

serve underserved markets at last with the offerings they deserve, and free human 

marketers from drudgery to focus on the genuinely creative and strategic work 

that machines cannot do. Used poorly, it can become a tool for manipulation, 

exploitation, and the further degradation of public trust. 

Which of these futures arrives depends on the choices made by people like 

you — students who will become marketers, professionals who will lead teams, 
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entrepreneurs who will build brands, executives who will shape strategies. The 

technology will get more capable every year. What it adds up to depends on us. 

Use it wisely. Treat customers as you would want to be treated. Build brands 

that you would be proud to associate with. And remember that, behind every data 

point in every dashboard, there is a real human being whose attention you have 

been given the privilege of holding for a moment. Respect that privilege, and AI 

marketing can be one of the great forces for value creation in the modern 

economy. Abuse it, and we will all be worse off for the misuse of these remarkable 

tools. 

This is where this book ends. The work, of course, is just beginning. 

Chapter Summary 

• The Cadbury Celebrations My Ad campaign with Shah Rukh Khan 

demonstrated how AI can enable previously impossible personalisation, 

serving small businesses with celebrity endorsements at unprecedented 

scale. 

• Netflix's recommendation empire shows the power of weaving AI 

throughout an entire business rather than treating it as a feature. 

• Spotify Wrapped transforms cold data into shareable personal storytelling, 

creating viral marketing without paid media. 

• Heinz's Draw Ketchup and Coca-Cola's Masterpiece demonstrate AI as a 

creative tool that serves human ideas rather than originating them. 

• CRED has built brand distinctiveness through bold creative direction 

supported by AI-powered execution at speed. 

• Mamaearth represents the D2C model of sustained, AI-driven digital 

marketing building a major brand over years. 

• Tanishq and Britannia show how AI enables personalisation and regional 

adaptation at scale that traditional marketing could not achieve. 

• Common threads across successful campaigns: clear human idea at the 

core, invisible AI, genuine customer value, useful scale, and sustained 

effort over time. 

• E-commerce, BFSI, healthcare, travel, EdTech, FMCG, automotive, 

telecom, real estate, entertainment, food delivery, fashion, and quick 
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commerce each have distinctive AI marketing patterns adapted to their 

specific dynamics. 

• Strategic lessons: start with customer value, choose battles carefully, 

invest in data foundations, pilot before scaling, build internal capability. 

• Implementation lessons: integration over tools, quality control at scale, 

measurement discipline, continuous iteration, cross-functional 

collaboration. 

• Cultural lessons: leadership commitment, deliberate hiring and training, 

experimentation culture, careful change management, sustained customer 

obsession. 

• Common pitfalls: technology without strategy, over-promising, ignoring 

ethics, IT-project framing, losing brand soul to optimisation. 

• The Indian opportunity is enormous; the challenges are real; success 

requires combining global AI capabilities with deep local insight, ethical 

commitment, and customer respect. 

Review Questions 

1. Describe the Cadbury Celebrations Shah Rukh Khan campaign and 

explain what made it successful. What broader lessons does it offer? 

2. How has Netflix used AI throughout its business, and what makes its 

approach distinctive from brands that treat AI as a feature? 

3. Explain how Spotify Wrapped turns data into a viral marketing moment, 

and discuss other brands that have copied this approach. 

4. Discuss the Mamaearth case as an example of sustained AI-driven digital 

marketing. What can other D2C brands learn from it? 

5. What common threads emerge across successful AI marketing 

campaigns? Discuss with reference to the specific cases studied. 

6. Describe how AI marketing applications differ across any five major 

Indian industries. 

7. Discuss the unique features of AI marketing in Indian BFSI, healthcare, 

and EdTech. 
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8. What strategic lessons emerge from the cumulative experience of AI 

marketing? Discuss with examples. 

9. Describe any five common pitfalls in AI marketing implementation and 

how brands can avoid them. 

10. Outline the seven elements of the best practices framework presented at 

the end of the chapter. 

11. Discuss the path forward for Indian marketers, balancing the opportunities 

and challenges of the AI-driven future. 

12. Reflect on the fundamental purpose of marketing and how AI should be 

used in service of that purpose, with your own observations. 
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Closing Note 

This brings to a close our journey through Artificial Intelligence in Marketing. 

Across fifteen chapters, we have explored the foundations of digital marketing, 

the data and machine learning systems that power modern campaigns, the specific 

applications across content, social media, search, CRM, advertising, chatbots, and 

e-commerce, the ethical and legal dimensions of using AI responsibly, and finally 

the case studies and lessons that emerge from real-world practice. 

The consolidated References section that follows lists the works and sources 

that informed this book, providing starting points for further reading and deeper 

exploration of any topic that has caught your interest. Marketing is a practical 

discipline, and the best learning happens when you take these ideas into your own 

work — building campaigns, analysing data, making strategic choices, and 

reflecting on what you observe. 

Best wishes for your continued journey in this fascinating and consequential 

field. The future of AI in marketing is being written today, and you have every 

chance to be among those who write it well. 
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